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Abstract  

This study examines how exposure to online social marketing communication influences stray 

animal assistance behavior based on the Stages of Change Theory, covering four stages: Contemplation, 

Preparation, Action, and Maintenance. Six online platforms were examined: Facebook, Instagram, X, 

TikTok, YouTube, and websites. A quantitative survey with a self-administered online questionnaire was 

conducted with 400 followers of Facebook fan pages related to stray animal assistance in Thailand. 

Frequency, percentage, mean, and standard deviation (S.D.) were employed to analyze characteristics 

of sample and variables in this study. Multiple Regression Analysis (MRA) was employed to test the 

hypotheses for each stage at the .05 significance level.  

The findings show that the effects of exposure are different across stages. First, in the 

contemplation stage, X (β = 0.345) and Facebook (β = 0.153) influenced awareness of stray animal 

issues. In the preparation stage, Facebook (β = 0.320), X (β = 0.268), and Instagram (β = 0.142) 

influenced readiness to assist stray animals. In the action stage, Facebook (β = 0.353), X (β = 0.200), 

TikTok (β = 0.140), and websites (β = 0.107) influenced stray animal assistance behavior. Lastly, in 

the maintenance stage, Facebook (β = 0.353) and X (β = 0.227) influenced the repeated assistance to 

stray animals. These results provide valuable insights into social media’s role in social marketing 

communication to promote stray animal assistance in Thailand. Besides, these findings help 

policymakers and social marketers develop and select online platforms that are appropriate with each 

stage of behaviors more effectively. Particularly in supporting practical stray animal management 

policies such as animal registration, microchipping, and responsible pet ownership campaigns. 

 

Keywords: Stray animal, Stages of Change Theory, Online social marketing communication  

  

Introduction  

Stray animals continue to be an ongoing challenge in Thailand. National data show that the 

number changes each year but usually remains high and sometimes increases. The Rabies 

Surveillance Command Center (2025) reported 242,057 stray dogs and cats in the first survey round 

and 229,340 in the second round of 2023. In 2024, the total decreased slightly to 223,489, but it was 

still with a large number. The situation became more serious in 2025, when the first national survey 

recorded 286,415 ownerless animals in Thailand. That’s showing rise risks compared to previous 

years. This issue is not only about animal welfare. Stray animals can also create safety and sanitation 

concerns. Reports shows that over 50% are abandoned in garbage disposal sites or forested areas, 
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about 30% are left in temples, and around 20% roam within residential community, which can 

contribute to hygiene and safety issues in public spaces (Thairath Online, 2024). In Bangkok, the 

problem is also linked to responsible ownership for registration their own pets. Only 62.5% of dogs 

and 11.09% of cats have been microchipped and registered, even though the Bangkok Metropolitan 

Administration plans to enforce its pet registration ordinance in January 2026 (Bangkokbiznews, 

2025). However, recent reporting notes that the Bangkok Metropolitan Administration proposed 

delaying the enforcement of its pet control ordinance for one year, from 10 January 2026 to 2027, 

because of practical obstacles. These include limited services, limited access to registration points, 

concerns about microchip safety and legal punishment, and the need for permission letters from 

landlords or building owners (such as dormitories and condominiums), which makes registration hard 

for many renters (Posttoday, 2026). This situation shows the importance of public communication to 

help people understand and follow the policy to reduce confusion and lower barriers.  

Reducing the stray animal problem cannot be done by authorities alone. It depends on 

ongoing public participation. Social marketing is appropriate in this context because it encourages 

people to take voluntary actions for the public’s good, not for profit (Kotler & Lee, 2008).  

In Thailand, online media are part of daily life; in early 2025 there were about 51.0 million social 

media users (71.1%) (Kemp, 2025). Nowadays, online media are used for social marketing 

communication to promote stray animal assistance among Thai people increasingly (Soi Dog 

Foundation, 2025). Online media in promoting stray animal assistance in Thailand can be found in 

Facebook, Instagram, YouTube, TikTok, X, and websites. Therefore, these six online platforms in 

social marketing communication to promote stray animal assistance were focused on this study.  

This study also applies the Stages of Change Theory to examine how exposure to online 

communication relates to behaviors at different stages. The main idea is behavior can be changed 

gradually (Prochaska & DiClemente, 1983). In this research, the model is used as a four-stage 

process. The first stage, awareness of stray animal issues (Contemplation stage), refers to recognizing 

the problem and understanding its impacts, without taking any action yet. The second stage, readiness 

to assist stray animals (Preparation stage), refers to intention and preparation for animal assistances, 

such as searching for information and planning how to help the stray animals. The third stage, stray 

animal assistance behavior (Action stage), refers to taking a real step to assist stray animals. The final 

stage, repeated assistance to stray animals (Maintenance stage), focuses on continuing these helping 

behaviors for over time.  

Based on this framework, the study examines how exposure to online social marketing 

communication influences stray animal assistance across these stages. The results can help nonprofits 

organization and related agencies to design and select online platforms that matches behavior change 

process. In addition, the findings may support the Bangkok Metropolitan Administration in planning 

and improving actions related to pet registration, population control, and responsible ownership, with 

the goal of reducing stray animal numbers in the long term. 

 

Research Objective 

The research objective of this study aims to examine the influences of online social marketing 

communication on stray animal assistance through the Stages of Change Theory, covering four stages: 

Contemplation, Preparation, Action, and Maintenance. Online social marketing communication in this 

study focused on six online platforms as the scope of research: Facebook, Instagram, X, TikTok, 

YouTube, and websites.  
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Literature Review  

In this part, the authors will summarize concepts, theories, and previous studies that support 

the research framework. Literature review covers social marketing, online media, and the stages of 

change theory. 

1. Social Marketing  

Social marketing refers to using marketing tools to support actions that can benefit for 

society (Kotler & Zaltman, 1971). It uses marketing methods to help people accept, reject, change, or 

stop behaviors that affect the well-being of individuals, groups, and society. This approach is often 

used for public issues such as health, the environment, and safety (Andreasen et al., 1995). Social 

marketing also uses ideas from commercial marketing but adjusts them for social goals. For example, 

it may use communication activities, campaigns, and audience research to increase awareness and 

support positive behavior change (Lefebvre, 2013). Social marketing is usually planned in a clear and 

organized way so that the target audience can benefit (El-Ansary & Kramer, 1973). It also focuses on 

monitoring and evaluation. Checking results during and after a campaign helps improve the campaign 

and keeps it on track with its goals (Grier & Bryant, 2005). Besides, Kotler (2002) explains that social 

marketing can be planned through 10 steps: 1) Analyze the social marketing environment, 2) Select 

target audiences, 3) Set objectives, 4) Analyze target audiences, 5) Determine strategies (4Ps): plan 

the strategy using Product (the action or idea), Price (time/effort/cost), Place (easy access), and 

Promotion (messages and platforms), 6) Develop evaluation and monitoring strategy: decide what to 

measure and how to measure it, using suitable methods, 7) Establish budgets and funding sources, 8) 

Complete an implementation plan, 9) Monitor progress and feedback, 10) Adjust strategies and tactics 

based on evaluation results. 

In summary, social marketing uses marketing concept to encourage people to improve 

their attitude and behavior. It does not focus on profit, but on benefits for society and the target 

audience. Nowadays, social marketing is increasingly used for stray animal assistance, especially 

through social media.  

2. Social Media  

People today rely on internet-based platforms to access information quickly and share 

content with others. Holliman (2010) states that online media are networked platforms where 

information spreads quickly and stays available. Online media can also be understood as a space where 

people build online communities, interact with others, exchange opinions, and share experiences through 

platforms such as websites and social media services (Kaewsuksai & Jussapalo, 2013). Hemmin 

(2013) explains that social networking platforms allow users to both receive and create messages by 

sharing text, images, videos, and comments within their networks. The Royal Society of Thailand 

(2018) defines online media as electronic media that allows people to create, share, and exchange 

information and opinions through the internet with immediate interaction and easy data storage, 

including upcoming of media that may develop in the future. Based on these views, this study treats 

online media as a digital platform that supports fast and interactive communication through the 

internet-based networks. 

According to the Public Relations Department (2025), Facebook is the most widely used 

social media platform, accounting for 37.9% of usage. LINE follows with the same share (37.9%), 

and the next platforms are TikTok (8.5%), Facebook Messenger (5.1%), Instagram (4.9%), YouTube 

(3.4%), Threads (0.9%), and X (0.7%). For the target age group in this study (24–44 years), Facebook 

is also the most frequently used platform (48.3%), followed by LINE (28.4%) and TikTok (9.9%). 

However, based on the researcher’s observation, social marketing communication about stray animal 
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assistance is rarely found on LINE and Threads in Thailand. Therefore, this study will focus on 

Facebook, Instagram, X, TikTok, YouTube, and websites. 

These six platforms were chosen because they support different ways of sharing and 

interacting with information. Facebook supports multiple formats such as text, images, videos, and 

links (Nations, 2024). Instagram focuses on visual content and engagement (Swan, 2019). X is useful 

for quick updates and timely information sharing in limited texts (Amintra, 2024). TikTok attracts 

attention through short videos that can spread quickly (D’Souza, 2025). YouTube supports longer 

videos that can explain topics in more detail (Christensson, 2009). Websites provide organized 

information that users can search and revisit (Pickle, 2023). 

Overall, social media is used for supporting social marketing communication tools to 

change social behaviors, including stray animal assistance, which has become more visible in various 

online platforms. Therefore, this study uses these six online platforms as the scope of research. 

3. Stages of Change theory  

The Stages of Change Theory explains that people usually change their behavior gradually. 

People may move forward, stop for a while, or even move back before progressing again (Prochaska 

& DiClemente, 1983). This model has been used in good behavior studies, such as quitting smoking 

and developing exercise habits. Besides, Prochaska (1998) also explains that behavior change takes 

time and often happens through a stage, called the Stages of Change. The model includes five stages: 

1) In precontemplation stage, people have not thought about change yet and may not see the issue as 

important to them, 2) In contemplation stage, people recognize the problem and understand its 

impacts, but they have not taking any action yet, 3) In preparation stage, people show intention to help 

and begin to prepare, such as seeking information or planning what to do, 4) In action stage, they 

begin doing the behavior change in real life, and 5) In maintenance stage, they continue the behavior 

more over time and try to maintain the behavior. 

Because each stage shows a different level of behavior change, the model suggests that 

communication and support should match the stage. In this study, only four stages are used, based on 

the context of stray animal assistance: 1) Awareness of stray animal issues (Contemplation stage), 2) 

Readiness to assist stray animals (Preparation stage), 3) Stray animal assistance behavior (Action 

stage), 4) Repeated assistance to stray animals (Maintenance stage). The precontemplation stage is not 

included in this study because it describes for people who have not recognized the issue and have not 

considered behavior change yet. 

 

Hypothesis 

From literature review, this study assumes that exposure to online social marketing 

communication in six online platforms can influence stray animal assistance through the stages of 

change theory in four stages. Therefore, the study proposes the following hypotheses: 

H1: Exposure to online social marketing communication for stray animal assistance 

influences awareness of stray animal issues (Contemplation stage). 

H2: Exposure to online social marketing communication for stray animal assistance 

influences readiness to assist stray animals (Preparation stage). 

H3: Exposure to online social marketing communication for stray animal assistance 

influences stray animal assistance behavior (Action stage). 

H4: Exposure to online social marketing communication for stray animal assistance 

influences repeated assistance to stray animals (Maintenance stage). 
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Picture 1: Conceptual Framework 

 

Research Methodology 

1. Population and Sampling 

The target population for this study comprised Thai people aged 25-44 years who 

followed Facebook fan pages related to stray animal assistance in Thailand. The sample consisted of 

400 Thai people aged 25-44 years who followed Facebook fan pages related to stray animal assistance 

in Thailand. The sample size was determined using Cochran’s formula to calculate the infinite 

population with a 95% confidence level and a 5% margin of error (Cochran, 1977). Stratified random 

sampling method was used by gender and age to create 8 groups (2 gender groups: male and female, 

and 4 age groups: 25-29, 30-34, 35-39, and 40-44 years), with an equal number of 50 participants in 

each group. Data were collected using an online self-administered questionnaire via Google Forms. 

2. Research Instrument 

Data were collected with a structured questionnaire in six sections: 1) demographic 

characteristics, 2) exposure to online social marketing on six platforms (Facebook, Instagram, X, 

TikTok, YouTube, and websites), 3) awareness of stray animal issues (Contemplation stage), 4) 

readiness to assist stray animals (Preparation stage), 5) stray animal assistance behavior (Action 

stage), and 6) repeated assistance to stray animals (Maintenance stage). Questions in section 2) to 6) 

were measured using a 5-point rating scale. Content validity was checked using IOC values (0.60–

1.00). All scales showed acceptable reliability (Cronbach’s alpha > .70). Reliability scores of 

exposures to online social marketing on six platforms were 0.970 (Facebook), 0.949 (Instagram), 

0.971 (X), 0.975 (TikTok), 0.953 (YouTube), and 0.954 (websites). Reliability scores of the stages of 

change were 0.830 (Contemplation stage), 0.945 (Preparation stage), 0.936 (Action stage), and 0.956 

(Maintenance stage). 

3. Data Collection  

The questionnaire was distributed online via 10 Facebook fan pages related to stray 

animal assistance in Thailand. Participants learned the research objectives before participation and 

had willingness to answer the questionnaire. Then, responses were coded for statistical analysis. 
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4. Data Analysis  

Frequency, percentage, mean, and standard deviation (S.D.) were employed to analyze 

characteristics of sample and variables in this study. Multiple Regression Analysis (MRA) was 

employed to test the hypotheses for each stage at the .05 significance level. 

To clarify, the responses were rated on a 5-point scale, with the following interpretation 

criteria for the mean score: 4.21–5.00 = Always, 3.41–4.20 = Frequently, 2.61–3.40 = Moderate, 

1.81–2.60 = Rarely, and 1.00–1.80 = Almost never. These criteria were used to measure the exposure 

to online social marketing communication for stray animal assistance. Additionally, for the Stages of 

Change in Stray Animal Assistance, the interpretation criteria were as follows: 4.21–5.00 = Most, 

3.41–4.20 = High, 2.61–3.40 = Moderate, 1.81–2.60 = Low, and 1.00–1.80 = Least. 

 

Results  

1. Characteristics of Sample 

The results showed that the sample included equal numbers of males and females, with 

200 males (50.00%) and 200 females (50.00%). The authors also set the age groups to have equal 

numbers across four ranges: 25-29 years, 30-34 years, 35–39 years, and 40-44 years. Each age group 

included 100 participants (25.00%). Most participants held a bachelor’s degree (n = 273, 68.25%). In 

terms of monthly income, the largest group reported earning 15,000-25,000 THB (n = 186, 46.50%). 
 

2. Exposure to Online Social Marketing Communication for Stray Animal Assistance 

The results showed overall exposure to online social marketing communication on 

Facebook, TikTok, Instagram, X, YouTube, and websites was moderate. The overall mean score was 

2.82, with a standard deviation (S.D.) = 0.90. The highest mean exposure was via Facebook (M = 

3.37, S.D. = 1.02), followed by TikTok (M = 2.97, S.D. = 1.23), Instagram (M = 2.84, S.D. = 1.20), X 

(M = 2.82, S.D. = 1.33), YouTube (M = 2.63, S.D. = 1.13), and websites (M = 2.31, S.D. = 1.09), as 

shown in Table 1. 

 

Table 1: Mean and Standard Deviation of Exposure to Online Social Marketing Communication 

Platforms  

Variable Mean (M) Standard Deviation (S.D.) 

Facebook 3.37 1.02 

TikTok 2.97 1.23 

Instagram 2.84 1.20 

X 2.82 1.33 

YouTube 2.63 1.13 

Websites 2.31 1.09 

Overall 2.82 0.90 

Note: Responses were rated on a 5-point scale. The researchers applied the following interpretation criteria for the mean 

score: 4.21–5.00 = Always, 3.41–4.20 = Frequently, 2.61–3.40 = Moderate, 1.81–2.60 = Rarely, and 1.00–1.80 = Almost never. 

 

3. Stages of Change in Stray Animal Assistance  

Results showed high overall opinions and practices for the stages of change in stray 

animal assistance. The overall mean score was 3.68, S.D. = 0.70. Among the 4 stages, awareness of 

stray animal issues (Contemplation stage) was the highest (M = 4.16, S.D. = 0.67), followed by 

readiness to assist stray animals (Preparation stage) (M = 3.57, S.D. = 0.88), repeated assistance to 
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stray animals (Maintenance stage) (M = 3.55, S.D. = 0.88), and stray animal assistance behavior 

(Action stage) (M = 3.44, S.D. = 0.85), as shown in Table 2. 

 

Table 2: Mean and Standard Deviation of the Stages of Change in Stray Animal Assistance 

Variable Mean (M) Standard Deviation (S.D.) 

Awareness of stray animal issues 

(Contemplation stage) 
4.16 0.67 

Readiness to assist stray animals 

(Preparation stage) 
3.57 0.88 

Stray animal assistance behavior 

(Action stage) 
3.44 0.85 

Repeated assistance to stray animals 

(Maintenance stage) 
3.55 0.88 

Overall 3.68 0.70 

Note: Responses were rated on a 5-point scale. The researchers applied the following interpretation criteria for the mean 

score: 4.21–5.00 = Most, 3.41–4.20 = High, 2.61–3.40 = Moderate, 1.81–2.60 = Low, and 1.00–1.80 = Least. 

 

4. Hypothesis Testing Results 

4.1 Hypothesis 1 (H1): Exposure to online social marketing communication for stray 

animal assistance significantly influences awareness of stray animal issues (Contemplation stage).  

 The results of the analysis of exposure to online social marketing communication 

influencing awareness of stray animal issues (Contemplation stage) indicated that the independent 

variables jointly explained 16.0% of the variance (Adjusted R² = 0.160). When controlling for the 

effects of other independent variables, 2 variables were found to have a statistically significant 

influence at the 0.05 level: exposure through X (β = 0.345) and Facebook (β = 0.153), as shown in 

Table 3. 

 

Table 3: Multiple Regression Analysis of Exposure to Online Social Marketing Communication 

Influencing Awareness of Stray Animal Issues (Contemplation stage)  

Online Social Marketing Communication b Beta(β) t Sig.t 

1) Facebook 0.100 0.153 2.500 .013* 

2) Instagram 0.017 0.030 0.407 .684 

3) YouTube 0.078 0.131 1.849 .065 

4) X 0.174 0.345 5.899 .001* 

5) TikTok 0.003 0.006 0.084 .933 

6) Websites 0.017 0.028 0.459 .647 

Adjusted R2 = 0.160, F = 12.4, Sig. F = .001* 

Note: *p < .05  

 

4.2 Hypothesis 2 (H2): Exposure to online social marketing communication for stray 

animal assistance significantly influences readiness to assist stray animals (Preparation stage).  

 The results of the analysis of exposure to online social marketing communication 

influencing readiness to assist stray animals (Preparation stage) revealed that the independent 

variables jointly explained 40.9% of the variance (Adjusted R² = 0.409). When controlling for the 

effects of other independent variables, 3 variables were found to have a statistically significant 
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influence at the 0.05 level: exposure through Facebook (β = 0.320), X (β = 0.268), and Instagram (β = 

0.142), as presented in Table 4.  

 

Table 4: Multiple Regression Analysis of Exposure to Online Social Marketing Communication 

Influencing Readiness to Assist Stray Animals (Preparation stage)  

Online Social Marketing Communication b Beta(β) t Sig.t 

1) Facebook 0.274 0.320 6.220 .001* 

2) Instagram 0.104 0.142 2.270 .024* 

3) YouTube 0.086 0.110 1.860 .063 

4) X 0.177 0.268 5.460 .001* 

5) TikTok 0.072 0.101 1.820 .069 

6) Websites 0.061 0.077 1.500 .135 

Adjusted R2 = 0.409, F = 45.4, Sig. F = .001* 

Note: *p < .05  

 

4.3 Hypothesis 3 (H3): Exposure to online social marketing communication for stray 

animal assistance significantly influences stray animal assistance behavior (Action stage).  

 The results of the analysis of exposure to online social marketing communication 

influencing stray animal assistance behavior (Action stage) showed that the independent variables 

jointly explained 42.5% of the variance (Adjusted R² = 0.425). When controlling for the effects of 

other independent variables, 4 variables were found to have a statistically significant influence at the 

0.05 level: exposure through Facebook (β = 0.353), X (β = 0.200), TikTok (β = 0.140), and Websites 

(β = 0.107), as presented in Table 5. 

 

Table 5: Multiple Regression Analysis of Exposure to Online Social Marketing Communication 

Influencing Stray Animal Assistance Behavior (Action stage)  

Online Social Marketing Communication b Beta(β) t Sig.t 

1) Facebook 0.294 0.353 6.964 .001* 

2) Instagram 0.018 0.026 0.420 .675 

3) YouTube 0.010 0.014 0.231 .818 

4) X 0.128 0.200 4.132 .001* 

5) TikTok 0.097 0.140 2.544 .011* 

6) Websites 0.083 0.107 2.117 .035* 

Adjusted R2 = 0.425, F = 48.4, Sig. F = .001* 

Note: *p < .05  

 

4.4 Hypothesis 4 (H4): Exposure to online social marketing communication for stray 

animal assistance significantly influences repeated assistance to stray animals (Maintenance stage).  

 The results of the analysis of exposure to online social marketing communication 

influencing repeated assistance to stray animals (Maintenance stage) indicated that the independent 

variables jointly explained 36.4% of the variance (Adjusted R² = 0.364). When controlling for the 

effects of other independent variables, 2 variables were found to have a statistically significant 

influence at the 0.05 level: exposure through Facebook (β = 0.353) and X (β = 0.227), as shown in 

Table 6. 
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Table 6: Multiple Regression Analysis of Exposure to Online Social Marketing Communication 

Influencing Repeated Assistance to Stray Animals (Maintenance stage)  

Online Social Marketing Communication b Beta(β) t Sig.t 

1) Facebook 0.302 0.353 6.618 .001* 

2) Instagram 0.074 0.101 1.557 .120 

3) YouTube 0.031 0.040 0.648 .517 

4) X 0.149 0.227 4.453 .001* 

5) TikTok 0.025 0.036 0.615 .539 

6) Websites 0.065 0.081 1.525 .128 

Adjusted R2 = 0.364, F = 37.5, Sig. F = .001* 

Note: *p < .05  

 

Discussion  

1. Exposure to Online Social Marketing Communication for Stray Animal Assistance 

Overall, the sample showed a moderate level of exposure to online social marketing 

communication, with Facebook showing the highest exposure. This suggests that Facebook remains a 

primary space where people in Thailand follow social issues and related activities. This pattern is 

consistent with Howe (2025), who reported that 90.7% of Thai internet users access Facebook each 

month, indicating its strong role in spread news and social information. Kemp (2025) reported that 

Thailand had about 51 million Facebook users in early 2025, and reached more than 70% of the 

population, which helps explain why the platform is highly popular and widely used in Thailand. 

Therefore, Facebook is a suitable platform for sharing social marketing about stray animal assistance 

and increasing public engagement. 

2. Stages of Change in Stray Animal Assistance 

Through the Stages of Change framework, the sample showed the highest strength at the 

awareness stage, especially when content provided basic knowledge about responsible pet care. This 

suggests that educational messages are essential because they help people understand the issue and 

can influence an attitude before people take any action. Similar findings appear in previous studies. 

For example, da Cunha et al. (2016) reported that education programs improved understanding of 

sterilization and helped increase attitudes about population control and responsibility in ownership. 

Baatz et al. (2020) also found that responsible ownership education was linked to more positive 

attitudes toward animal welfare. In addition, Iqbal et al. (2023) noted that animal welfare education 

can help children better understand animal’s feelings and reducing violence acceptance toward 

animal. Overall, these results show that awareness is an early step that can lead to the next stage 

(Prochaska & DiClemente, 1983).  

3. The Influence of Exposure to Online Social Marketing Communication on Stray 

Animal Assistance Through the Stages of Change Theory 

Across stages of change, exposure to online social marketing communication in stray 

animal assistance was significant differently in each stage.  

For awareness of stray animal issues (Contemplation stage), exposure through X and 

Facebook was significant. This is consistent with Buddle et al. (2017), who found that Twitter (now 

X) can be useful for building awareness because it supports real-time updates, quick information 

sharing, and public discussion about animal welfare. In Thailand, this may also relate to how people 

use social media. Facebook is widely used for following and sharing information (37.9%), and X is 
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often used for real-time updates (18%) (Public Relations Department, 2025). As a result, these can 

help explain why X and Facebook were significant at the awareness stage.  

For readiness to assist stray animals (Preparation stage), exposure through Facebook, X, 

and Instagram was significant. This suggests that people use these platforms to find information and 

get ready before they take action. Limangkun (2018) noted that Instagram can support information 

searching and help build readiness before making decision. In Thailand, Facebook is often used for 

following and sharing information (37.9%), while X is used for real-time updates (18%) (Public 

Relations Department, 2025). Overall, Facebook and X may help people stay updated and see shared 

content, while Instagram may help them explore information and feel more prepared to help.  

For stray animal assistance behavior (Action stage), exposure through Facebook, X, 

TikTok, and websites was significant. This matches social media use in Thailand, where Facebook is 

often used for following and sharing information (37.9%), and TikTok is widely used (59.4%). 

Besides, TikTok’s videos are short and attention-grabbing, they also can spread messages quickly and 

generate strong interest (Public Relations Department, 2025). However, a study in Peru found that 

TikTok-based social marketing increased learning and awareness about pet welfare, but awareness did 

not always lead to higher participation. This suggests that TikTok may support the action best when 

posts clearly show what to do next, such as donating, signing up, or volunteering (Calanchez Urribarri 

et al., 2025). In addition, websites may support action because they can serve as a trusted source of 

information (Pickle, 2023). Overall, these four online platforms may support action because they help 

people both notice the issue and know what to do next. Facebook and X can quickly share updates and 

spread information. TikTok can create strong attention and motivation. Websites can provide clear 

and trusted details that make it easier for people to take real helping steps.  

For repeated assistance to stray animals (Maintenance stage), exposure through Facebook 

and X remained significant. As a result, people often see related posts many times, even when they 

are not searching for them. On X, users can repeatedly encounter content through scrolling, hashtags, 

retweets, and posts shared by others, which increases repeated exposure and continued engagement. 

Over time, highly engaging posts can encourage repeated behaviors, such as following, sharing, or 

supporting related activities, which can help people stay active (Srisukho, 2020). Meanwhile, 

Facebook also support maintenance because it allows animal welfare content to remain visible 

through everyday use. For example, people can repeatedly see posts in their feed, in groups, or 

through shares from friends. Facebook also makes it easy to follow pages, join communities, and 

receive updates about ongoing activities, donation drives, or volunteer opportunities. This repeated 

exposure can remind people to keep helping and make it easier to continue participating. This pattern 

also matches with Marcus et al. (1992), who suggested that repeating helpful behaviors can strengthen 

commitment and support long-term maintenance efficiently. 

 

Conclusion and Implications 

This study examines how exposure to online social marketing communication influences stray 

animal assistance behavior based on the Stages of Change Theory, covering four stages: Contemplation, 

Preparation, Action, and Maintenance. Six online platforms were examined: Facebook, Instagram, X, 

TikTok, YouTube, and websites. The findings found that exposure to online social marketing 

communication affected stray animal assistance across different stages of change theory.  

In the contemplation stage, X and Facebook influenced awareness of stray animal issues. 

Therefore, if social marketers plan to raise awareness of stray animal assistance, X and Facebook 

should be used in this stage.  
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In the preparation stage, Facebook, X, and Instagram influenced readiness to assist stray 

animals. As a result, if social marketers plan to increase readiness to assist stray animals, Facebook, 

X, and Instagram should be focused on this stage.  

In the action stage, Facebook, X, TikTok, and websites influenced stray animal assistance 

behavior. Thus, if social marketers plan to promote actions in stray animal assistance, Facebook, X, 

TikTok, and websites should be used during this stage.  

In the maintenance stage, Facebook and X influenced the repeated assistance to stray animals. 

Consequently, if social marketers plan to maintain stray animal assistance behavior, Facebook and X 

should be implemented in this stage as well.  

This study provides practical insights for policymakers and government agencies to 

effectively implement stray animal policies. By adjusting communication strategies to fit different 

online platforms, policymakers can increase engagement at each stage of behavior change.  

In particular, On Facebook and X can be used to raise awareness in the Contemplation stage 

by sharing educational content about stray animals. The content should be simple, emotionally 

engaging, and highlight the importance of addressing the issue to help increase public awareness and 

positive attitudes toward helping stray animals. 

In the Preparation stage, Instagram, X, and Facebook can help increase readiness to assist by 

sharing practical information such as how to help, how to register pets, and information about 

spaying/neutering. This will make it easier for people to take action. 

In the Action stage, Facebook, X, TikTok, and websites can encourage actual participation by 

presenting positive content like success stories, videos, and helpful tips. 

Finally, Facebook and X can be used in the Maintenance stage to keep people engaged by 

sharing updates on the progress of rescued animals, fundraising events, or opportunities for ongoing 

sponsorship. This will help maintain consistent participation in helping stray animals. 

These results can be used in guidelines for choosing platforms that fit each stage to improve 

online social marketing communication strategies and encourage continued participation in stray 

animal assistance in Thailand more effectively. 

 

Recommendations for future research 

Future studies could examine exposure social marketing in stray animal assistance through 

offline platforms, such as TV, radio, newspapers, and magazines, to see whether these media lead to 

higher exposure and greater behavior change. 
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Abstract  

This study empirically examines the technological, strategic, and behavioral antecedents of B2B 

sales performance within the high-pressure context of the Southern Vietnamese aquaculture processing 

and exporting industry. Integrating the Resource-Based View (RBV) and Dynamic Capabilities View 

(DCV), the research investigates how digital enablers (AI, CRM, Digital Marketing), strategic orientations 

(SDG, Market Intelligence), and adaptive behaviors (Agility, Innovative Work Behavior) impact export 

outcomes. Adopting a quantitative deductive approach, data were collected via a self-administered 

survey from a purposive sample of 400 export sales representatives and managers in Southern Vietnam, 

and the conceptual model was tested using Partial Least Squares Structural Equation Modeling (PLS-

SEM). The results reveal a distinct hierarchy of performance drivers, in which system-level capabilities, 

specifically Digital Marketing Adoption, CRM Capabilities, and SDG Orientation, emerged as strong, 

positive predictors of sales performance. In contrast, "individual-level" adaptive behaviors, including 

Salesforce Agility, Innovative Work Behavior (IWB), and Marketing Intelligence, were not statistically 

significant, while AI Adoption showed only a marginally significant effect. These findings challenge the 

prevailing assumption in the Dynamic Capabilities literature that agility is universally beneficial, 

suggesting instead a Contextual Rigidity effect where firm-level structural compliance and digital connectivity 

are more critical than individual improvisation in highly regulated export sectors. Consequently, the study offers 

actionable implications for managers to prioritize technological infrastructure and sustainability 

certifications over soft-skills training to drive export revenue. 

 

Keywords: B2B Sales Performance, Digital Transformation, SDG Orientation, Dynamic Capabilities 

View (DCV), Aquaculture Industry, Vietnam, PLS-SEM.  

 

Introduction  

In the contemporary B2B landscape, sales performance has transcended its traditional definition as a 

mere metric of revenue generation to become the primary determinant of organizational survival and strategic 

resilience (Badrinarayanan et al., 2024). No longer solely dependent on individual charisma or static 

interpersonal networks, superior sales performance is increasingly recognized as a multifaceted outcome 

of technological assimilation, strategic intelligence, and behavioral adaptability (Bamberger et al., 

2025). As global markets fracture and competition intensifies, the ability of B2B sales professionals to 

orchestrate a complex ecosystem of digital tools, while simultaneously embodying sustainability 

orientations, has shifted from a competitive advantage to a fundamental baseline for viability (Linde 

et al., 2021). The modern salesperson must evolve from a transaction facilitator into a strategic knowledge 

broker, capable of navigating volatile market terrains with precision (Wilson & Stephens, 2022).  
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This strategic evolution is being accelerated by the convergence of two potent global mega-

trends: the Fourth Industrial Revolution (Industry 4.0) and the urgent imperative of Sustainable 

Development Goals (SDGs) (Veugelers et al., 2023). In the post-pandemic era, international supply 

chains demand unprecedented transparency and responsiveness (Lawrence, 2025). Consequently, the 

digitization of sales functions is reshaping how value is communicated across borders (Kyrdoda et al., 

2025). Simultaneously, global buyers are increasingly mandating strict adherence to ESG (Environmental, 

Social, and Governance) criteria, forcing suppliers to integrate SDG (Sustainable Development Goals) 

orientation directly into their value proposition (Andrianarivo Andriandafiarisoa Ralison et al., 2026). 

This "twin transition" of digitalization and sustainability places immense pressure on export-oriented 

firms to abandon legacy sales models in favor of data-driven, agile methodologies that can withstand 

the shocks of a VUCA (Volatile, Uncertain, Complex, and Ambiguous) global economy (Muench et 

al., 2022). 

Nowhere is this tension more palpable than in the aquaculture product processing and exporting 

sector of Southern Vietnam, a critical node in the global food supply chain. While Vietnam remains a top-tier 

exporter of shrimp and pangasius, the industry operates in a high-pressure environment characterized by 

distinct "insider" vulnerabilities (Agroberichten Buitenland, 2024). B2B export representatives in this region 

face a "pressure cooker" scenario: they deal with highly perishable goods where a delay of hours can destroy 

value, navigate the labyrinthine phytosanitary regulations of the EU and US markets, and battle fierce 

price competition. Furthermore, Vietnam's cultural context, traditionally rooted in high power distance and 

relationship-based commerce, clashes with the impersonal efficiency of modern digital tools (Nguyen et al., 

2024). Sales representatives are squeezed between the rigid operational constraints of processing plants 

and the dynamic demands of international buyers (Mukhopadhyay et al., 2025). 

Despite the critical nature of this sector, extant literature reveals a significant schism. The 

majority of research regarding sales technology and agility is predominantly situated within Western, 

developed economies or high-tech service industries (Verhoef et al., 2021). For instance, Zahoor et al. 

(2022) explored how dynamic capabilities and strategic agility functioned within B2B high-tech 

SMEs in Finland during the pandemic. Additionally, Javanmardi et al. (2024) explored business 

models for managing uncertainty within the healthcare, medical devices, and biotechnology industries 

in the Czech Republic and Poland, further highlighting the academic focus on high-tech sectors within 

developed European economies. Furthermore, Golgeci et al. (2023) investigated the role of marketing 

agility in the resilience and survival of entrepreneurs in Denmark. There is a conspicuous "silence" 

regarding how these advanced drivers function within resource-intensive, traditional manufacturing 

sectors in emerging Asian economies. Specifically, we lack an empirical understanding of how 

Vietnamese export representatives reconcile the adoption of disruptive technologies with the nuanced 

demands of sustainable export selling. 

To bridge this gap, this study draws upon the Dynamic Capabilities View (DCV) and the 

Resource-Based View (RBV) to propose a three-pillar framework (de Almeida Barbosa Franco et al., 

2024). We argue that the synergy of three distinct clusters drives sales performance. First, technological 

capabilities, specifically AI, CRM, and Digital Marketing adoption, serve as the digital infrastructure 

for sensing market data (Pesqueira & Sousa, 2024). Second, strategic intelligence, manifested through 

Marketing Intelligence and SDG Orientation, provides the strategic direction and legitimacy required 

in global markets (Kumar et al., 2025). Third, adaptive behaviors, including Agility and Innovative 

Work Behavior (IWB), represent the human mechanism that transforms these digital and strategic 

assets into closed deals (Ahmed et al., 2022).  
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Research Objectives 

This research aims to empirically examine these antecedents among export sales representatives in 

Southern Vietnam, offering actionable intelligence for transitioning from labor-intensive sales models 

to tech-empowered, agile sales forces. 

 

Literature Review  

The Integration of RBV and DCV  

To adequately explain the drivers of B2B sales performance in the volatile context of the 

Vietnamese aquaculture export industry, this study integrates two dominant theoretical frameworks: 

the Resource-Based View (RBV) and the Dynamic Capabilities View (DCV). Originating from the 

seminal work of Lockett et al. (2009), the RBV posits that a firm's competitive advantage is derived 

from resources that are valuable, rare, inimitable, and non-substitutable (VRIN). In the context of 

sales, technological assets such as Customer Relationship Management (CRM) systems and proprietary 

market data serve as fundamental resources (Graesch et al., 2022). However, in high-velocity environments 

characterized by rapid market shifts and perishable inventory, possessing static resources is insufficient for 

sustained performance (Chowdhury, 2025). Consequently, we extend the RBV by drawing on the 

Dynamic Capabilities View (DCV) introduced by Teece (2007), which argues that performance 

depends on the firm's ability to "sense" market opportunities, "seize" them through rapid decision-

making, and "reconfigure" assets accordingly. This theoretical duality allows us to conceptualize sales 

performance not merely as a result of having digital tools (RBV) but as a function of using them with 

agility and strategic intelligence (DCV) to navigate the complexities of international trade. 

Technological Capabilities as Strategic Resources  

In the era of Industry 4.0, the sales force's technological infrastructure serves as the primary 

resource base (Tiwari, 2020). The first critical variable, Artificial Intelligence (AI) Adoption, is defined by 

Syed et al. (2020) as the deployment of machine learning algorithms to automate routine sales tasks and 

augment human decision-making. Unlike traditional automation, AI acts as a predictive resource, analyzing 

vast historical datasets to forecast buyer behaviors with high precision (Thakur & Kushwaha, 2024). 

Empirical literature, such as Paschen et al. (2020), indicates that AI adoption enhances sales performance by 

freeing sales professionals from administrative burdens, enabling them to reallocate cognitive resources 

toward high-value relational selling. 

H1: AI Adoption positively impacts sales performance. 

Complementing AI is CRM Capability, which Chatterjee et al. (2022) define not as mere 

software usage, but as a comprehensive firm competency in managing customer interactions. Viewed 

through the RBV lens, CRM systems function as a repository of "institutional memory," ensuring that 

client knowledge is not lost with employee turnover (Migdadi, 2020). Research consistently demonstrates 

that robust CRM capabilities enhance customer retention and cross-selling by providing a "single 

source of truth" that enables personalized communication (Alnofeli et al., 2025). 

H2: CRM Capabilities positively impact sales performance. 

Furthermore, Digital Marketing Adoption, the utilization of digital channels to create and 

capture value, serves as the bridge between the exporter and the global market (Homburg & Wielgos, 

2022). For Vietnamese firms, digital marketing is a critical resource for overcoming geographical 

distance (Hien et al., 2023). Prior studies, such as Wu et al. (2024), confirm its positive effect on lead 

generation and on expanding the sales funnel, particularly in export contexts where physical presence 

is limited. 

H3: Digital Marketing Adoption positively impacts sales performance. 
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Strategic Intelligence and Legitimacy Beyond technological assets, superior sales performance 

requires a strategic orientation that aligns with global market demands (Barba-Sánchez et al., 2024). 

Marketing Intelligence, conceptualized by Jaworski and Kohli (1993) within the market orientation 

framework, refers to the systematic generation and dissemination of market knowledge. Within the 

Dynamic Capabilities View (DCV) framework, this acts as a "sensing" capability (Forrest et al., 2023). In 

the aquaculture sector, where price volatility and regulatory changes are frequent, the ability to gather 

real-time intelligence allows sales representatives to anticipate shifts and adjust pricing strategies 

proactively, a behavior strongly linked to higher win rates (Fanaee & Bokaei, 2021). 

H4: Marketing Intelligence positively impacts sales performance. 

Simultaneously, the modern export landscape demands SDG Orientation (Rehman, 2024). 

This variable reflects the strategic alignment of sales practices with the UN Sustainable Development 

Goals, particularly regarding ethical supply chains (Leal Filho et al., 2023; Ratasuk, 2023b). As noted 

by Hult (2011), sustainability has evolved from a corporate social responsibility initiative to a core 

performance driver. In Western markets, adherence to ESG (Environmental, Social, and Governance) 

criteria is often a prerequisite for supplier selection (Linnenluecke, 2022). Therefore, an explicit SDG 

orientation enhances the legitimacy of the sales pitch, positively impacting performance by satisfying 

the compliance requirements of global buyers (Gabler et al., 2023). 

H5: SDG Orientation positively impacts sales performance. 

Adaptive Behaviors: The Human Mechanism  

The translation of technological resources and strategic intelligence into actual revenue relies 

heavily on the sales force's behavioral adaptability (Zheng et al., 2023). Salesforce Agility is defined 

as the capacity of sales representatives to rapidly sense and respond to market changes (Olivieri, 2025). In the 

"pressure cooker" environment of perishable exports, agility is the mechanism that prevents resource 

obsolescence (Uddin et al., 2023). Empirical evidence suggests that agile salespeople, who can pivot 

strategies mid-negotiation or rapidly resolve logistical crises, achieve significantly higher performance by 

mitigating the negative effects of market turbulence (Bourguignon et al., 2021). 

H6: Agility positively impacts sales performance. 

Closely related is Innovative Work Behavior (IWB), defined by Janssen (2000) as the 

intentional creation and application of new ideas within a work role. While traditional manufacturing cultures 

often value compliance, recent sales literature suggests that IWB is crucial for solving complex, non-routine 

client problems (AlEssa & Durugbo, 2022; Ton et al., 2025). When sales representatives are empowered to 

innovate, for example, by devising novel shipping solutions or flexible payment terms, they create 

unique value propositions that distinguish them from competitors, thereby driving sales growth 

(Pappas et al., 2023). 

H7: Innovative Work Behavior (IWB) positively impacts sales performance. 

Control Variables and Model Synthesis  

To isolate the effects of these core constructs, this study includes demographic control 

variables theoretically linked to human capital and sales outcomes. Age and Tenure are included 

based on Human Capital Theory, which suggests that accumulated tacit knowledge and experience are 

significant predictors of sales success (Verbeke et al., 2011). Education serves as a proxy for 

absorptive capacity, influencing a salesperson's ability to adopt complex technologies such as AI 

(Massing & Schneider, 2017). Income is controlled to account for baseline motivational variances 

(Bossavie et al., 2021), while Gender is included to control for potential structural disparities in 

networking opportunities within the male-dominated industrial export sector (Hernandez-Arenaz & 

Iriberri, 2019). Synthesizing these elements, the proposed conceptual model posits that technological 

resources and strategic orientations provide the necessary foundation, which is then operationalized 

through adaptive behaviors to drive superior Sales Performance. 
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Based on the theoretical arguments and hypotheses presented above, the proposed conceptual 

framework illustrating the relationships between the antecedents and sales performance is depicted in 

Figure 1. 

 

 
 

Figure 1: Conceptual Model 

 

Research Methodology  

This study adopts a quantitative, deductive research design to empirically test the hypothesized 

relationships between technological capabilities, strategic orientations, adaptive behaviors, and sales 

performance. Given the exploratory nature of the structural paths, particularly the integration of modern 

constructs like AI adoption and SDG orientation within the specific context of the Vietnamese aquaculture 

industry, Partial Least Squares Structural Equation Modeling (PLS-SEM) was selected as the primary 

analytical method. In contrast to Covariance-Based SEM (CB-SEM) tools like AMOS, which 

prioritize parameter estimation and model fit, PLS-SEM is a variance-based approach optimized for 

maximizing the explained variance (R2) of the dependent variables, making it ideal for prediction-

oriented research (Hair et al., 2019; Zhu & Ratasuk, 2024). Furthermore, PLS-SEM is robust to non-

normal data distributions, common in social science survey research, and can handle complex models 

with many constructs and indicators without the restrictive sample-size requirements of CB-SEM 

(Hair et al., 2021; Yang & Ratasuk, 2024). 

Population and Sampling 

The target population for this study comprises B2B export sales representatives and export 

managers currently employed in aquaculture product processing and exporting companies in Southern 

Vietnam. Since there is no centralized, exhaustive registry of all individuals in this specific profession, the 

population is treated as infinite or unknown. To ensure representativeness, a purposive sampling 

technique was used, targeting respondents with specific knowledge of their firm's export operations 

and digital tool use (Pan & Ratasuk, 2025; Ratasuk & Nyan Lin, 2025). To determine the minimum 

required sample size, this study employed the Inverse Square Root Method proposed by Kock and 

Hadaya (2018), which is considered more robust than the traditional "10-times rule" for PLS-SEM. 

Based on a significance level of 5% and a statistical power of 80%, this method indicates that a 

sample size of 400 is sufficient to detect path coefficients as low as 0.124. Thus, the collected sample 

(N=400) exceeds the minimum required to detect significant effects within the structural model. 
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The final valid sample consisted of 400 respondents (N=400). As detailed in Table 1, the 

sample is relatively balanced by gender (54.75% male, 45.25% female) and notably youthful, with 

over 86% of respondents aged under 35. This demographic structure reflects the "digitally native" 

cohort currently driving technology adoption in the sector. Furthermore, the sample demonstrates high 

absorptive capacity, with 97.75% holding at least a Bachelor's degree. Crucially, the majority of 

respondents (89.00%) are Export Sales Executives, ensuring that the data captures the operational 

reality of frontline sales agility rather than solely executive-level strategy. 

 

Table 1: Characteristics of the sample. 

Characteristics Categories 
Descriptive Statistics 

Frequency (𝑓) Percentage (%) 

Gender Female 181 45.25 

Male 219 54.75 

Age 18 - 25 119 29.82 

26 - 35 226 56.64 

36 - 45 50 12.53 

46 - 55 2 0.50 

Above 55 2 0.50 

Education High School 0 0.00 

Associate Degree 9 2.25 

Bachelor's Degree 381 95.25 

Master's Degree 10 2.50 

Doctor's Degree 0 0.00 

Income 

(Vietnamese Dong) 

Less than 10 million 20 5.03 

10 million to 15 million 209 52.51 

15 million to 20 million 113 28.39 

20 million to 25 million 33 8.29 

More than 25 million 23 5.78 

Position Export Sales Executive 356 89.00 

Export Sales Team Leader 25 6.25 

Export Sales Manager 16 4.00 

Export Sales Director 3 0.75 

 

Data Collection Procedure 

Data were collected via an online, self-administered questionnaire (Google Forms) distributed 

through professional networks (LinkedIn and Facebook) and industry associations in the Mekong 

Delta region. To ensure data quality, the survey employed a mandatory screening question: "Are you 

currently working as a sales representative or manager involved in the export of aquaculture products?" 

Respondents answering "No" were automatically terminated from the survey. This procedure ensured that 

only qualified participants with relevant industry experience contributed to the dataset. 

Instrument Development 

The research instrument was structured into four distinct sections: Screening, to verify respondent 

eligibility. Demographics: Collecting control variables including Gender, Age, Income, and Education. 

Behavior & Usage: General profiling of digital tool usage (e.g., years of experience with CRM). Construct 

Measurement: The core variables (AI Adoption, CRM Capabilities, Digital Marketing Adoption, 

Marketing Intelligence, SDG Orientation, Agility, IWB, and Sales Performance). To ensure content 

validity, all measurement items were adapted from established, validated scales in prior literature. For 

instance, Agility items were adapted from Inyang et al. (2024), SDG Orientation measures were 
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refined from Hult (2011), and IWB items were adapted from Ratasuk (2023a). All constructs were 

measured using a 5-point Likert scale, ranging from 1 ("Strongly Disagree") to 5 ("Strongly Agree").3.5 

Data Analysis Plan. The conceptual model was assessed using WarpPLS 8.0 software. WarpPLS was 

chosen specifically for its ability to identify non-linear relationships often present in behavioral 

studies and its robust calculation of model fit indices. The analysis followed a two-stage process: 

Assessment of the Measurement Model 

The reliability and validity of the reflective constructs were evaluated using the following 

criteria: Internal Consistency Reliability: Assessed via Cronbach's alpha and Composite Reliability 

(rho_A). Values exceeding 0.70 were considered acceptable (Niu et al., 2025). Convergent Validity: 

Confirmed by ensuring that the Average Variance Extracted (AVE) for each construct exceeded 0.50, 

and that all outer factor loadings were significant and above the 0.708 threshold (Hair et al., 2019). 

Discriminant Validity: Evaluated using the Heterotrait-Monotrait ratio of correlations (HTMT). This 

method is preferred over the traditional Fornell-Larcker criterion because it is more sensitive to a lack 

of discriminant validity. HTMT values below the conservative threshold of 0.85 (or 0.90) were 

required to establish distinctness between constructs (Henseler et al., 2016).3.5.2 Assessment of the 

Structural Model. The structural relationships were tested by examining: Collinearity: Variance Inflation 

Factor (VIF) values were checked to ensure they remained below 3.3 (Kock, 2015), indicating no lateral 

collinearity issues. Path Coefficients (β): The strength and direction of the hypothesized relationships. 

Coefficient of Determination (R2): To measure the model's predictive accuracy. Significance: 

Determined via a bootstrapping procedure with 5,000 resamples to generate t-values and p-values. 

Robustness Checks 

To ensure the integrity of the findings, Common Method Bias (CMB) was assessed using the 

Full Collinearity VIF approach available in WarpPLS. A VIF value below 3.3 for all latent variables 

would confirm that the model is free of common method bias (Lyu & Ratasuk, 2024). Additionally, 

mediation analysis was conducted to test the indirect effects of adaptive behaviors. 

Ethical Considerations 

This study strictly adhered to ethical research standards. All participants were provided with a 

digital Informed Consent statement prior to starting the survey, ensuring they understood the study's 

purpose. Participation was entirely voluntary, with the right to withdraw at any time. Furthermore, 

anonymity was guaranteed; no personally identifiable information (PII), such as names or email 

addresses, was linked to the response data, ensuring complete confidentiality. 

 

Results  

Assessment of the Measurement Model (CFA) 

The measurement model was evaluated to establish the reliability and validity of the latent 

constructs prior to structural analysis. As summarized in Table 2, all reflective constructs met and 

exceeded the rigorous quality thresholds established in PLS-SEM literature. Individual indicator 

reliability was first assessed by examining the outer factor loadings. According to Hair et al. (2019), 

loadings should ideally exceed 0.708, a threshold indicating that the latent construct explains more 

than 50% of the indicator's variance. The analysis confirms that all retained items exhibited robust 

loadings, ranging from 0.717 (Agility) to 0.934 (Market Intelligence), thereby demonstrating strong 

indicator reliability. Convergent validity was subsequently evaluated using the Average Variance 

Extracted (AVE). All constructs yielded AVE values ranging from 0.610 to 0.828, consistently 

surpassing the minimum threshold of 0.50. This confirms that, on average, each construct explains the 

majority of the variance in its indicators, establishing satisfactory convergent validity.  
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To ensure the constructs consistently measured the intended concepts, both Cronbach's Alpha 

(CA) and Composite Reliability (CR) were examined. As detailed in Table 2, all Cronbach's Alpha 

values exceeded the 0.70 benchmark, ranging from 0.840 to 0.948. Similarly, Composite Reliability 

(CR) values were well above the acceptable limit, ranging from 0.886 to 0.960. These results provide 

conclusive evidence of high internal consistency across the model.  

Finally, given the self-reported nature of the data, this study proactively addressed the 

potential for Common Method Bias (CMB) by examining Full Collinearity VIFs as recommended by 

Kock (2015). In the context of WarpPLS, VIF values below 3.3 indicate that the model is free of 

vertical collinearity and that CMB is not a pervasive issue. The VIF values reported in Table 2 range 

from 1.330 (Sales Performance) to 1.948 (Digital Marketing), all of which are substantially below the 

3.3 threshold. This confirms that the model is robust against common method bias and lateral 

multicollinearity (Naing & Ratasuk, 2025). 

 

Table 2: Convergent Validity, Reliability, Multicollinearity, and Common Method Bias (CMB) 

Construct Items Factor Loadings CR CA AVE VIF (CMB) 

Sales Performance SP1 0.762 0.917 0.886 0.688 1.33 

 SP3 0.814     

 SP4 0.821     

 SP5 0.877     

 SP6 0.869     

AI Adoption AI1 0.821 0.91 0.867 0.716 1.587 

 AI3 0.834     

 AI4 0.885     

 AI5 0.844     

CRM Capabilities CRM1 0.83 0.928 0.903 0.722 1.364 

 CRM2 0.826     

 CRM3 0.874     

 CRM4 0.879     

 CRM5 0.838     

Digital Marketing DM1 0.774 0.916 0.884 0.687 1.948 

 DM2 0.729     

 DM3 0.884     

 DM4 0.888     

 DM5 0.857     

Market Intelligence MI1 0.864 0.96 0.948 0.828 1.663 

 MI2 0.908     

 MI3 0.934     

 MI4 0.932     

 MI5 0.91     

SDG Orientation SDG1 0.799 0.946 0.933 0.713 1.782 

 SDG2 0.808     

 SDG3 0.852     

 SDG4 0.864     

 SDG5 0.869     

 SDG6 0.855     

 SDG7 0.859     

Agility AG1 0.717 0.886 0.84 0.61 1.683 

 AG2 0.76     

 AG3 0.81     

 AG4 0.816     

 AG5 0.798     
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Construct Items Factor Loadings CR CA AVE VIF (CMB) 

Innovative Work Behavior (IWB) IWB3 0.793 0.914 0.882 0.68 1.691 

 IWB4 0.824     

 IWB5 0.855     

 IWB6 0.835     

 IWB7 0.814     

Note: CR = Composite Reliability; CA = Cronbach’s Alpha; AVE = Average Variance Extracted; VIF = Variance Inflation 

Factor (Full Collinearity VIF used to assess Common Method Bias). 

 

Discriminant validity was assessed to ensure that each construct is empirically distinct and 

represents a unique phenomenon not captured by other variables in the model. This study employed 

two distinct criteria: the Heterotrait-Monotrait Ratio (HTMT) and the Fornell-Larcker Criterion. 

First, following the modern guidelines of Henseler et al. (2016), the HTMT ratio was 

prioritized as the primary metric due to its superior sensitivity in detecting discriminant validity issues 

compared to traditional methods. As shown in the lower triangle of Table 3, all HTMT values were 

well below the conservative threshold of 0.85 (and the liberal threshold of 0.90). The highest observed 

HTMT value was 0.598 (between Digital Marketing and Market Intelligence), confirming that all 

constructs are statistically distinct. 

Second, the traditional Fornell-Larcker criterion was applied for robustness. As presented in 

Table 3, the square root of the Average Variance Extracted (AVE) for each construct (shown in 

parentheses on the diagonal) was compared against the inter-construct correlations (shown in the 

upper triangle). In every case, the square root of the AVE was greater than the highest correlation with 

any other construct. For instance, the square root of the AVE for Market Intelligence (0.910) is 

significantly greater than its strongest correlation with Digital Marketing (0.513). 

Collectively, these two tests provide strong evidence of discriminant validity, permitting the 

analysis to proceed to the structural model assessment. 

 

Table 3: Discriminant Validity (HTMT Ratio below diagonal, Fornell-Larcker above) 

Construct 1 2 3 4 5 6 7 8 

1. Sales Performance (0.830) 0.317*** 0.188*** 0.221*** 0.307*** 0.242*** 0.382*** 0.395*** 

2. AI Adoption 0.261 (0.846) 0.364*** 0.380*** 0.286*** 0.443*** 0.508*** 0.481*** 

3. Agility 0.249 0.515 (0.781) 0.514*** 0.443*** 0.368*** 0.385*** 0.420*** 

4. IWB 0.217 0.411 0.595 (0.824) 0.308*** 0.472*** 0.463*** 0.397*** 

5. CRM Capabilities 0.344 0.283 0.344 0.507 (0.850) 0.263*** 0.311*** 0.357*** 

6. Market Intelligence 0.43** 0.559 0.522 0.446 0.347 (0.910) 0.513*** 0.422*** 

7. Digital Marketing 0.435 0.451 0.438 0.474 0.388 0.598 (0.829) 0.545*** 

8. SDG Orientation 0.36** 0.489 0.434 0.426 0.321 0.573 0.536 (0.844) 

Note: *** = p ≤ 0.001 

 

Before interpreting the specific path coefficients, the overall quality and predictive power of 

the structural model were evaluated using the global model fit indices provided by WarpPLS 8.0. The 

model exhibits a robust fit with the empirical data, satisfying all major threshold criteria. 

The model's explanatory power is statistically significant, as evidenced by the Average Path 

Coefficient (APC = 0.099, P = 0.011) and the Average R-squared (ARS = 0.278, P < 0.001). 

Furthermore, the Average Adjusted R-squared (AARS) is 0.258 (P<0.001), confirming that the model 

retains its explanatory power even after correcting for model complexity. To assess the overall 

goodness-of-fit, the Tenenhaus GoF index was calculated. The obtained value of 0.473 exceeds the 

threshold of 0.36 for a "large" effect size (Wetzels et al., 2009), indicating that the model performs 
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exceptionally well across both measurement and structural dimensions. Additionally, the Standardized 

Root Mean Squared Residual (SRMR) is 0.062, which is well below the conservative threshold of 

0.08 proposed by Hu and Bentler (1999), confirming acceptable model fit. 

Multicollinearity was assessed via the Average Block VIF (AVIF = 1.508) and the Average 

Full Collinearity VIF (AFVIF = 1.631). Both values are substantially below the ideal threshold of 3.3 

(Kock, 2015), suggesting that vertical and lateral collinearity are not distorting the results. Furthermore, the 

model's causal robustness is supported by the Simpson's Paradox Ratio (SPR = 0.818) and the Nonlinear 

Bivariate Causality Direction Ratio (NLBCDR = 0.773), both of which exceed the acceptable 

threshold of 0.70. This confirms that the data support the hypothesized directions of causality and are 

not artifacts of reverse causality or suppression effects.4.3.3 Predictive Relevance (Q2). Finally, the 

predictive relevance of the model was evaluated using the Stone-Geisser Q2 coefficient. The model 

yielded a Q2 value of 0.278. Since this value is effectively greater than zero, it confirms that the 

exogenous constructs have significant predictive relevance for the endogenous latent variables in the 

model (Hair et al., 2019). 

Structural Model and Hypothesis Testing 

The structural model was assessed by examining the path coefficients (β) and their corresponding 

significance levels (p-values) generated via bootstrapping. The results of the hypothesis testing are 

summarized in Figure 2 and Table 4. 

 

 
 

Figure 2: PLS-SEM Results  

Note: *** = p ≤ 0.001 

 

Drivers of Sales Performance 

The analysis reveals that technological and strategic capabilities are the strongest predictors 

of sales performance in this context. Specifically, Digital Marketing Adoption exerted a strong 

positive impact on sales performance (β = 0.200, p < 0.001), fully supporting H3. Similarly, CRM 

Capabilities demonstrated a significant positive relationship with performance (β = 0.154, p < 0.001), 

supporting H2. Interestingly, SDG Orientation emerged as the most impactful strategic driver (β = 0.204, 
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p < 0.001), confirming H5. This finding highlights the critical role of sustainability legitimacy in the 

export sector. However, the results for the other technological and behavioral variables were mixed. 

AI Adoption showed a positive coefficient but failed to reach the strict statistical threshold of 0 .05 

(β = 0.077, p = 0.059), rendering H1 Not Supported (though marginally significant). 

Furthermore, contrary to expectations, neither the adaptive behaviors nor the market 

intelligence yielded significant effects. Marketing Intelligence (β = 0.011, p = 0.415), Agility (β = -0.047, 

p = 0.173), and Innovative Work Behavior (IWB) (β = 0.044, p = 0.190) were all non-significant. 

Consequently, H4, H6, and H7 are Not Supported. These findings suggest that in the highly regulated 

aquaculture export industry, systematic compliance (SDG/CRM) contributes more to performance 

than individual adaptability or improvisation. 

Control Variables 

Regarding the control variables, Age (β = 0.106, p = 0.016) and Work Experience (β = 0.094, 

p = 0.029) showed significant positive effects, indicating that seniority and accumulated experience 

are key assets. Conversely, Education displayed a significant negative relationship (β = -0.109, p = 0.014), 

potentially suggesting that over-qualification may lead to lower engagement in routine sales tasks, or 

that practical trade skills are more valuable than academic degrees in this specific context. Gender had 

no significant impact. 

 

Table 4: Hypothesis Testing Results 

Hypothesis Path Relationship Beta (β) p-Value Decision 

H1 AI Adoption → Sales Performance 0.077 0.059 Not Supported 

H2 CRM Capabilities → Sales Performance 0.154 < 0.001 Supported 

H3 Digital Marketing → Sales Performance 0.200 < 0.001 Supported 

H4 Market Intelligence → Sales Performance 0.011 0.415 Not Supported 

H5 SDG Orientation → Sales Performance 0.204 < 0.001 Supported 

H6 Agility → Sales Performance -0.047 0.173 Not Supported 

H7 IWB → Sales Performance 0.044 0.19 Not Supported 

 

 

Controls 

Gender → Sales Performance -0.045 0.181 Not Significant 

Age → Sales Performance 0.106 0.016 Significant 

Education → Sales Performance -0.109 0.014 Significant 

Work Exp → Sales Performance 0.094 0.029 Significant 

 

Discussion  

The primary objective of this research was to empirically examine the technological, strategic, and 

behavioral drivers of sales performance among B2B export representatives in the Southern Vietnamese 

aquaculture industry. Integrating the Resource-Based View (RBV) and Dynamic Capabilities View 

(DCV), the analysis of the structural model reveals a distinct hierarchy of drivers. A comparison 

among the results themselves highlights a clear dominance of "Strategic Legitimacy" and "Digital 

Infrastructure" over "Individual Adaptability." The strongest predictors of sales performance were 

SDG Orientation (β = 0.204) and Digital Marketing Adoption (β = 0.200), followed closely by CRM 

Capabilities (β = 0.154).  

Notably, Artificial Intelligence (AI) Adoption occupied a unique middle ground. While it did 

not meet the strict threshold for statistical significance (β = 0.077, p = 0.059), its positive coefficient 

suggests it is an emerging technological capability. This stands in sharp contrast to the "human" 

behavioral constructs, which were clearly non-significant; Agility (β = -0.047), Innovative Work 

Behavior (β = 0.044), and Market Intelligence (β = 0.011) all failed to impact performance.  
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This internal contrast suggests a crucial "System vs. Self" dichotomy in the context of 

aquaculture exports. The data indicate that performance is not driven by the individual salesperson's 

ability to improvise (Agility/IWB) or gather data (Market Intelligence), but rather by the firm's ability 

to project legitimacy (SDG) and maintain robust digital connections (CRM/Digital Marketing/AI). In 

essence, in a sector governed by rigid international phytosanitary standards, compliance and systematic 

connectivity are far more valuable than individual creativity. 

Theoretical Contributions 

This study makes several critical contributions by refining the application of the RBV and 

DCV frameworks and creating new knowledge that fills gaps in the current literature. Consistent with 

the Resource-Based View (RBV), our findings confirm that intangible assets are critical for 

competitive advantage. The strong positive impact of CRM Capabilities (H2) aligns with Rodriguez et 

al. (2014), who argued that CRM acts as an institutional memory bank essential for customer 

retention. Similarly, the support for Digital Marketing (H3) corroborates Ritz et al. (2019) and Wu et 

al. (2024), confirming that for export firms, digital channels are the primary resource for overcoming 

the "liability of foreignness" and expanding the sales funnel. 

Uniquely, this study extends the RBV by establishing SDG Orientation (H5) as a strategic 

resource. While Hult (2011) theorized that sustainability is a performance driver in Western markets, 

our results empirically validate that in the Vietnamese context, SDG alignment functions as a "license 

to operate". This finding supports recent work by Gabler et al. (2023), which links sustainability to 

professional sales success, and extends it to the specific context of emerging-market exports. 

The study offers a significant theoretical deviation regarding the Dynamic Capabilities View 

(DCV). Contrary to Inyang et al. (2018) and Janssen (2000), who established Salesforce Agility (H6) 

and IWB (H7) as universally positive drivers in volatile markets, our results found these paths non-

significant. This contradicts the traditional DCV assumption that "sensing and seizing" (agility) 

always leads to better outcomes. We theorize a "Contextual Rigidity" effect: in the aquaculture 

industry, where product specifications (e.g., shrimp size, freezing method) and import regulations are 

fixed, individual improvisation (Agility/IWB) may be redundant or even detrimental. This creates 

new theoretical knowledge by identifying a boundary condition for DCV: in highly regulated, 

commoditized export industries, dynamic capabilities may need to be embedded in firm-level systems 

rather than individual-level behaviors. 

Finally, the marginal non-significance of AI Adoption (H1, p=0.059) contrasts with recent 

studies in high-tech sectors, such as Paschen et al. (2020), which found AI to be a definitive driver of 

sales performance. This discrepancy suggests that while AI is emerging, it has not yet reached the 

"tipping point" of utility in the Vietnamese aquaculture sector, likely due to insufficient data maturity 

to fuel effective machine learning models. 

Practical Implications 

The findings offer actionable strategies for export managers: Invest in "Hard" Systems over 

"Soft" Skills: Given that CRM and Digital Marketing (β = 0.20) vastly outperform Agility (β = 0), 

training budgets should shift from soft-skills workshops (e.g., "adaptive selling") to technical training 

on CRM utilization and digital lead generation. Leverage the SDGs as a Sales Tool: Managers must 

explicitly integrate SDGs 8 and 12 into their value proposition. The data proves that "being green" is a 

stronger sales driver (β = 0.204) than "being smart" (Market Intelligence, β = 0.011). Standardize 

Processes: Since individual innovation (IWB) did not drive sales, firms should focus on standardizing 

successful export procedures rather than encouraging representatives to experiment with novel but 

risky solutions. 
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Limitations and Future Research 

This study is limited by its cross-sectional design, which precludes causal inference, and its 

focus on a single industry (aquaculture). Future research should replicate this model in less regulated 

industries (e.g., fashion or software exports) to test whether the non-significance of Agility holds or is 

unique to the "Contextual Rigidity" of the food export sector. Additionally, longitudinal studies are 

needed to track whether AI Adoption becomes significant as the technology matures in Vietnam.5.5 

Recommendation for Future Studies We recommend that future scholars investigate the moderating 

role of Regulatory Turbulence. It is plausible that Agility becomes significant only when external 

regulations change rapidly. By examining this, researchers can further refine the DCV framework, 

moving beyond "Agility is always good" to a more nuanced understanding of "Agility is good when 

structural constraints are low." 
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Abstract  

With the rapid development of cross-border e-commerce and social commerce, content 

marketing has become an essential strategy for international brands entering the Chinese market. This 

study examines the content marketing performance of two Thai cosmetic brands on Xiaohongshu 

using a data-driven SWOT analysis framework. Official account posts published between January and 

June 2025 are collected and analyzed, including posting frequency, content type distribution, fan size, 

and user interaction indicators such as likes, comments, collections, and interaction rates, it also 

collected the target audience and hot search word trend data from the Xiaohongshu data platform 

Xinhong data. Descriptive statistics and independent-samples t-tests are employed to enhance the 

objectivity of SWOT factor identification. The results show that brand 2 achieves significantly higher 

user interaction through a high-frequency and stable content publishing strategy, while brand 1, 

despite its distinctive brand advantages, exhibits weaknesses in posting frequency and interaction 

performance. The findings indicate that Xiaohongshu provides important communication opportunities 

for cross-border brands, but effective content marketing strategies must be aligned with brand 

characteristics, user interests, and platform trends. This study offers practical implications for Thai 

cosmetic brands and other cross-border enterprises seeking to optimize content marketing strategies in 

the Chinese market.  

 

Keywords: Cross-border e-commerce, Social commerce, Content Marketing, Xiaohongshu, SWOT 

Analysis  

 

Introduction  

With the rapid development of the Chinese economy and digital technologies, the scale of 

Chinese e-commerce market has continued to expand. Meanwhile, the growth of cross-border  

e-commerce has provided more convenient channels for brands and products from different countries 

to enter the Chinese market (Li et al., 2024). Under this background, social commerce has gradually 

become an important approach for brand promotion and sales due to its strong social attributes and 

content-driven communication mechanisms. Xiaohongshu, as one of Chinese leading social commerce 

platforms, offers significant market opportunities for cross-border brands by integrating picture & text 

and short-video content formats with recommendation mechanisms based on User-Generated Content 

(UGC) and Key Opinion Leader (KOL) influence (Liu, 2019). 

Content marketing attracts target audiences through high-quality and engaging content and 

has been proven to be an effective method for enhancing brand awareness and user engagement (Tang, 

2025). For example, brand 2, a Thai cosmetics brand, has successfully established strong brand awareness 

and accumulated a large user base in the Chinese market through its systematic content marketing strategy on 

Xiaohongshu. In contrast, although another Thai cosmetics brand, brand 1, performs well in Thailand 
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domestic market, its current content marketing performance in China has not fully leveraged the 

platform’s content ecosystem and interactive mechanisms. Therefore, how to scientifically and 

systematically optimize content marketing strategies based on brand characteristics, platform features, 

and user data has become a crucial issue for brand 1’s expansion into the Chinese market. 

Although existing studies on cosmetics brands and social commerce platforms are increasing, 

most prior research focuses on domestic Chinese brands or fashion-related categories, with limited 

attention paid to cross-border cosmetics brands. Moreover, many studies rely primarily on questionnaire 

surveys, lacking analyses grounded in actual platform data and brand-specific operational characteristics. 

In particular, few studies adopt real brand cases combined with quantitative content performance data.  

In addition, traditional SWOT analysis has been criticized in digital marketing research for its subjectivity 

and lack of quantitative standards, resulting in limited reproducibility and empirical validity. These 

research gaps provide important opportunities for this study. 

Accordingly, this study takes the Thai cosmetics brand brand 1 as the primary research object 

and uses brand 2 as a benchmark brand. The research period covers January to June 2025. Data 

sources include content and interaction data published by the official Xiaohongshu accounts of brand 

1 and brand 2, official brand information, as well as crowd portrait data and hot search keyword data 

provided by the Xinhong Data platform. To ensure data authenticity and reliability, this study 

analyzes only content published by official brand accounts, thereby ensuring that the data accurately 

reflect each brand’s content marketing strategies and operational intentions on Xiaohongshu. 

The purpose of this study is to assess the strengths, weaknesses, opportunities and threats of 

Thai cosmetics brands 1 and 2 based on real platform data through SWOT analysis, analyze their 

existing content marketing strategies in xiaohongshu, and identify the key features of effective content 

and the interests of Chinese consumers by using data-driven quantitative analysis and statistical test, 

and finally put forward suggestions on the optimization of content marketing to help brand 1 better 

enter the Chinese market. The importance of this study is to fill the academic gap, provide theoretical 

and empirical basis for the content marketing of brand 1 and the strategy of Thai cosmetics entering 

the Chinese market, and promote the development of cross-border e-commerce and cultural 

exchanges. 

 

Research Objectives  

1. Based on SWOT analysis and platform content marketing data (number of official posts, 

fans, percentage of content types released, update frequency, interaction rate, etc.) of Xiaohongshu, 

identify the current situation of content marketing of brand 1 and brand 2 in Xiaohongshu. 

2. Based on the comparison results of the content marketing strategies of the two brands and 

the analysis results of Xinhong data (crowd/hot search word analysis), provide optimization suggestions for 

brand 1’s content marketing strategy on Xiaohongshu. 

3. Provide suggestions for the content marketing strategies of brand 1 and other Thai 

cosmetics brands on Xiaohongshu in the future. 

 

Literature Review 

1. Current Situation of Chinese E-commerce Market 

Driven by the rapid development of digital technology, the scale of Chinese e-commerce 

market has steadily expanded year by year and has gradually become one of the largest e-commerce 

markets in the world. In recent years, new models such as new retail, cross-border e-commerce, social 

commerce, content e-commerce and green e-commerce have been emerging, injecting new impetus 

into the development of the industry (Li et al., 2024). According to the data of the National Bureau of 
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statistics, Chinese e-commerce transaction volume reached 46.83 trillion yuan in 2023, an increase of 

9.4% over the previous year, including 15.43 trillion yuan of online retail sales, an increase of 11.0% 

over the previous year (National Bureau of Statistics, 2024). These data show that Chinese  

e-commerce market maintains a stable growth trend. E-commerce has been deeply integrated into the 

daily life of Chinese consumers and has become one of the main shopping methods (Liu, 2019). 

2. Overview of Social commerce Platform 

The development of social media has pushed e-commerce platforms onto the road of 

exploring socialization, and spawned a new business model, namely, social commerce (Ge, 2025). 

Social commerce is a new business model integrating social media and e-commerce. Its core is to 

attract consumers’ attention through user interaction, content sharing and recommendation, to affect 

consumers’ purchase decisions (Zhao, 2024). 

As an important social commerce platform in China, Xiaohongshu has unique characteristics 

and advantages in the market (Zhang, 2023). The content of the platform focuses on the in-depth 

experience sharing of products and brand recommendation (especially lifestyle and beauty products). 

Through user generated content (UGC) and community trust, it has won the favor of young user 

groups (Han & Wei, 2025). 

In addition, studies have shown that the core of social commerce is the emotional 

resonance and interactive feedback of consumers triggered by content, thus further promoting the 

dissemination effect of highly interactive content (Duan, 2021). Therefore, social commerce platforms 

are crucial for brands to broaden the consumer market (Li et al., 2025). 

3. Definition and Theory of SWOT 

SWOT is an analysis tool, which consists of four dimensions: strengths, weaknesses, 

opportunities and threats. By systematically analyzing the internal development (strengths and weaknesses) 

and external environment (opportunities and threats) of the enterprise or brand, identify the key 

factors affecting the development of the enterprise, and provide a clear reference framework for 

formulating targeted strategies (Ni, 2016). 

Due to the clear structure and logic of SWOT analysis method, in the research of digital 

marketing and cross-border e-commerce related fields, SWOT analysis is often used to systematically 

analyze the internal conditions and external environment of brands or cases in specific markets, and 

further used to identify the existing strengths and weaknesses of brands or products at the market level, 

as well as the opportunities and challenges in different markets (Gürel & Tat, 2017). 

In a word, the results of SWOT analysis can help brands promote product innovation, 

content optimization and marketing strategy formulation more specifically, so as to launch more 

feasible and effective content marketing strategies (Yang & Xing, 2024). 

4. Definition and Theory of Content Marketing 

Content marketing refers to that enterprises attract and retain clear or potential target 

audiences by creating and disseminating valuable content, and ultimately urge consumers to make 

behaviors that can bring profits to enterprises (Tang, 2025). The theoretical basis of content marketing 

is to provide consumers with valuable information, rather than directly promote products or services 

(Gu & Yao, 2023). 

With the rapid development of social media, content marketing has evolved from a 

traditional brand communication tool to an important tool for enterprises to shape brand image and 

strengthen links with consumers (Lei, 2025). Especially in social commerce, content marketing has 

further become an important method to influence consumers’ purchase decisions. By continuously outputting 

content with information value, emotional value and social value, users can gradually establish a trust 
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relationship with the brand (Li & Xu, 2024). At the same time, with the improvement of the accuracy 

of the platform for users' use of data, more and more studies have begun to focus on the data-driven 

content marketing analysis method, and evaluate the brand content performance through quantitative 

indicators such as posting frequency, content type, and interaction rate (likes, comments, and collections) 

(Zhang, 2023). This method makes the content marketing effect change from subjective judgment to data 

analysis that can be compared and measured and provides a solid method foundation and new channels for 

brands to formulate more accurate and effective marketing strategies (Cheng et al., 2022). 

Previous studies suggest that content marketing plays a critical role in building brand 

engagement and trust in social media environments (Holliman & Rowley, 2014; Pulizzi, 2012). 

5. Overview of Xiaohongshu 

Since its establishment in 2013, Xiaohongshu has evolved from an initial “overseas 

shopping guide” to a leading lifestyle sharing and social commerce platform in China. The platform 

focuses on picture & text and short videos as its core content, emphasizing the sharing of users’ real 

experiences, gradually forming a “product seeding culture”, which has a significant impact on 

consumer decision-making (Shao & He, 2020). Research shows that international cosmetics brands 

have a higher level of discussion on Xiaohongshu, and users are more likely to establish trust in the 

brand through authentic sharing, thereby driving product purchases. At the same time, the platform’s 

tagging system and intelligent recommendation mechanism can help brands accurately locate their 

target customers, becoming an important channel for international brands to enter the Chinese market 

(Liu, 2019). 

6. Current Situation of Thai Cosmetics in the Chinese Market 

Thai cosmetics are favored by young Chinese consumers with their high cost performance, 

natural ingredients and unique packaging (Tang, 2025). In particular, under the framework of the “belt 

and road” initiative and the regional comprehensive economic partnership agreement (RCEP), the 

economic and trade exchanges between China and Thailand have become more frequent, providing a 

more convenient market environment and logistics conditions for Thai consumer goods brands to enter the 

Chinese market (Xiao & Dai, 2025).In this background, more and more Thai cosmetic brands began to 

hope to enter the Chinese market through cross-border e-commerce platforms (Tang, 2025). 

From 2015 to 2019, the export scale of Thailand’s cosmetics continued to grow, with 

sales reaching US $7.27 billion in 2019, accounting for 6.7% of ASEAN’s market share. It is 

expected to grow to US $8.325 billion in 2024. This trend shows that Thai cosmetic brands have good 

growth prospects and development potential in the Chinese market (Li & Lin, 2021). 

Although Thailand cosmetics has certain competitive advantages in terms of products, it 

is still generally weaker than international brands and Chinese local brands that have been in the 

Chinese market for many years in terms of brand awareness and localization marketing ability (Feng, 

2024). Therefore, from “products are competitive” to “brands are recognized by the Chinese market”, 

Thai cosmetic brands still face marketing and communication challenges (Feng, 2024). 

 

Research Methodology 

In order to ensure the scientific of the research, this study uses the research and application 

methods of scientific data technology in e-commerce research (Chen, 2022). And combined with the 

content of this study, the adaptability was improved. And cause this study selected two well-known 

Thai cosmetic brands as the research object. In order to avoid negative impact on the brand, this study 

used “brand 1” and “brand 2” instead of them. The specific research steps of this study are as follows: 
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Picture 1: The flow chart of research steps 

 

1. Data collection 

The data used in this study were obtained from three sources between January and June 

2025: 1) All posts published on the official Xiaohongshu accounts of Brand 1 and Brand 2, including 

posting volume, content type (picture & text or short video), and user interaction indicators such as 

likes, comments, and collections. 2) Brand audience profile data and platform-level cosmetic-related 

hot search keyword trends from Xinhong Data(the official data analytics platform of Xiaohongshu), 

including audience characteristics such as gender, age, and interests. 3) Official brand introduction 

information released by Brand 1 and Brand 2 on Xiaohongshu.. 

2. Data filtering and cleaning 

This study will manage and preprocess the following types of data, filter invalid or 

missing records and handle incomplete posts to ensure the accuracy and consistency of the data set: 

1)The posts without interactive content (number of likes, comments and collections is 0) to ensure the 

validity of the data; 2) The posts with invalid links to ensure the accuracy of data; 3) For cosmetics 

hot search keywords, to ensure the validity of the experimental data, only 50 terms with the highest 

heat index are reserved. 

3. Data classification 

This study will classify the data according to the characteristics, including: content type 

(picture & text, videos), interactive data (likes, comments, collections, reading, interaction rate, 

average posting frequency). Focus on the proportion of target audiences (gender, age) of the brand, 

and the trend of popular search keywords for cosmetics on Xiaohongshu platform. 

The calculation formula of interaction rate is (Hootsuite, n.d.) (Quintly, n.d.) (Trunfio & 

Rossi, 2021): 

 

Interaction rate=
Number of likes+comments+collections

 Number of readings
×100% 

 

The calculation formula of average posting frequency is: 

 

Average posting frequency=
Total posts

Research time span (month)
 

 

These two indicators will be used to calculate and evaluate the content release frequency 

and content effectiveness of the brand on the Xiaohongshu platform. 
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4. Data analysis 

The purpose of this study is to analyze and compare the SWOT characteristics of brand 1 

and brand 2. Therefore, this study adopts the following analysis methods: 

4.1 Descriptive statistics 

 Statistics of brand 1 and brand 2’s official introduction information, the number of 

posts in Xiaohongshu, the proportion of content types, interactive data and interactive rate. And focus 

on the distribution proportion of the target audience of the brand and the trend of cosmetics hot search 

keywords on the platform.  

4.2 Inferential analysis - Independent samples t-test 

 In order to reduce the subjectivity in the process of SWOT classification and 

improve the preciseness of methodology, this study uses independent sample t-test to statistically test 

the mean difference between brand 1 and brand 2 in key content marketing performance indicators. 

The significance level is set as α=0.05, which is widely used in social science and digital marketing 

research to control the first type of error risk. The null hypothesis is set as that the mean difference 

between the two brands in relevant indicators is 0. When the test result is p<0.05, it is considered that 

the difference between the two brands is statistically significant (Wikipedia, 2026). 

 This study selected the following two variables for t-test analysis: 1）Interaction 

rate；2）Monthly posting frequency 

4.3 SWOT analysis 

 This study uses a hybrid SWOT framework, the following two dimensions are 

collected in a data-driven way, that is through the differences in the total number of posts, posting 

frequency, number of fans, and interaction rate, to identify the data-driven disadvantages of brand 1 

and the data-driven advantages of brand 2; Other SWOT dimensions (advantages, opportunities, 

threats) are identified by qualitative analysis based on the official information of the brand, existing 

literature, platform trends and market competition, so as to avoid the decline of theoretical interpretation 

ability caused by excessive data. 

4.4 Comparative analysis 

 Compare the differences between brand 1 and brand 2 in the number of posts, 

content type distribution, interaction rate, target audience and t-test results, and identify the gap 

between the two brands at the content marketing level. 

5. Data visualization and result presentation 

In order to facilitate the description of data analysis results, this study will use pie charts, 

bar charts and tables to show and compare the popularity of the cosmetics hot search word trend in 

Xiaohongshu, the target audience, content composition, interactive distribution of brand 1 and brand 2 

in the platform, as well as the systematic summary and display of SWOT results. 

 

Results  

1. Data collection results  

The data collected in this study include three components: 1) Brand introduction 

information released by Brand 1 and Brand 2 on their official Xiaohongshu accounts. 2) A total of 18 

posts from Brand 1 and 379 posts from Brand 2 published between January and June 2025 were 

collected for content analysis. 3) Target audience data of both brands and platform-level cosmetic-

related hot search keyword trends were obtained from Xinhong Data. 
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2. Data filtering and cleaning results 

The initial data collected in this study were 397 posts. After screening and cleaning, 376 

posts were retained for research, accounting for 94.71% of the initial data. The reasons for deleting 

the data are as follows: 1). delete the posts without interactive content (number of likes, comments 

and collections is 0) to ensure the validity of the data: a total of 18 posts have been deleted; 2). delete 

posts with invalid links to ensure the accuracy of data: a total of 3 posts were deleted. 3). only keep 

the top 50 hot cosmetic search terms. 

3. Data classification results 

This study classifies the data according to the different data characteristics of brand 1 and 

brand 2, including the following categories: content types (picture & text, videos), interactive data 

(likes, comments, collections, reading, interactive rate and average posting frequency). The target 

audience of brand 1 and brand 2, and the trend of cosmetics hot search words on the platform. 

4. Data analysis results 

After completing the data analysis, the data analysis results of this study are as follows: 

4.1 Descriptive statistics result: 

 After data collection and summary, Brand 1 is identified as a Thai cosmetic brand 

founded in 2002. The brand positions itself with characteristics including high cost performance, 

vegan formulation, mild and non-irritating ingredients, and product purity. During the research period 

from January to June 2025, Brand 1 published a total of 15 posts on Xiaohongshu. Among these, 8 

posts were picture-and-text content, accounting for 53% of the total, while 7 posts were video content, 

accounting for 47%,  

 Interaction situation: from January to June 2025, brand 1’s posts on Xiaohongshu 

got a total of 69 likes, 13 collections, 2 comments and 4208 readings; The average interaction rate was 

1.86%; The average posting frequency was 2.50 posts per month. As shown in Picture 2: 

 

 
 

Picture 2: The chart of content types and content interaction situation of distribution of brand 1 

 

 After data collection and summary, Brand 2 is identified as a Thai-origin cosmetic 

brand that has entered the Chinese market. The brand characteristics include product quality emphasis, 

high market visibility, cultural communication orientation, and specialized research on tropical 

cosmetic products. During the research period from January to June 2025, Brand 2 published a total of 

361 posts on Xiaohongshu. Among these, 265 posts were picture-and-text content, accounting for 

73% of the total, while 96 posts were video content, accounting for 27%. Interaction situation: from 

January to June 2025, brand 2’s posts on Xiaohongshu got a total of 363,408 likes, 61,518 collections, 
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105,666 comments and 4208 readings; The average interaction rate was 3.12%; The average posting 

frequency was 60.17 posts per month. As shown in Picture 3: 

 

 
 

Picture 3: The chart of content types and content interaction situation of distribution of brand 2 

 

 The target audiences of brand 1 and brand 2 are as follows:  

 

Table 1: Target audiences situation of brand 1 and brand 2 

Target audience Gender Age Interested 

Brand 1 Men 8.11% 

Women 91.88% 

less than 18 years old (64.38%) 

18-24 years old (25.80%) 

25-34 years old (4.43%)  

35-44 years old (3.38%) 

More than 44 years old (1.99%) 

Material (9.4%) 

Film and television (7.18%)  

Entertainment (5.9%) 

Brand 2 Men 5.51% 

Women 94.48% 

18-24 years old (36.68%) 

25-34 years old (36.46%) 

35-44 years old (11.43%)  

Less than 18 years old (10.45%) 

More than 44 years old (2.56%) 

Cosmetics (6.49%) 

Fashionable (6.29%) 

Food (6.20%) 

 

 Through the hot search words information collection of the Xinhong data, this study 

sorted out 50 hot search words related to cosmetics, which were the most popular. In order to facilitate 

viewing, this study summarized and removed duplicate words in the form of word cloud. As shown in 

Picture 4: 

 

 
 

Picture 4: Top 50 hot search words for cosmetics 
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4.2 Inferential Analysis - T-test Analysis  

 Sample description: brand 1 group (n=15), average interaction rate=0.01861; brand 2 

group (n=379), the average interaction rate=0.02975. Variance: the variance of brand 1 group is 

minimal (0.00000778), and the variance of brand 2 group is large (0.000187), so t-test two-sample 

assuming unequal variances is adopted. The test results of the interaction rate of post content are 

shown in the table 2: 

 

Table 2: T-test of single post interaction rate 

T-Test: Two-Sample Assuming Unequal Variances 

  Variable 1 Variable 2 

Mean 0.018610801 0.029747108 

Variance 7.77947E-06 0.000186615 

Observations 15 379 

Hypothesized Mean Difference 0  
df 51  
t Stat -11.07545689  
P(T<=t) one-tail 1.76797E-15  
t Critical one-tail 1.67528495  
P(T<=t) two-tail 3.53594E-15  
t Critical two-tail 2.00758377   

 

 Sample description: both groups are n=6, the average monthly number of posts in 

brand 1 group=2.5, and the average monthly number of posts in brand 2 group=60.17. Variance: 

brand 1 group variance=37.5, brand 2 group variance=820.97, the difference is obvious, so t-test two-

sample assuming unequal variances is adopted. The test results of monthly posting frequency are 

shown in the table 3: 

 

Table 3: T-test of monthly posting frequency 

T-Test: Two-Sample Assuming Unequal Variances 

  Variable 1 Variable 2 

Mean 2.5 60.16666667 

Variance 37.5 820.9666667 

Observations 6 6 

Hypothesized Mean Difference 0  
df 5  
t Stat -4.821018025  
P(T<=t) one-tail 0.002397073  
t Critical one-tail 2.015048373  
P(T<=t) two-tail 0.004794146  
t Critical two-tail 2.570581836   

 

4.3 SWOT analysis results 

 After the previous research, this study summarizes the strengths, weaknesses,  

opportunities and threats of brand 1 and brand 2 through manual annotation. The SWOT dimension of 

brand 1 and brand 2 are as follows: 
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Table 4: SWOT dimension of brand 1 

Strengths 

1. High-cost performance. 

2. Natural and environmentally friendly ingredients, mild 

and non-irritating. 

3. Good reputation in Thailand. 

Weaknesses 

1. Low content update frequency 

2. Low content interaction rate and insufficient user 

participation 

3. The number of Posts output is insufficient, and it is 

difficult to form a sustained “planting grass”effect 

Opportunities 

1. The content dissemination potential of Xiaohongshu 

platform. 

2. Cosmetics-related keywords are highly popular on the 

platform. 

3. Opportunities brought by social commerce. 

Threats 

1. Market competition pressure of brand 2 and other 

cosmetics brands 

 

Table 5: SWOT dimensions of brand 2 

Strengths 

1. High content update frequency. 

2. Large proportion of picture & text content. 

3. The content focuses on the brand’s international 

popularity and product reputation. 

4. High content interaction rate. 

Weaknesses 

1. Uneven distribution of interaction due to high 

frequency of content release 

Opportunities 

1. The content dissemination potential of Xiaohongshu 

platform. 

2. Opportunities brought by social commerce. 

3. Cosmetics-related keywords are highly popular on the 

platform. 

Threats 

1. Market competition between other international brands 

and Chinese local brands 

 

4.4 Comparative analysis 

 In terms of the number of Posts and update frequency, brand 2 (361 posts and 60.17 

monthly update frequency) is much higher than brand 1 (15 posts and 2.50 monthly update frequency); 

In terms of content type distribution, both brands are mainly based on picture & text content, but the 

proportion of picture & text content in brand 2 (73%) is higher than that in brand 1 (53%); In terms of 

interaction rate, brand 2’s interaction (3.12%) is better than brand 1’s (1.86%). The main audience of 

the two brands are: the main audience of brand 1 is women (91.88%) under the age of 18 (64.38%) 

and women aged 18-24 (25.80%); The main audience of brand 2 is women (94.48%) aged 18-24 

(36.68%) and 25-34 (36.46%). The audiences of the two brands overlap. 

 Through the independent sample t-test (t-test: two-sample assuming unequal 

variances） of the interaction rate of Thailand cosmetics brand brand 1 and brand 2 on Xiaohongshu 

platform, the results showed that there was a significant difference in the interaction rate between the 

two brands (t=-11.08, P<0.001). Among them, the average interaction rate of brand 2 is significantly 

higher than that of brand 1, indicating that brand 2 performs better in content interaction efficiency. 

The independent sample t-test results of monthly posting frequency of brand 1 and brand 2 showed 

that there were also significant differences in post frequency between the two brands (t=-4.82, 

P=0.0048). The average posting frequency of brand 2 is significantly higher than that of brand 1, 

indicating that brand 2 has obvious advantages in content update rhythm and platform activity. 
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5. Main findings 

5.1 The distribution of content types is significantly different 

 Descriptive statistics show that brand 2’s content is mainly in the form of picture & 

text, accounting for 73%, while brand 1’s picture & text content accounts for 53%, and the proportion 

of short videos is relatively high.  

5.2 The significant gap in the frequency of content release 

 The average monthly posting frequency of brand 2 was 60.17, which was significantly 

higher than that of brand 1 (2.50). The results show that brand 2 maintains high platform exposure 

through continuous and high-frequency content output, while the content update rhythm of brand 1 is 

relatively unstable. 

5.3 The significant is difference in the level of interaction rate 

 From the perspective of average interaction rate, the interaction rate of brand 2 is 

3.12%, higher than 1.86% of brand 1. Further, through independent sample t-test, it is found that the 

average difference in the interaction rate between the two brands is statistically significant (P<0.05), 

indicating that the difference is not caused by random fluctuations, but reflects the systematic 

difference in content marketing performance between the two brands. 

5.4 Brand differences revealed by SWOT 

 SWOT analysis indicates that brand 2 has achieved a high level of interaction 

through high-frequency content, but its threats come from the competition between international 

brands and Chinese local brands, as well as the pressure to maintain continuous high-frequency 

output. The strengths of brand 1 lie in its high-cost performance and mild composition, but its 

weaknesses lie in the lack of content updates and low interaction rate. The platform characteristics of 

Xiaohongshu and the rise of social commerce have brought opportunities for it, but it also faces the 

competitive pressure from brand 2 and international brands. This comparison shows that the two 

brands have different compositions in Xiaohongshu’s content marketing strategy. 

5.5 The difference of interaction rate provides a statistical basis for data driven SWOT 

 This study verified the significant difference between brand 1 and brand 2 in the 

average interaction rate by independent sample t-test (P<0.05). This result provides quantitative 

support for brand 2’s “strengths (S)” and brand 1’s “weaknesses (W)” in the SWOT analysis, reduces 

the uncertainty caused by subjective judgment in the traditional SWOT analysis, and makes the 

SWOT conclusion more repeatable and scientific. 

5.6 The positive relationship between the frequency of content release and interactive 

performance 

 Combined with descriptive statistics and the comparison of interaction rate, it can be 

found that the brand with high content publishing frequency (brand 2) is significantly better than the 

brand with low content publishing frequency (brand 1) in the overall interaction rate. Although high-

frequency publishing may lead to uneven distribution of single content interaction, on the whole, stable 

and high-frequency content output helps to improve the algorithm exposure and user participation of 

brands in the platform.  

 

Discussion 

1. The relationship between content release frequency and interaction rate 

The results of this study show that brand 2’s content publishing frequency during the 

study period is significantly higher than that of brand 1 (60.17 items per month ＞ 2.5 items ), and its 

average interaction rate is also significantly higher (3.12%>1.86%). Further independent sample t-test 

results show that the average difference in the interaction rate between the two brands is statistically 
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significant (P<0.05), indicating that the difference between the release frequency and the interaction 

performance is not accidental, but systematic. 

The higher release frequency will help the brand to continuously obtain exposure 

opportunities on Xiaohongshu platform and improve the probability of content being touched by users 

through the algorithm recommendation mechanism, thus bringing a higher overall level of interaction. 

Therefore, it is very important to find a balance between publishing frequency and content quality. 

Brand 1 can combine its own advantages and brand status, gradually increase the frequency of content 

updates by imitating brand 2’s high-frequency content strategy, and improve the actual interactive 

effect of content by strengthening interactive guidance. 

2. Differences in content and form affect the communication efficiency of brand 

information 

From the perspective of content structure, brand 2 is mainly picture & text content, which 

can systematically display product information, usage and brand background, and is more in line with 

Xiaohongshu users’ habits of “planting grass” and information preservation. However, the content of 

brand 1 is relatively scattered, and some of the core selling points of the brand are not continuously 

and clearly presented in the content, which makes it difficult for users to quickly perceive and 

feedback the brand advantages. This shows that the choice of content form not only affects users’ 

real-time interactive behavior, but also directly relates to the understanding efficiency and 

communication depth of brand information. Therefore, if brand 1 wants to improve brand awareness 

and achieve higher content interaction rate, it needs to pay more attention to the role of picture & text 

content in explaining product selling points and brand value. 

3. The formulation of brand content marketing strategy needs to combine brand 

characteristics 

Through the comprehensive analysis of the official brand information and the contents of 

Xiaohongshu, it can be found that brand 2 has successfully integrated its brand advantages into 

platform content marketing, so that the brand image has high consistency and recognition in the 

content. In contrast, brand 1 did not show its product advantages, and the frequency and clarity of 

these core selling points in the content of Xiaohongshu are still limited, which has not been fully 

translated into the brand value that users can perceive. 

Therefore, brand 1’s future content marketing strategy should focus more on “spreading 

the core value of the brand” and express it in the form of content that users can easily understand and 

accept, such as displaying natural ingredients or product development process through short videos or 

explaining environmental protection concepts through picture & text system. This content strategy 

based on the brand’s own advantages helps to enhance consumers’ cognition and trust in the brand, so 

as to enhance the effect of content marketing.  

4. The impact of brand development stage differences on content marketing strategy 

selection 

The results show that the content performance differences of the two brands on the 

Xiaohongshu platform are closely related to the brand development stage. brand 2, as a Thai 

cosmetics brand with a certain popularity in the Chinese market, its content marketing strategy is 

more inclined to large-scale output and brand image consolidation; While brand 1 is still in the stage 

of brand entry and cognition establishment, it has not yet formulated corresponding content strategies 

for this stage. 

For cross-border brands at an early stage, the focus of content marketing should be on 

brand cognition construction and core value communication, rather than scattered product exposure. If 
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the content strategy fails to match the brand development stage, even if it has certain product 

advantages, it is difficult to form a stable degree of user interaction and brand communication on the 

platform. 

5. The suggestions on the optimization of brand 1’s content marketing strategy 

Combined with the results of this study, it can be seen that the content marketing of brand 

1 on Xiaohongshu platform mainly has problems such as low release frequency, insufficient interaction rate 

and insufficient presentation of brand core selling points, resulting in the brand failing to effectively 

stimulate user participation and continuous attention. Based on the above findings and combined with 

the characteristics of platform data, this study believes that brand 1 can further optimize its content 

marketing strategy from the following aspects: 

1) Formulate a relatively stable and sustainable content release plan and gradually 

increase the release frequency to enhance the exposure of the brand in the platform. 

2) Optimize the content according to the characteristics and interests of the target 

audience. According to the target audience analysis of Xinhong data, the potential audience of brand 1 

is mainly young female users. In the process of content planning, brand 1 should produce more 

creative and attractive content in combination with the content interested by the target audience to 

enhance the matching degree between the content and user needs, to enhance the willingness to 

interact. 

3) Reasonably balance the proportion of content forms, strengthen the role of picture & 

text content in the communication of brand ideas and product selling points, and improve the 

efficiency of information communication and content retention through structured content (such as 

summary of key points and description of use steps). 

4) Reasonably use hot search keywords and hashtags on the platform to enhance content 

exposure. Based on the hot search word analysis results of Xinhong data, brand 1 can reasonably 

embed the hot keywords and hashtags related to cosmetics, skin care and lifestyle in the title and body 

of the current platform. Better improve the exposure probability of content in the platform search and 

recommendation system, to expand the potential reach range and improve the interactive performance. 

5) Strengthen the interactive guidance mechanism in the content, such as raising user 

participation by asking questions, sharing usage scenarios, etc. 

6) Make full use of the platform characteristics of Xiaohongshu’s “planting grass 

culture”, continuously output the content with “planting grass attribute” around the core advantages of 

the brand, the real use scenarios of the product and the user experience, enhance the credibility and 

persuasiveness of the content, and enhance the brand identity and trust. 

Through the above optimization strategy based on data analysis and platform characteristics, 

brand 1 can gradually form a clearer and more recognizable brand image in Chinese social commerce 

market and effectively improve its overall content marketing effect on the Xiaohongshu platform.  

6. Research Limitations 

Although this study is based on data and has made contributions to the entry of Thai 

products into the Chinese market, there are still some limitations. First of all, this study only focuses 

on the two Thai cosmetics brands on the Xiaohongshu platform, which may limit the universality of 

the research results to other industries, brands or social e-commerce platforms. Secondly, the data 

used in this study are only from the official account of the brand from January to June 2025. Although 

these data can reflect the brand's content marketing strategy, they do not include user generated 

content or key opinion leader content, which also plays an important role in xiaohongshu's communication 

ecosystem. Third, the uneven number of posts of the two brands reflects the differences in their 

development stages and platform activity, which may affect the comparison results to a certain extent. 
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Finally, this study mainly relies on quantitative indicators such as posting frequency and interaction 

rate, while deeper qualitative factors such as content creativity, visual design and story telling effect 

have not been fully investigated. Future research can expand the data set, include more brands and 

platforms, and combine qualitative analysis to further deepen the understanding of cross-border 

content marketing strategies. 

 

Conclusion 

Based on the data-driven SWOT analysis framework, this study systematically evaluated the 

content marketing performance of Thailand cosmetic brand brand 1 and brand 2 on the little red book 

platform, and compared and analyzed the differences in the release frequency, content form, target 

audience and user interaction effect between them. Through data collation, descriptive statistical 

analysis, independent sample t-test and SWOT analysis of the platform trend of the content data of the 

official brand account in the Xiaohongshu and the Xinhong data from January to June 2025, the 

research has improved the objectivity and repeatability of the traditional SWOT analysis in digital 

marketing research to a certain extent. 

The results show that brand 2’s content marketing performance on Xiaohongshu is better than 

brand 1, and its high-frequency and stable content publishing strategy can effectively improve user 

interaction and brand exposure, which constitutes its important competitive advantage in the Chinese 

market. In contrast, also brand 1 has certain advantages in product positioning and brand concept, but 

there are still obvious deficiencies in content update frequency, interactive guidance and brand core 

value communication, which limits its communication effect on the platform. 

This study believes that Xiaohongshu provides an important channel for cross-border 

cosmetics brands to enter the Chinese market for content dissemination and user communication, but 

the formulation of content marketing strategy must be combined with the brand development stage, 

target audience characteristics and platform content ecology to avoid simply copying the operation 

mode of competitive brands. Based on the research results, this study puts forward operable content 

marketing optimization suggestions for brand 1 and provides a reference for the content marketing 

practice of other Thai and cross-border cosmetics brands on China's social commerce platform. Future 

research can further introduce user generated content and KOL data to expand the breadth and depth 

of research. 
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Abstract 

Corporate venture capital has been regarded as an important source of funding and a strategic 

partner that could provide complementary assets that are essential for the startup. There is not much 

study on the corporate venture capital in Southeast Asia even though it has contributed significant 

funding amount and frequently together with venture capital provided non-financial support to its 

invested startups. Using recent data from 2018 to 2025 from the six Southeast Asian economies,  

we conduct regression analysis to explore how corporate venture capital and venture capital impact 

startup funding. The results reveal interestingly that corporate venture capital has more impact when 

being a syndicated participant while venture capital has more impact when being a lead investor.  

The findings reveal different but complementary roles in the syndicated funding structure which are 

beneficial to startup founders, corporate venture capitalist and policymakers. 

 

Keywords:  Corporate Venture Capital, Venture Capital, Startup Financing, Syndication, Southeast Asia. 

 

Introduction 

Corporate venture capital (CVC) has long been regarded as an important source of external 

funding for startups (or new ventures). Studies have shown that corporate venture capital who has 

both financial and strategic purposes are more beneficial to startups than independent venture capital 

(IVC) whose focus is on the financial purpose. According to the NVCA (National Venture Capital 

Association) 2025 Year Book which data was provided by Pitchbook, corporate venture capital 

contributed to about 55% of funding raised by U.S. startups even though corporate venture capital 

participated in about 17% in term of the number of deals. 

However, most studies on corporate venture capital and startup were conducted in U.S., EU 

and China respectively. Few studies are focusing on Southeast Asia countries even though there are 

growing number of unicorn startups in last few decades, on post-COVID19 era (after 2020). From 

2001-2021 most studies were on U.S. (24%), China (6%), UK (2.6%), Germany (2.3%), Canada 

(1.3%) and other countries (less than 1% each), it is noteworthy that majority studies (68%) are 

relying on archival data (Cumming et al., 2023). 

It is important to revisit the relationship between corporate venture capital and startup, 

especially to study on other countries which we could expect similar or different results from previous 

studies. Confirmation from this study may provide new insights, enhance understanding of startup 

financing for investors (including angel investors, independent venture capital, or corporate venture 

capital), startups, and policymakers. This study focuses on the six largest economies in the Southeast 

Asia: Indonesia, Malaysia, the Philippines, Singapore, Thailand and Vietnam. According to CB Insights 



The 16th National and the 12th International PIM Conference 2026 

April 29, 2026 

2 

Global Unicorn Club, as of 3 July 2025, there were 1,277 unicorn startups globally; 27 unicorn 

startups were from these six countries, no other unicorn from other five Southeast Asia countries 

(Brunei, Cambodia, Laos, Myanmar, and Timor-Leste). 

From deal structuring perspective, investors are generally preferred to co-investment with 

other investors as they could diversify the risk, expand their deal selection and investment and share 

information on current and future investment. Accordingly, from the view of corporate venture capital 

that has complementary assets and knowledge in a specific industry, we would expect that the 

participation in the investment round by corporate venture capital would be beneficial to the startups; 

especially, corporate venture capital may prefer to be a lead investor for the round. This study thus 

expects to bring new empirical evidence that could illustrate and increase our understanding of how 

startup and their important investors (corporate venture capital and venture capital) interact through 

the study of funding round. 

 

Research Objective 

To empirically investigate the association between startup and corporate venture capital 

through the startup funding round data. The study aims to explore recent funding round data from 6 

Southeast Asia economies. Specifically, this study is guided by two sub-objectives: 

1. To examine the impact of strategic investor participation, evaluating whether the presence 

of corporate venture capital and venture capital as syndicated participant benefits startup funding 

amounts. 

2. To examine the impact of strategic investor leadership, evaluating whether corporate 

venture capital or venture capital drives higher funding outcomes when acting either as a lead or co-

lead investor. 

 

Literature Review 

1. Importance of corporate venture capital and venture capital as essential sources of 

funds for startups 

1.1 History of venture capital and corporate venture capital 

 The origin of venture capital can be dated back to 1940s., Jeng and Wells (2000) 

regard the American Research and Development, which was founded as publicly traded closed-end 

fund in Massachusetts in 1946 as the first modern venture capital organization. The first venture 

capital limited partnership, an organization form that is typical in the present day, is Draper, Gaither 

and Anderson which was founded in 1958 (Gompers & Lerner, 2001). 

 After a slow start in 1940s, venture capital investment has both boom and downturn 

periods, where investment seem to be specific to a particular industry. Gompers et al. (2008) provide 

that there were significant investment in scientific instrument companies in the 1960s, then investment 

were focused in personal computer and hardware in the 1980s, and on the internet and telecommunication 

in the late 1990s. During 1980s and 1990s, venture capitalist backed many reputable high-technology 

companies such as Apple Computer, Cisco Systems, Microsoft and Sun Microsystems (Gompers & 

Lerner, 2001).  

 Companies were also actively investment in venture capital since around 1960s, but 

the growing of corporate venture capital program started around 1990s (Rossi et al., 2020). 

Companies systemically set up their own corporate venture capital program and made investment in 

ventures directly as they saw the “window on new technologies” (Drover et al., 2017; Pinkow & 

Iversen, 2020). In the recent years up to 2018, Rossi et al. (2020) found that the focus of corporate 
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venture capital were heavily focus on technology sector: internet, mobile, artificial intelligence and 

cybersecurity. 

1.2 Investment contribution by venture capital and corporate venture capital: Global, U.S. 

and Southeast Asia Perspectives 

 These days corporate venture capital has been regarded as an important source of 

corporate innovation for companies that are looking for competitive advantages outside of the 

organization; meanwhile, corporate venture capital is a significant investor in the startup funding 

market (Benkraiem et al., 2023; Huang & Madhavan, 2021; Ma, 2020). 

 From the global perspective, according to CB Insights recent reports (State of CVC 

Q1’25 Report, published on 29 April 2025 and State of Venture Q2’25 Report, published on 10 July 

2025, available on CB Insights website), the global corporate venture capital activity may be a bit 

decrease from its peak in 2021, but corporate venture capital still contributes largely to the overall 

venture market both number of deals and funding amount: corporate venture capitals roughly involve 

about 12% of total deals which represent 18% of funding amount. In addition, while U.S. corporate 

venture capital dominates in terms of total amount funding (70% of total funding amount, following 

by Europe of 19%), Asia corporate venture capital dominates in term of deal volume, and early-stage 

deals represent 65% of all corporate venture capital activity in 2025 YTD (in 2021 early-stage deal 

was about 58%, 2022: 64%, 2023: 65% and 2024: 65%). 

 From the U.S. perspective, according to NVCA reports (National Venture Capital 

Association (NVCA) 2025 Yearbook and Venture Monitor Q2’25 which data provide by Pitchbook, 

both reports are available on NVCA website), corporate venture capital contribute to 55% of amount 

funding (approximately $118.6 billion out $215.4 billion) but represent about 17% in term of total 

deals in 2024. For the first half of 2025, the number grow to 67.6% of the amount of funding and 

22.3% of total deals. It is noteworthy that in 2025, AI companies represent about 42% of all corporate 

venture capital deals. And, consistent with the growing importance of corporate venture capital, the 

55% share of total amount funding in 2024 is a record high, while in 2014 and 2010, the corporate 

venture capital represented about 40% and 28% respectively. 

 From the Southeast Asia perspective, according to the report by OECD: Start-up 

Asia Chasing the Innovation Frontier (published on 21 May 2025, available on OECD website), over 

the period 2020-2022, corporate venture capital contributed for 36% of all deals in Thailand, for 40% 

of all deals in Indonesia, and about 17% of all deals in Singapore and Vietnam. In addition, Singapore-

based venture capital and corporate venture capital are often the most active investors in Southeast 

Asia. For Malaysia and the Philippines, another report by BCG: Advancing Malaysia’s Innovation 

Landscape: The Pivotal Role of Corporate Venture Capital (published on 15 November 2024, 

available on BCG website) provides that corporate venture capital contributes in term of amount of 

funding by 21% and 66% for Malaysia and the Philippines during the 2021 to the first half of 2024 

period respectively. 

1.3 Differences between venture capital and corporate venture capital 

 Unlike corporate venture capital who often pursue both financial and strategic goals, 

the focus of independent venture capital is solely on achieving the financial return for their investors 

(normally called “limited partner” or “LP” while the person or entity that taking the role of venture 

capital fund management is called “general partner” or “GP”). Though independent venture capitalist 

may offer other value added services to their portfolio companies (investees) such as strategy formulation, 

administrative support, personnel recruitment or networking their backed companies to investors, their 

services are purposely for the later financial return typically through the initial public offering (IPO) 

or acquisition of such portfolio company (Ma, 2020; Sapienza, 1992). 
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 Gompers and Lerner are probably among the first who provide how independent 

venture capital and corporate venture capital are different (Gompers & Lerner, 2000, 2001). Corporate 

venture capital is though still interested in the financial return, its focus is on strategic goals. Studies 

have found that the focus of majority corporate venture capitals are strategic reasons especially in 

seeking innovation from the outside for the benefit of the company (Chemmanur et al., 2014; 

Dushnitsky & Lenox, 2005a, 2005b, 2006). It is noteworthy that Dushnitsky and Yu (2022) found that 

in China, company engaging in corporate venture capital investment is to strategically expand its 

market growth rather than focus only on the technological purposes. 

 Apart from general organization and governance structure in which corporate 

venture capital is set-up and managed by its company while venture capital fund is normally set-up 

independently by often veteran investors or investment professional. Another key difference is the 

limited timeframe which naturally affect the risk tolerance of independent venture capital. The typical 

life cycle of independent venture capital fund is 8-10 years where most of the investments be made in 

early period then harvesting its investment in the remaining period up until such fund need to be 

closed and return investment to its investors. However, corporate venture capital normally does not 

have limited timeframe (Lerner & Nanda, 2020). Combining the nature of unlimited timeframe and 

focus more on strategic goal, corporate venture capital thus has higher risk tolerance than venture 

capital; especially, when the portfolio company is in the development process (Ma, 2020). The high 

risk tolerance of corporate venture capital is more apparent when its parent is looking for “radical 

innovation” which normally has high uncertainty and risk in its nature (Weber & Weber, 2007). 

 It is noteworthy to mention that some scholars illustrate that despite focusing on 

strategic goal and looking for innovation from young venture, corporate venture capital may in some 

scenarios have lower risk tolerance than independent venture capital due to its parent characteristics. 

In respect of the parent company does not familiar with investment or managing of high risk and fast 

paced venture, such company may hesitate to invest in new venture (Chesbrough, 2002). Dushnitsky 

and Lenox (2006) also observe from literature that corporate venture capital investment is more 

volatile than and sometimes the average life span of corporate venture capital fund is shorter than that 

of independent venture capital funds. Recent evidence from China, Lu and Li (2024) who studied the 

A-share listed companies on the Shanghai and Shenzhen stock markets from 2007 to 2021 found that 

the duration and investment period is relatively shorter than the U.S. listed companies. 

1.4 Why corporate venture capital is a better investor for startup? 

 In addition to the differences between independent venture capital and corporate 

venture capital previously discussed, this section discusses from the perspective of startups on why 

corporate venture capital may be a better investor for them in which perspectives and in what issues 

that startups should be cautious. 

 Startups, being young and perceived as high failure rate, face a problem of newness. 

They generally have problems with availability of financing, access to market, access to talent; in 

addition, they may lack some technology or business expertise needed for growth that are not their 

founders strength (Dushnitsky & Lenox, 2005b). Corporate venture capital not only can provides 

financial support like independent venture capital or other investors, it can also provide non-financial 

resources that are essential for startup which modern literature use the term “complementary assets” 

(Haslanger et al., 2023). Alvarez-Garrido and Dushnitsky (2016) provide that startups receive benefits 

from corporate venture capital in many different ways: an access to rare raw materials, use of 

laboratory or testing facilities for product testing and development, access to the corporate network, 

advice or assistance relating to sales or marketing. These complementary assets are sometime unique 

that startups could not easily develop or acquire themselves (Gompers & Lerner, 2000; Guo et al., 
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2015; Maula et al., 2005; Park & Steensma, 2012; Weniger et al., 2023). Choosing the suitable investors in 

consideration of non-financial resources is also consistent with the resource dependence theory from the 

strategic management literature (Shuwaikh & Dubocage, 2022), the resource dependence theory is in 

opposite of resource-based view which focuses on firm’s unique internal strength, this theory is rather 

looking for external resources in order to enhance the competitive advantage (Grant, 1991; Hillman et 

al., 2009; Spender, 1996). This is essential for startup survival and growth (Riepe and Uhl, 2020). 

 Also, in receiving an investment and collaborating with corporate venture capital 

and its parent, startup gains legitimacy as an investment by corporate venture capital suggest a proven 

of startup potential, this signals positive expectation, enhances creditability and improving awareness 

to the market (Maula et al., 2005; Weniger et al., 2023). 

 Despite benefits for startups, there are disadvantages of having corporate venture 

capital as an investor; especially, the risk of knowledge misappropriation. It is unavoidable that in an 

investment decision process, the due diligence process is normally conducted by potential investor. 

Startups need to disclose proprietary information about their innovation or technology to the investor 

(Dushnitsky & Lenox, 2005b), there is a concern that investor may expropriate the innovation 

(Dushnitsky & Lenox, 2006; Park & Steensma, 2012). Dushnitsky and Shaver (2009) provided that in 

the industry where patent protection is considered effectiveness (such as pharmaceuticals industry), 

the relationship of corporate venture capital and startups from the same industry is more likely to be 

formed; however, the relationship is unlikely for the industry where patent protection is considered 

weak (such as telecommunication, computer equipment, semiconductors and software industries). 

 From the perspective of startups that would like to exit by IPO which is generally 

yield higher returns than exit by acquisition, that corporate venture capital normally prioritizes 

strategic goals over financial goals also affect the exit route. Guo et al. (2015) studied U.S. startups 

who received investment from either independent venture capital or corporate venture capital during 

1980 to 2004 and eventually exit through IPO or acquisition, the authors found that startups whom 

were backed by corporate venture capital take longer period of time to exit than those backed by 

independent venture capital; however, the higher amount of funding by corporate venture capital led 

to higher probability of exit as well. In a more recent U.S. study with IPO startups during 1998 to 

2020, Benkraiem et al. (2023) found consistent result with Guo et al. (2015) that corporate venture 

capital backed startups received higher valuation at IPO relative to independent venture capital backed 

startups; especially, for those that having technological fit with the corporate venture capital 

(matching technological fit by four digit SIC codes). Another study by Weniger et al. (2023) through 

online survey from German startups in 2018 found that startups who striving for an IPO exit are 

unlikely to choose corporate venture capital. In short, literature suggests that for startups who prefer 

shorter time to exit, they should choose independent venture capital over corporate venture capital 

(Guo et al., 2015; Weniger et al., 2023); however, if higher IPO valuation is matter, corporate venture 

capital will lead to better IPO valuation for startups (Benkraiem et al., 2023; Maula et al., 2005). 

1.5 Why corporate venture capital invests in startups? 

 The priority of a company engaging the corporate venture program is on strategic 

goals rather than financial goals (Haslanger et al., 2023; Maula et al., 2005). This section discusses 

benefits that company could expect from the startups, portfolio companies, investing through its 

corporate venture capital program. 

 Accessing to the innovation and new technologies are well-regarded as priority 

objectives of most corporate venture capital. Corporate venture capital can keep monitoring new and 

potential disruptive technologies that may either threaten or complement the core businesses of a 

company (Pinkow & Iversen, 2020; Rossi et al., 2020). An investment and collaboration with a 
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startup can help facilitating the transfer of technological knowledge, which company may use for its 

own product development (Basu et al., 2011; Wadhwa et al., 2016). Pinkow and Iversen (2020) also 

suggested that by collaborating with the portfolio companies through licensing or integrate that startup 

products, company can improve its own technology or even increase internal R&D efficiency. This 

perspective of open innovation framework is also mentioned by scholars (Anokhin et al., 2025; 

Chesbrough, 2002; Gutmann et al., 2023). 

 Drawing from finance literature, an investment in startup can also be explained by 

the concept of real option. By investing a small amount of investment in early stage startup which 

normally high risk and high certainty, company has option in hand of whether to follow the 

investment in next rounds, continue working with such portfolio companies or even considered 

acquisition (Ceccagnoli et al., 2018; Shuwaikh et al., 2024). 

 From the innovation management literature, corporate venture capital is regarded as 

one of mechanism for an established company to look for radical or disruptive innovation as these 

types of innovation normally require new knowledge that does not currently in the possession of a 

company (Weber & Weber, 2007), since by their nature, startups are normally come up with 

innovative idea, product or business model. Corporate venture capital can be seen as “window on 

technology” that help incumbents exploring for new ideas, practices and technologies while they 

manage or exploit the current competitive advantage (Dushnitsky & Lenox, 2005a; Dushnitsky & 

Shaver, 2009; Park & Steensma, 2012; Rossi et al., 2019, 2021). 

2. Effect of syndicated funding structure 

2.1 Advantages 

 It is common for investors to participate in financing as one of syndicated investors. 

Syndication is typically viewed as an investment mechanism that provide benefits to investors such as 

(i) access to deal flow and even reciprocal investment which an investor expect the other to join in the 

future deal (Hochberg et al., 2007); (ii) receive second opinion by checking with syndicated 

participants, this generally mitigates uncertainty and leads to better investment selection (Bayar et al., 

2020; Tian, 2012); and (iii) investors not only diversify risk through syndication, this also allows them 

to participate in more deals (Mäkelä & Maula, 2008). In a syndication, syndicated parties normally 

combine their resources, skill, expertise and networks together in the manner that each investor aims 

to provide value to the startup (Laachach & Ettahri, 2023). 

 From cross border investment perspective, Chemmanur et al. (2016) studied the 

venture capital backed firms in emerging nation during 1989-2008 and found that foreign venture 

capital and local venture capital could combine their strength especially to rely on local investors for 

local knowledge and geographical proximity which generally lower the monitoring costs, and the 

syndicate investment between foreign and local venture capitals lead to higher probability of exit 

through IPO and even post-IPO operating performance. It is noteworthy that emerging countries, for 

example the Southeast Asia countries, tend to have weak legal protection, generally higher financial, 

political and market risks in which syndication with the local investor who contains local knowledge 

and networks is important to mitigate such risks (Aleenajitpong & Leemakdej, 2021; Cumming et al., 

2021; Dai et al., 2012; Scheela et al., 2015). 

 From the perspective of startups, having corporate venture capital participated in the 

funding round also has some advantages over the independent venture capital. Corporate venture 

capital could provide the portfolio companies access to their unique assets such as specialized 

knowledge on industry, R&D facilities, technical expertise or access to market; these complementary 

assets are almost impossible for startups to afford by themselves (Alvarez-Garrido & Dushnitsky, 

2016; Braune et al., 2021; Shuwaikh et al., 2025; Shuwaikh & Dubocage, 2022). Guo et al. (2015) 
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also found that corporate venture capital invests more in startups than independent venture capital and 

the amount is even higher when the corporate venture capital is the lead investor in a particular 

syndicated funding round. Especially, in case of high technological fit between portfolio companies 

and corporate venture capital, such corporate venture backed companies have higher valuation relative 

to their independent venture capital backed peers (Benkraiem et al., 2023; Brander et al., 2002; Kang, 

2019; Tian, 2012). 

2.2 Disadvantages 

 There are two sides to every story. Literature also discusses the disadvantage or 

potential risks relating to the syndication deal structure. 

 First, having multiple investors result in more coordination and transaction costs 

(Brander et al., 2002; Laachach & Ettahri, 2023). Di Lorenzo and Sabel (2024) found that having to 

deal with multiple corporate investors decrease the R&D intensity for the early-stage ventures as they 

need to spend more time in collaborating with multiple parties. 

 Second, consistent with misappropriation concern for startup (Dushnitsky & Lenox, 

2006; Park & Steensma, 2012), having corporate venture capital as one of syndicated investor also 

raise this concern and in a syndicate, the more parties access the startup information, the higher risk of 

information leak (Anokhin et al., 2011). 

 Finally, as independent venture capital prioritizes financial return but corporate 

venture capital prioritizes strategic goal over financial return, this could lead to conflict among 

syndicated investors and thus lower the benefits of syndication (Kaplan & Stromberg, 2003; Tian, 

2012). Kang (2019) provided that in a scenario when corporate venture capital has higher reputation 

than venture capital, this leads to lower chance of successful exit since corporate venture capital does 

not prioritize financial return over their strategic goals. 

 

Research Hypotheses 

Hypothesis 1: Syndicated funding round where corporate venture capital participates as a 

syndicated investor should have higher funding amount relative to syndicated funding round where 

corporate venture capital does not participate.  

Hypothesis 2: Syndicated funding round where corporate venture capital participates as a lead 

or co-lead investor should have higher funding amount relative to syndicated funding round where 

corporate venture capital does not lead the funding round. 

 

Research Methodology 

1. Data & Sample 

This study obtained data from CB Insights*, one the most popular database for the recent 

researches which cover startup funding data globally (*an access to CB Insights was supported by the 

Capital Market Research Institute: CMRI, Stock Exchange of Thailand). In particular, we retrieved 

startup funding rounds and investors data that had announced deal date during 1 January 2018 to 10 

September 2025, which we obtained 16,608 funding rounds (startups that main location were based in 

6 countries: Indonesia, Malaysia, the Philippines, Singapore, Thailand and Vietnam) and 7,974 

investors (investors that had invested in 6 countries during the same sample period). 

The funding round data were filtered by excluding debt financing, transactions that were 

classified as acquisition (corporate majority and minority), those that do not disclosed the funding 

amount raised (deal size), and after verifying and filling some missing data, the final sample is 4,752 

funding rounds (please refer to Table 1 for sample summary). The funding round data were matched 
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with the list of investors to determine whether there were corporate venture capital or venture capital 

involved as either participant and/or leading in the funding round. 

 

Table 1: Sample Summary 

By Country 

Funding Round Funding Round Average (USD Millions) Min Max 

Indonesia 765 22.94 0.01 1,500.00 

Malaysia 365 5.68 0.01 400.00 

The Philippines 210 4.43 0.01 77.50 

Singapore 2,834 15.57 0.01 2,000.00 

Thailand 182 13.90 0.01 447.00 

Vietnam 396 7.36 0.01 300.00 

Total 4,752 14.75 0.01 2,000.00 

 

By Sectors 

Sector Funding Round Average (USD Millions) Min Max 

Agriculture 77 33.69 0.01 2,000.00 

Automotive & Transportation 53 22.03 0.01 447.00 

Business Products & Services 75 3.84 0.01 51.50 

Computer Hardware & Services 68 32.52 0.02 640.00 

Consumer Products & Services 99 11.59 0.01 430.00 

Electronics 21 25.83 0.02 200.00 

Energy & Utilities 78 17.20 0.02 400.00 

Environmental Services & Equipment 32 4.08 0.01 35.00 

Finance 63 9.50 0.02 200.00 

Food & Beverages 127 4.27 0.01 100.00 

Healthcare 162 13.91 0.01 200.00 

Industrials 86 5.97 0.01 100.00 

Internet 2,974 12.59 0.01 2,000.00 

Leisure 25 12.54 0.02 109.00 

Media (Traditional) 7 63.07 0.75 166.00 

Metals & Mining 1 0.27 0.27 0.27 

Mobile & Telecommunications 690 26.33 0.01 1,500.00 

Retail (non-internet/mobile) 5 11.57 0.01 31.80 

Risk & Security 3 8.35 0.04 22.00 

Software (non-internet/mobile) 106 3.19 0.01 40.00 

 

2. Measurements 

This study investigates the relationship of key variables and funding amount being raised 

from external strategic investors: corporate venture capital and venture capital. To empirically test the 

hypotheses, this study estimates the following OLS multiple regression analysis which takes the 

following form: 

 

𝐹𝑢𝑛𝑑𝑖𝑛𝑔𝑅𝑎𝑖𝑠𝑒𝑑𝑖 =  𝛼𝑖 + 𝛽1𝐶𝑉𝐶𝑝𝑎𝑟𝑡𝑖𝑐𝑖𝑝𝑖 + 𝛽2𝑉𝐶𝑝𝑎𝑟𝑡𝑖𝑐𝑖𝑝𝑖 + 𝛽3𝐶𝑉𝐶𝐿𝑒𝑎𝑑𝑖 + 𝛽4𝑉𝐶𝐿𝑒𝑎𝑑𝑖 + 𝐶𝑜𝑛𝑡𝑟𝑜𝑙𝑖𝑘 + 𝜀𝑖 

 

The dependent variable is the funding amount beings raised of that funding round is 

𝐹𝑢𝑛𝑑𝑖𝑛𝑔𝑅𝑎𝑖𝑠𝑒𝑑𝑖 = Ln(the amount of money raised for such funding round in United State Dollar). 

Given the nature of funding data is positive and right skewness, the natural logarithm form is used for 

normalization. 
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The independent variables are four dummy variables which categorized whether a 

particular funding round has 1) corporate venture capital and/or venture participate and 2) corporate 

venture capital and/or venture capital be lead or co-lead investor. 

For the set of control variables, this paper adopts several variables that have been applied 

in the literature. To control for the financing stage of startup as the growth stage is more mature and 

commonly receive larger amount of funding than early-stage startups, the two dummy variables for 

early-stage financing (pre-Series A) and growth-stage (Series A onwards) are applied. It is noteworthy 

that there are some funding rounds that do not clearly be classified as either early-stage or growth-

stage, so we simply adopt two dummy variables. In addition, the maturity stage of startup which is 

typically be controlled by its official founding year to funding year is controlled. To control for the 

country effect as more than half of our sample are funding round from Singapore startups (according 

to their official location/headquarter), also in comparison to Malaysia, the Philippines, Thailand and 

Vietnam, which are emerging market, Singapore is well-regarded as developed market for financing, 

we adopt a dummy variable for Singapore startup. To control for potential effect from industry, four 

dummy variables which represent Healthcare, Internet, Mobile & Telecommunications and Software 

(non-internet/mobile) sectors are also applied, we note that these four sectors altogether represent over 

eighty-percent of sample (please refer to Table 2 for Variables and Definitions). 

 

Table 2: Variables and Definitions 

Variables Definitions 

Dependent Variable  

FundingRaised Natural Logarithm of fund-raising amount of the round in USD million 

Independent Variables  

CVCparticip Dummy variable if the round has CVC participate 

VCparticip Dummy variable if the round has VC participate 

CVClead Dummy variable if the round has CVC be a lead or co-lead investor 

VClead Dummy variable if the round has VC be a lead or co-lead investor 

Control Variables  

Earlystage Dummy variable if the round is in early-stage 

Growthstage Dummy variable if the round is in growth stage and later (Series A onwards) 

SG Dummy variable if startup located in Singapore 

Yeartofunding 1+ Natural Logarithm of the founded year to funding round year 

Healthcare Dummy variable if startup is in healthcare sector 

Internet Dummy variable if startup is in internet sector 

Mobile&Tele Dummy variable if startup is in mobile and telecommunication sector 

Software Dummy variable if startup is in software sector 

 

Results 

1. Regression Analysis 

Table 3 provides results for 4 models where the funding round amounts are regressed 

against the set of independent variables and control variables; Model 1 (baseline) contains the control 

variables, Model 2 tests the participation effect of corporate venture capital and/or venture capital, 

Model 3 tests the leading/co-leading role effect of corporate venture capital and/or venture capital, 

and Model 4 (full model) tests both participation and leading/co-leading effects. 
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Model 1 reports the baseline analysis which focus on control variables of startup and 

funding characteristics. The result indicates the model is valid with an F-test statistic significant at the 

1% level while R-squared of 0.447 provides that the model explains approximately of 44.7% of the 

variation in funding amount. For each control variables, all coefficients are statistically significant at p 

< 0.01 level (with the exception of healthcare sector at p < 0.10 level). 

Model 2 reports the analysis of having corporate venture capital and/or venture participate 

in the funding round. The addition of participated variables improves the model overall explanatory 

power with R-squared of 0.497. Specifically, the coefficient of having corporate venture capital 

participated (0.806) is substantially higher than the coefficient of having venture capital participated 

(0.604). If other things constant, the model provides that a funding round having corporate venture 

capital participate receives 124% (e0.806 – 1 ≈ 1.239) higher funding amount than a no corporate 

venture capital participated round; and, a funding having venture capital participate receives 90% 

(e0.644 – 1 ≈ 0.904) higher funding amount than a no venture capital participated round. Overall, this 

result supports the hypothesis 1. 

Model 3 reports the analysis of having corporate venture capital and/or venture capital be 

lead or co-lead investor in the funding round. Both investors’ types variables are significant when 

they lead or co-lead the funding round. The result provides that a funding round having venture 

capital be a lead investor receives 141% higher funding (e0.879 – 1 ≈ 1.408) and a funding round having 

corporate venture capital be a lead investor receives 116% higher funding (e0.771 – 1 ≈ 1.162). 

Interestingly, the result does not support the hypothesis 2, which expects that a funding round having 

corporate venture capital be a lead investor should receive higher funding amount. 

Model 4 reports the full model analysis with both participation and lead variables. The 

result provides that when acting as a lead investor, venture capital investor contributes more in term of 

deal size (funding amount) than corporate venture. Interestingly, the participated variables provide 

opposite suggestion that the funding round with corporate venture investor participated receives 

higher funding amount. The result suggests the benefit to be a leading role for venture capital and the 

benefits to be a syndicated investor (follower) for corporate venture capital which is already added 

much value and may not need to take a leading role in the funding round; especially, when a venture 

capital is leading the funding round. In line with model 2 and 3, the result supports hypothesis 1 but 

does not support hypothesis 2. 

Overall, the regression analysis reveals how different strategic investor roles involving in 

funding round affect the funding outcome. The empirical evidences support hypothesis 1 which 

confirms that corporate venture capital is associated with larger deal sizes than venture capital when 

participating in the funding round as one of syndicated party. However, contrary to the expectation 

which reject the hypothesis 2, venture capital is associated with larger deal sizes than corporate 

venture capital when venture capital is leading the funding round. In addition, to ensure the reliability 

of regression analysis, the following section discusses few robustness checks. 
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Table 3: Result of relationship between fund raising and having corporate venture capital and 

venture capital as investor 

Variables Model 1 Model 2 Model 3 Model 4 

CVCparticip  
0.806*** 

(0.049) 
 

0.732*** 

(0.053) 

VCparticip  
0.644*** 

(0.049) 
 

0.422*** 

(0.053) 

CVClead   
0.771*** 

(0.074) 

0.294*** 

(0.079) 

VClead   
0.879*** 

(0.046) 

0.628*** 

(0.049) 

Earlystage 
1.141*** 

(0.114) 

0.779*** 

(0.115) 

0.975*** 

(0.113) 

0.770*** 

(0.114) 

Growthstage 
3.832*** 

(0.118) 

3.240*** 

(0.122) 

3.49*** 

(0.118) 

3.160*** 

(0.122) 

SG 
0.408*** 

(0.049) 

0.349*** 

(0.048) 

0.375*** 

(0.048) 

0.341*** 

(0.047) 

Yeartofunding 
0.312*** 

(0.041) 

0.378*** 

(0.040) 

0.320*** 

(0.039) 

0.366*** 

(0.039) 

Healthcare 
0.272* 

(0.143) 

0.299** 

(0.141) 

0.281** 

(0.140) 

0.300** 

(0.139) 

Internet 
0.310*** 

(0.070) 

0.217*** 

(0.068) 

0.276*** 

(0.068) 

0.218*** 

(0.067) 

Mobile&Tele 
0.385*** 

(0.088) 

0.323*** 

(0.085) 

0.330*** 

(0.087) 

0.302*** 

(0.085) 

Software 
-0.509*** 

(0.165) 

-0.412*** 

(0.155) 

-0.428*** 

(0.157) 

-0.379*** 

(0.153) 

Constant 
-2.2859*** 

(0.139) 

-2.461*** 

(0.135) 

-2.306*** 

(0.136) 

-2.434*** 

(0.134) 

Observations 4,752 4,752 4,752 4,752 

F-Test 566.21*** 498.08*** 467.33*** 419.24*** 

R-Squared 0.447 0.497 0.483 0.510 

Robust standard errors in parentheses 

*** p < 0.01, ** p < 0.05, * p < 0.1 

 

2. Model Evaluation (Robustness Checks) 

To ensure the validity of regression analyses, we conducted model diagnostic tests 

examining common potential problems: multicollinearity, heteroskedasticity and model specification. 

First, we examined the Variance Inflation Factor (VIF) which is a common method to 

detect potential multicollinearity among the independent variables. The mean VIF for the model is 

1.71 with the two highest VIF values are 3.83 (Growth-stage) and 3.67 (Early-stage) while the rest are 

lower than 1.8. Since all VIF values are lower than conservative threshold of 5 (Hair et al., 2019), this 

suggests that there is no potential multicollinearity concern in the analyses. 

Second, we examined the model with a Breusch-Pagan test to check for homoskedasticity 

in the error terms (Greene, 2018). Given the test indicates the presence of heteroskedasticity (χ2(1) = 

71.13, p < 0.01), all regression models were estimated with the robust standard errors. 

Finally, we conducted the Ramsey Regression Equation Specification Error Test (RESET) to 

check for omitted variable bias or misspecification (Greene, 2018). The test rejected the null 
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hypothesis (with F-test statistically significant at p < 0.01) which suggests potential non-linearity 

problem. We thus further investigate by adding the quadratic term for startup age to the model 4 

(Yeartofunding2). However, this quadratic term was statistically insignificant (p = 0.380), and all 4 

interested independent variables remain stable. As a result, we retain the simple form (model 4). 

 

Discussion and Conclusion 

This study provides new empirical evidence on the benefits of having corporate venture 

capital and venture capital as syndicated investors on the Southeast Asia startup fundings. The 

analysis reveals that while both corporate venture capital and venture capital involving in a funding 

round is beneficial to the funding, there are different contributions according to the role they are in the 

funding round. 

Consistent with the Hypothesis 1 which predicted a benefit of having corporate venture 

capital participate in the funding round, funding rounds having corporate venture capital as one of 

syndicated investors (participate) are generally larger than others, including those that venture capital 

either participate or lead in such rounds. The finding suggests that when corporate venture capital 

joining the round, corporate venture capital is more willing to contribute financial capital than other 

strategic investors as a “follower” who could rely on syndicated parties; especially, venture capital. 

Contrary to the Hypothesis 2 which predicted that the funding round having corporate venture 

capital as a lead or co-lead investor should result in larger funding amount. The finding supports the 

view that when venture capital takes a leading role, this results in larger funding amount in general 

which suggests the credential effect of venture capital when they are “leader” in the funding rounds. 

This finding contrasts with the finding by Guo et al. (2015) who found that when corporate venture 

capital is a leading investor, the funding amount is relatively larger than that of venture capital lead 

funding for U.S. startups. Our result reveals interestingly that in this Southeast Asia region, venture 

capital seems to be the dominance one in the syndication. 

Taking together syndicated participant and leading roles, our result reveals the role of 

corporate venture capital as being a “better follower” and venture capital as being a “better leader” in 

the syndication, as represented by funding amount. For the Southeast Asia startups/founders that are 

planning their funding strategy, if the focus is more on the amount of financing, they may consider 

having venture capital leading the funding round while having corporate venture capital as one of 

syndicated investors. 

 

Theoretical contributions 

This study contributes to, among others, entrepreneurial finance and corporate venture capital 

literature in many ways. First, the result is consistent with resource dependence theory which posits 

on the necessity that a firm (in this case, both startup and corporate venture capital) need to look for 

external resources in building their competitive advantage. The result also confirms importances of 

both corporate venture capital and venture capital in being critical funding resources for the startups in 

the Southeast Asia. Second, our result emphasizes an importance of having venture capital involving 

in the deal, especially when venture capital is leading the funding round. Relatively higher funding 

amount may partially due to the positive signal effect from the lead venture capital, this certification 

effect is in line with signaling theory literature. Finally, in exploring funding rounds and focus on both 

corporate venture capital and venture capital, we provide new empirical evidence of Southeast Asia 

startups to the corporate venture capital literature.  
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Practical contributions 

For startup founders in the Southeast Asia, while dealing with corporate venture capital who 

has complementary assets/resources that is essential for growth is significant, our study reminds an 

importance of venture capital who could drive funding amount. As a result, startup founders may need 

to find a reputable venture capital as a lead investor even if they are focusing in building product or 

service in their early stage with corporate venture capital. 

For corporate venture capitalist and especially to those corporates that are designing corporate 

venture capital investment programs, the result provides that corporate venture capital may not need 

to be a lead investor in this Southeast Asia, rather actively connecting with reputable venture capital 

would be beneficial. By participating as a syndicate investor, corporate venture capital has already 

provided significant support which represent by funding amount. Thus, unnecessary leading the funding 

with normally mean to provide the most funding amount and spending resources in the process, corporate 

venture capital can distribute their investment in more deals and shift their focus on post-investment 

collaboration with invested startups. 

For policymakers, our results highlight important influences of both corporate venture capital 

and venture capital to the funding of startup, an important driver to the economy. Policies that support 

investment in startups for both corporate/corporate venture capital and venture capital would be 

beneficial to overall growth of startup ecosystem. 

 

Limitations and recommendations for future studies 

There are several limitations which also offer opportunities for future researches. First, this 

study uses the funding amount as the proxy for startup success. Though fund raising is one of 

important milestone for a startup and likely be a positive signal for growth, it would not directly 

translate to product or service success or financial performance of startup. Future research may 

conduct the longitudinal case studies that keep tracking whether those with difference funding profile 

may result in higher or faster exit such as through IPO or merger and acquisition. Second, although 

we control for some startup characteristics such as stage of financing and industry, there could be 

other latent factors that affect funding raising; for example, founder profiles (ages, experience, board 

composition) or location of startups which future studies may consider in studying these factors. 

Third, this study acknowledges potential endogeneity concerns, particularly selection bias where it is 

plausible that strategic investors self-select into funding rounds of those superior or high-quality 

startups, further studies may employ methods such as Propensity Score Matching (PSM), Instrumental 

Variable approaches, or Heckman selection models. Fourth, given this study provides new evidences 

for Southeast Asia, comparative study with other region (other than those that already have lot of 

research such as U.S., EU, China) with similar sample period may reveal other interesting differences; 

for example, the infrastructure, development of capital market, innovation ecosystem, governance or 

country innovation level which likely to affect the funding. Finally, this study relies on data from the 

CB Insights, though it is one of well-known databases for recent literature, other than correctness and 

completion of data, it may not cover all funding data. As a result, future studies may rely on others or 

combined several databases or conduct qualitative approaches such as interviews/surveys which may 

reveals interesting results. 
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Abstract  

This research investigates the critical drivers of brand loyalty in the international coffee sector 

in Phnom Penh, Cambodia, using the extended 7Ps marketing mix framework. Grounded in Social 

Exchange Theory and Conservation of Resources Theory, the study examines how international coffee 

chains cultivate long-term commitment in a rapidly evolving and competitive emerging market. Data 

were collected via an online self-administered questionnaire from 431 consumers who frequent international 

coffee establishments in Phnom Penh, ensuring robust statistical power, as justified by the Inverse 

Square Root Method. Partial Least Squares Structural Equation Modeling (PLS-SEM) was employed 

via WarpPLS to test the hypothesized relationships between the seven marketing mix elements and brand 

loyalty. The empirical results indicate that price, promotion, and physical evidence exert significant 

positive influences on brand loyalty, while product, place, people, and process did not demonstrate a 

significant direct impact in this specific urban context. Notably, physical evidence emerged as the strongest 

predictor, underscoring the coffee shop as a third-place sanctuary for urban dwellers. These findings 

suggest that for international brands in Cambodia, loyalty is anchored in environmental comfort and 

status signaling rather than functional product attributes alone. The study provides actionable insights 

for practitioners to prioritize servicescape investments and strategic pricing to maintain a competitive 

advantage in Southeast Asian markets.  

 

Keywords: 7Ps Marketing Mix, Brand Loyalty, International Coffee Chains, Phnom Penh, PLS-SEM, 

Social Exchange Theory, Conservation of Resources Theory  

 

Introduction  

The global hospitality landscape has undergone a seismic shift, with the proliferation of international 

brands transforming consumer expectations from mere commodity consumption to holistic experiential 

engagement (Rugolo, 2024). Within this competitive arena, the 7Ps Marketing Mix, comprising product, 

price, place, promotion, people, process, and physical evidence, emerges not merely as a functional 

framework but as a strategic necessity for organizational survival (Safitri et al., 2023). For international 

coffee chains, the ability to orchestrate these seven dimensions determines their capacity to cultivate 

brand loyalty. This intangible asset serves as the ultimate defensive moat against market volatility and 

aggressive local competition (Ratasuk, 2022).  

This strategic imperative is further amplified by global mega-trends defining the post-crisis 

era (Moreno et al., 2023). As the world navigates the complexities of post-crisis resilience, the 

emphasis has shifted toward Sustainable Development Goal (SDG) 8, Decent Work and Economic 
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Growth (Cerejeira & Sousa, 2025). In the service sector, this manifests as a heightened focus on the 

people and process elements of the marketing mix (Sarin & Srivastava, 2024). Consumers are increasingly 

drawn to brands that demonstrate operational resilience and ethical service delivery, viewing their daily 

coffee ritual through the lens of well-being and social connectivity (Holloway, 2025). Consequently, 

international chains are no longer just selling caffeine; they are providing safe havens of consistency 

in an unpredictable global economy (Azahra et al., 2024).  

However, applying these global standards within the specific context of Phnom Penh, Cambodia, 

introduces unique contextual tensions (Böhm et al., 2022). The coffee industry in Phnom Penh has 

transitioned from traditional street stalls to a sophisticated third-place culture, dominated by international 

heavyweights and premium local hybrids (Sokly & Mardy, 2023). This rapid transition is reflected in 

the sector's financial footprint. The coffee sector in Cambodia has the potential to generate significant 

economic and social benefits, with projections indicating it could create up to 100,000 new jobs and 

generate $500 million in revenue by 2025 (Darith et al., 2025). The rapid growth of Cambodia's coffee 

market is also driven by multiple factors, such as the increasing number of coffee shops and cafes, 

higher disposable incomes, and the rising influence of Western culture (Sokly & Mardy, 2023). Despite 

this robust growth, the Phnom Penh market remains heavily under-researched compared to mature 

Western or East Asian contexts. Focusing on this specific emerging market presents significant academic 

and practical merit; it provides a unique laboratory to test how global marketing frameworks, such as the 

extended 7Ps, function in a rapidly urbanizing economy characterized by a young demographic and distinct 

cultural dimensions. However, the industry operates in a pressure-cooker environment characterized 

by intense real estate competition, volatile supply chain costs, and a high-turnover labor market (Gois 

et al., 2023). In Phnom Penh’s business districts, such as Boeng Keng Kang I, coffee chains face the 

grueling task of maintaining rigid international standards while navigating a local consumer base that 

demands both global prestige and local relatability (Kalay & Kandemir, 2025). The pain point lies in 

maintaining brand consistency amid rapid urban expansion and fluctuating service quality, driven by a 

young workforce operating under high-pressure performance metrics (Kojongian et al., 2022).  

Despite the maturity of marketing mix research in Western contexts, a significant research gap 

persists in Southeast Asia, particularly in emerging hubs such as Cambodia (Luan & Soonthonsmai, 2024; 

Saputra & Ariani, 2024). Existing studies often suffer from a Western bias, assuming that product and 

price are the primary drivers of loyalty (Ahmed et al., 2023). Such models fail to account for Cambodian 

cultural nuances, such as high power distance and the concept of face (Vredeveldt et al., 2026). In a 

culture where the servicescape (physical evidence) acts as a status symbol and respect (people) is a 

non-negotiable social currency, traditional 4P models are insufficient (Oyedele & Opeyemi, 2024). 

There is a dearth of empirical evidence exploring how the extended 3Ps (People, Process, Physical 

Evidence) function as anchors of loyalty in a hierarchy-conscious society where social harmony often 

dictates consumer feedback loops (Nguyen et al., 2025; Saxena et al., 2025).  

To address this complexity, this research utilizes Social Exchange Theory (SET) and Conservation 

of Resources (COR) Theory as its foundational pillars. SET posits that brand loyalty results from a 

reciprocal relationship: when a brand provides superior process and physical evidence, consumers 

reciprocate with repeat patronage and psychological attachment (Lim et al., 2025). Complementarily, 

COR theory suggests that in the high-stress, fast-paced urban environment of Phnom Penh, the physical 

evidence (a comfortable, climate-controlled environment) and efficient process act as external resources 

that buffer consumers against daily stressors, thereby anchoring their loyalty to the brand that best 

preserves their cognitive and emotional energy (Hollebeek et al., 2023).  
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Research Objectives 

1. To evaluate the individual and collective contributions of the 7Ps (Product, Price, Place, 

Promotion, People, Process, and Physical Evidence) on the brand loyalty of international coffee chains in 

Phnom Penh. 

2. To identify which specific elements of the 3Ps (People, Process, Physical Evidence) act 

as the primary differentiators in a high-power-distance cultural context.  

3. To examine the role of the servicescape as a psychological resource that moderates the 

relationship between service delivery and long-term customer retention.  

 

Literature Review  

The evolution of relationship marketing has transitioned from basic transactional exchanges 

to the cultivation of deep-seated psychological bonds between brands and consumers (Chan, 2024; 

Chu, 2024). In Phnom Penh’s burgeoning coffee market, international chains must navigate a landscape 

where brand loyalty is not merely a byproduct of a quality brew but a complex outcome of a  

multidimensional marketing strategy. This research is anchored in the integration of Social Exchange 

Theory (SET) and Conservation of Resources (COR) Theory, providing a robust lens for examining 

consumer behavior in emerging economies.  

1. Theoretical Foundations: SET and COR Theories 

Social Exchange Theory (SET), as conceptualized by Blau (1964) and further refined by 

Emerson (1977), posits that social behavior results from an exchange process in which parties 

evaluate the costs and benefits of a relationship. In the context of international coffee chains, SET 

explains brand loyalty as a reciprocal response to a superior value proposition (Hsiao et al., 2023). 

When a firm delivers excellence across the 7 Ps, it establishes a norm of reciprocity (Gouldner, 1960). 

In the Cambodian context, characterized by high power distance, respect shown by staff (people) and 

service reliability (process) are perceived as high-value social gifts that the consumer repays through 

repeat patronage and advocacy (Wu & Rojniruttikul, 2024).  

Conservation of Resources (COR) Theory by Hobfoll (1989) suggests that individuals are 

motivated to obtain and protect resources, ranging from physical objects and conditions to personal 

energy. For the urban professional in Phnom Penh, the servicescape (physical evidence) serves as a 

critical resource, a sanctuary offering cooling, high-speed connectivity, and a professional ambiance 

(Ariffin et al., 2025; Ratasuk & Gajesanand, 2020). According to COR logic, consumers develop 

loyalty toward brands that serve as a resource gain, buffering against the resource loss associated with 

a high-stress, humid urban environment (Biggs & Brough, 2025).  

2. Conceptual Analysis of the Marketing Mix (7Ps) 

The marketing mix has evolved from the traditional 4Ps (McCarthy, 1964) to the extended 7Ps 

(Booms & Bitner, 1981) to address the unique complexities of service-oriented industries. Product is 

seminally defined as a bundle of tangible and intangible attributes that satisfy consumer needs (Kotler 

& Keller, 2016), while price represents the key component of the value equation, where price fairness 

(Bolton et al., 2003) serves as the key driver of long-term commitment. Place refers to the accessibility and 

distribution channels that reduce the resource cost of consumer effort, and promotion serves as the 

communication pillar that builds brand awareness and psychological presence (Grönroos, 1994). Within the 

service sector, people, the human actors in service delivery, provide critical relational drivers through 

empathy and competence (Parasuraman et al., 1988), while process refers to the procedural flow 

(Shostack, 1984) that reduces cognitive friction. Finally, physical evidence, or the servicescape 

(Bitner, 1992), encompasses the environment in which service is delivered and serves as a third place 

for social engagement and status signaling in Southeast Asia (Ratasuk & Buranasompob, 2021).  
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3. The Role of Demographic Control Variables 

The inclusion of gender, age, income, and education as control variables is academically 

justified by the Consumer Heterogeneity principle (Evanschitzky & Wunderlich, 2006). Prior research 

indicates that age and income significantly moderate the relationship between price and loyalty: high-

income segments may be less price-sensitive but more sensitive to physical evidence of status signaling 

(Manyanga et al., 2022; Nuseir, 2020). Furthermore, education levels often correlate with brand 

consciousness and the ability to process complex promotional messages (Abdel Wahab et al., 2023). 

By controlling for these factors, this study isolates the unique variance explained by the 7Ps, ensuring 

a more rigorous assessment of the marketing mix’s direct impact on the ultimate dependent variable, 

brand loyalty, which Oliver (1999) defines as a deeply held commitment to repatronize a preferred 

service consistently.  

 

Hypotheses Development 

The narrative of this research suggests that in the competitive landscape of Phnom Penh, 

international coffee chains operate as resource hubs, where the traditional 4Ps facilitate market entry, 

and the service 3Ps anchor loyalty. This conceptualization builds upon recent empirical evidence in 

Southeast Asian coffee markets, which highlights the dual necessity of tangible product excellence 

and intangible store ambiance (Ratasuk, 2022). Based on the logic of SET reciprocity and COR 

resource protection, the following hypotheses, presented in Figure 1, are formulated for empirical 

testing: 

H1: Product quality has a significant positive impact on brand loyalty. 

H2: Price perception has a significant positive impact on brand loyalty. 

H3: Place (Accessibility) has a significant positive impact on brand loyalty. 

H4: Promotion has a significant positive impact on brand loyalty. 

H5: People (Service Personnel) have a significant positive impact on brand loyalty.  

H6: Process efficiency has a significant positive impact on brand loyalty. 

H7: Physical Evidence (Servicescape) has a significant positive impact on brand loyalty.  

 

 
 

Picture 1: Conceptual Framework 
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Research Methodology  

This study employs a quantitative, deductive research design to empirically validate the 

hypothesized relationships between the marketing mix and brand loyalty. By operating within a 

positivist paradigm, the research aims to produce objective, generalizable findings by systematically 

measuring latent constructs. The primary analytical tool selected for this investigation is Partial Least 

Squares Structural Equation Modeling (PLS-SEM). The choice of PLS-SEM over Covariance-Based 

SEM (CB-SEM) is justified by its superior suitability for prediction-oriented research, where the 

primary objective is to maximize the explained variance (R2) of the dependent variable (Hair et al., 

2020; Ratasuk & Nyan Lin, 2025). Furthermore, PLS-SEM is highly robust in handling non-normal 

data distributions and complex models with numerous indicators, as recommended by seminal 

scholars in the field (Hair & Alamer, 2022; Hair et al., 2019; Naing & Ratasuk, 2025). 

1. Population and Sampling Strategy 

The target population for this study comprises consumers who frequent international coffee 

chains in Phnom Penh. Given that the total number of such consumers is unknown, the population is treated 

as infinite. To ensure the acquisition of high-quality data from individuals with relevant experience, a 

Purposive Sampling technique was employed. The final sample consisted of 431 valid responses, a size 

that satisfies multiple rigorous statistical requirements. The adequacy of the sample size is justified using 

the Inverse Square Root Method, which is superior to the traditional 10-times rule because it accounts for 

the minimum expected path coefficient and the required statistical power (Kock & Hadaya, 2018). 

Assuming a minimum significant path coefficient (β) of 0.155 at a 5% significance level, the method 

requires a sample of approximately 324; thus, the current sample of 431 provides ample power to 

detect even subtle relationships within the complex 7Ps model. As detailed in Table 1, the sample is 

predominantly female (56.1%) and concentrated in the younger age groups, with 54% aged 18-34 years. 

The respondents’ educational backgrounds are notably high, with the majority holding a graduate degree 

(36.4%) or an undergraduate degree (32.0%). Financially, the largest segment reports a monthly income 

between $500 and $1,000 (31.3%), with a typical spend of $5 to $10 per visit (39.7%). These demographic 

and behavioral characteristics confirm that the sample accurately represents the emerging middle-class 

and professional segments that drive international coffee culture in Phnom Penh.  

 

Table 1: Characteristics of the Sample and Descriptive Statistics  

Variable n % 

Gender 
Male 189 43.9% 

Female 242 56.1% 

Age 

18 – 24 years old 117 27.1% 

25 – 34 years old 116 26.9% 

35 – 44 years old 107 24.8% 

45 – 54 years old 53 12.3% 

55 – 64 years old 28 6.5% 

65 years or older 10 2.3% 

Education 

High School 30 7.0% 

Undergraduate Degree 138 32.0% 

Graduate Degree 157 36.4% 

Master's Degree 84 19.5% 

Doctoral Degree (PhD) 22 5.1% 

Income (USD) 

Less than $500 105 24.4% 

$500 - $1,000 134 31.3% 

$1,001 - $2,000 107 24.8% 

$2,001 - $4,000 55 12.8% 

More than $4,000 30 7.0% 
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Variable n % 

Frequency of Visit 

Several times a week 105 24.4% 

Once a week 100 23.2% 

2 – 3 times a month 125 29.0% 

Once a month 30 7.0% 

Less than once a month 32 7.4% 

Average Spending Per Visit 

Less than $5 150 34.8% 

$5 - $10 171 39.7% 

$11 - $15 87 20.2% 

$16 - $20 17 3.9% 

More than $20 6 1.4% 

 

2. Data Collection and Instrument Development 

The data collection process is conducted via an online, self-administered questionnaire 

distributed through digital platforms and social media. To maintain the integrity of the dataset, the 

survey includes mandatory screening questions at the outset; only respondents who have patronized 

an international coffee chain in Phnom Penh within the preceding 6 months are permitted to complete 

the instrument. The survey itself is structured into four distinct sections: (1) screening criteria, (2) 

respondent demographics, (3) consumption behavior and brand preferences, and (4) the core research 

constructs. All items measuring the independent and dependent variables are adapted from validated 

scales in the established literature (Hang & Ratasuk, 2025; Ratasuk & Buranasompob, 2021; Yang & 

Ratasuk, 2024) and are measured on a 5-point Likert scale ranging from Strongly Disagree (1) to 

Strongly Agree (5).  

3. Data Analysis Plan with WarpPLS 

The analysis is conducted using WarpPLS (v. 8.0) (Kock, 2022; Ratasuk, 2024), focusing 

first on the measurement model and subsequently on the structural model. In the measurement model 

stage, the study assesses internal consistency using Cronbach’s Alpha (α) and composite reliability, 

with values above 0.70 considered acceptable (Hair et al., 2019). Convergent Validity is confirmed by 

ensuring factor loadings exceed 0.708, and the Average Variance Extracted (AVE) is greater than 

0.50 (Hair et al., 2019). To establish discriminant validity, the study uses the Heterotrait-Monotrait 

Ratio (HTMT), adhering to the strict threshold of less than 0.85 (Henseler et al., 2015), as this method 

is widely recognized as superior to the traditional Fornell-Larcker criterion for detecting a lack of 

discriminant validity between latent constructs (Henseler et al., 2015; Ton et al., 2025).  

Following the validation of the measurement model, the structural model is assessed to 

test the hypothesized paths. Potential collinearity is assessed using the Variance Inflation Factor 

(VIF), with values below 3.3 preferred to indicate the absence of collinearity (Kock, 2015). The 

significance of the path coefficients (β) and the coefficient of determination (R2) is determined using a 

bootstrapping procedure with 5,000 resamples. To ensure robustness, a full collinearity assessment is 

conducted to check for Common Method Bias (CMB), and the mediation analysis is performed where 

theoretically relevant to explore the depth of the structural relationships (Ratasuk, 2023; Ratasuk & 

Gajesanand, 2023).  

 

Ethical Considerations 

Ethical integrity is maintained throughout the research process. Every participant must provide 

informed consent before accessing the survey items. All responses remain strictly anonymous, and 

participation is entirely voluntary, with respondents retaining the right to withdraw from the study at 

any point without penalty. The data collected are used exclusively for academic purposes and are 

presented only in aggregate form to protect individual identity and privacy.  
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Results  

1. Assessment of the Measurement Model 

The measurement model was evaluated for internal consistency, convergent validity, and 

discriminant validity. Internal consistency was confirmed as all constructs exhibited Cronbach’s Alpha 

(CA) and Composite Reliability (CR) values well above the 0.70 threshold. Specifically, brand loyalty 

demonstrated high reliability (CA=0.855, CR=0.896), as did product (CA=0.829, CR=0.880), and 

price (CA=0.876, CR=0.910). Convergent validity was established through factor loadings, all of 

which exceeded the 0.78 requirement, and the Average Variance Extracted (AVE), which ranged 

from 0.529 to 0.668, surpassing the minimum 0.50 threshold for all constructs.  

Discriminant validity was assessed using both the Fornell-Larcker criterion and the 

Heterotrait-Monotrait (HTMT) ratio. According to the Fornell-Larcker results, the square root of the AVE for 

each construct is greater than its highest correlation with any other latent construct. Furthermore, the HTMT 

ratios remained within the conservative 0.85 threshold for most paths, through the relationship between 

people and physical evidence (0.881) suggests a high degree of conceptual proximity in the service 

delivery experience. While slightly elevated, these values generally fall within the acceptable relaxed 

threshold of 0.90, often used for conceptually related constructs in service marketing research.  

2. Assessment of the Structural Model 

The structural model assessment focused on the explanatory power and the significance 

of the hypothesized paths. The coefficient of determination (R2) for brand loyalty is 0.439, indicating 

that the 7Ps marketing mix explains approximately 43.9% of the variance in customer loyalty. This is 

complemented by an adjusted R2 of 0.423 and a Q2 value of 0.386, suggesting substantial predictive 

relevance.  

Multicollinearity was not a significant concern, as all Variance Inflation Factor (VIF) 

values were below the 3.3 threshold, with the highest recorded at 2.671 for the process construct. 

These results provide a robust framework for the subsequent hypothesis testing, demonstrating that 

the extended marketing mix, particularly the interplay between service-oriented factors, plays a 

pivotal role in anchoring brand loyalty in the Cambodian market.  
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3. Path Analysis Results 

The results of the path analysis, as shown in Figure 2 and Table 2, reveal a nuanced 

landscape of drivers for brand loyalty in Phnom Penh.  

 

 
 

Picture 2: WarpPLS 8.0 Results 

Source: Path coefficients (β) and significance (p-value) derived from WarpPLS bootstrapping 

 

Table 2:  Hypotheses Testing Results  

Hypothesis Path Beta (β) P-Value Result 

H1 Product  Loyalty 0.019 0.346 Not Supported 

H2 Price  Loyalty 0.271 <0.001 Supported 

H3 Place  Loyalty -0.006 0.451 Not Supported 

H4 Promotion  Loyalty 0.214 <0.001 Supported 

H5 People  Loyalty 0.039 0.21 Not Supported 

H6 Process  Loyalty 0.06 0.104 Not Supported 

H7 Physical  Loyalty 0.341 <0.001 Supported 

 

The findings indicate that Physical Evidence (β = 0.341, p < 0.001), Price (β = 0.271,  

p < 0.001), and Promotion (β = 0.241, p < 0.001) are the primary significant drivers of brand loyalty 

in this market. Interestingly, Product, Place, People, and Process did not show a statistically significant 

direct impact on loyalty in this specific model. Among the control variables, only Average Spending 

Per Visit demonstrated a significant positive relationship with loyalty (β = 0.087, p = 0.034).  

 

Discussion and Conclusion  

This section provides a detailed interpretation of the empirical findings, situating them within 

the existing theoretical landscape of marketing and consumer behavior while highlighting the unique 

nuances of the Phnom Penh coffee market.  
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The primary objective of this study was to evaluate the contribution of the 7Ps marketing mix 

to brand loyalty within the competitive landscape of Phnom Penh. The structural model analysis 

revealed that Physical Evidence (β = 0.314), Price (β = 0.271), and Promotion (β = 0.214) exert 

significant positive influences on brand loyalty, confirming the research hypotheses for these specific 

variables. Interestingly, the results did not support the direct paths for product, place, people, and 

process in this particular urban context. Our findings regarding physical evidence align with Bitner's 

(1992) servicescape theory, which argues that the physical environment is a primary driver of 

consumer behavior in service-heavy industries. This also supports Oliver's (1999) work, as the 

perceived prestige and atmosphere of international chains serve as a critical anchor for long-term 

commitment. However, the lack of significance for product quality contradicts seminal findings by 

Zeithaml (1988) and Kotler and Keller (2016), who traditionally viewed product as the baseline for 

loyalty. In Phnom Penh, product quality has become a hygiene factor; while necessary, it no longer 

serves as a primary loyalty differentiator compared to the experience provided by the physical 

environment. This presents a fascinating contrast to the Bangkok market, where prior studies have 

demonstrated that core product quality remains a significant, direct predictor of repurchase intention 

in convenience-store coffee chains (Ratasuk & Buranasompob, 2021; Ratasuk, 2022). For example, 

while the prior research in Western contexts often emphasized the flavor profile as a driver of loyalty, 

our results suggest that, for Cambodian consumers, the shareability of the environment and the 

brand’s status take precedence over the beverage itself.  

 

Theoretical Contribution  

This study expands the body of knowledge by integrating Social Exchange Theory (SET) and 

Conservation of Resources (COR) Theory to explain brand loyalty in an emerging Southeast Asian 

hub. The dominance of physical evidence as the strongest predictor provides a compelling application 

of COR Theory. In the high-stress, humid, and congested urban environment of Phnom Penh, international 

coffee shops serve as resource hubs, offering a climate-controlled, aesthetically pleasing environment 

that buffers consumers from daily resource loss. Furthermore, the significance of price and promotion 

supports the social exchange narrative, suggesting that loyalty is cultivated when consumers reciprocate the 

social gift of status and membership through continued patronage. The non-significance of people and 

process suggests that, in highly standardized international franchises, these elements are often 

perceived as uniform by consumers, thereby shifting exchange value toward more visible markers of 

brand identity and environmental comfort.  

 

Practical Implications 

For practitioners and stakeholders in the Cambodian hospitality sector, these findings offer 

actionable strategic advice. Management should prioritize servicescape investment over traditional 

product innovation to drive retention, focusing on Instagrammable interior designs and high-comfort 

zones such as ergonomic seating and premium air conditioning. For example, a brand could create 

dedicated coworking zones for professionals seeking a sanctuary from urban noise. Furthermore, 

practitioners should use pricing as a status signal rather than competing solely on cost. Premium-tier 

loyalty programs that offer exclusive lounge access would leverage both the price and physical 

evidence drivers identified as significant in this study. High-impact promotions should move beyond 

simple discounts to foster relational engagement on digital platforms, reinforcing the brand’s role as a 

lifestyle choice. Finally, investors should focus site selection on areas where the third place concept is 

underserved, ensuring that the physical store provides a distinct resource gain that distinguishes the 

brand from local competitors.  
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Limitations and Future Research 

Despite the rigorous methodology and a sample size of 431 valid responses, this study is 

subject to certain limitations. First, the cross-sectional nature of the data collection captures only a 

snapshot of consumer behavior; longitudinal studies would be beneficial for observing how loyalty 

evolves as the Cambodian market matures. Second, the study relied on self-administered online 

questionnaires, which may introduce self-selection bias. Future research should consider multi-group 

analysis (MGA) to compare local versus international brand loyalty, or conduct a cross-national MGA 

comparing consumer behavior in Phnom Penh with established data from Bangkok coffee chains, 

such as Ratasuk & Gajesanand (2020), or explore the moderating role of cultural values, such as 

collectivism or face-saving, which are highly relevant in the Cambodian context. Additionally, while 

the Inverse Square Root Method confirmed the sample’s statistical power, future studies could 

incorporate qualitative interviews to further explore the emotional triggers underlying the Servicescape 

preference.  
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Abstract  

This study presents a systematic literature review (SLR) to investigate how Multisensory 

Marketing (MM) and Customer-Centric Culture (CCC) influence Customer Experience (CX) and 

Customer Perceived Value (CPV) within premium and high-involvement service contexts, with 

particular relevance to the premium automotive industry. As the automotive industry transitions from 

product-driven competition toward experience-based differentiation, understanding how sensory cues 

and organizational culture jointly influence customer value has become increasingly critical.  

Following PRISMA guidelines, this review synthesizes 59 peer-reviewed publications from 

major academic databases, including Scopus, Web of Science, ScienceDirect, and Emerald, published 

between 2000 and 2025. The procedure included (1) identification and screening of relevant studies, 

(2) eligibility assessment based on conceptual fit with MM, CCC, CX, and CPV, and (3) thematic 

synthesis. Extracted data included theoretical foundations, empirical coefficients, methodological 

approaches, and context-specific insights. The selected articles span luxury hospitality, retail, and 

premium automotive services, providing a cross-contextual evidence base. 

The findings reveal that multisensory marketing encompassing visual, acoustic, haptic, olfactory, 

and gustatory stimuli significantly enhances the emotional, symbolic, and experiential aspects of customer 

value. Meanwhile, a customer-centric culture fosters service behaviors, employee empathy, and interaction 

quality, collectively elevating the customer experience across touchpoints. 

The synthesis highlights customer experience as a central mechanism through which both 

sensory strategies and organizational culture translate into customer perceived value, particularly in 

high-involvement and luxury automotive contexts. However, existing research remains fragmented, with 

limited integration of sensory and cultural dimensions in a unified framework and scarce qualitative 

investigations in emerging markets. This review concludes by proposing an integrative conceptual model 

and outlining research avenues for future empirical validation in premium automotive environments. 

  

Keywords: Multisensory Marketing, Customer-Centric Culture, Customer Experience, Customer-

Perceived Value, Premium Automotive Industry 

 

Introduction  

In premium and high‑involvement service industries, customer expectations have shifted from 

product‑centered evaluation to value derived from holistic and emotionally resonant experiences.  

The premium automotive sector exemplifies this shift, where purchasing decisions increasingly depend on 

experiential cues that extend beyond technical performance to encompass atmosphere, interaction 

quality, and sensory immersion (Lemon & Verhoef, 2016). As a result, firms must strategically 
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integrate experiential, emotional, and organizational dimensions to strengthen customer value perception 

and differentiate themselves in competitive markets. 

Multisensory Marketing (MM) has emerged as a key strategic approach for shaping customer 

experience (CX). By orchestrating visual, acoustic, haptic, olfactory, and gustatory cues, organizations can 

influence perception, emotional responses, and behavioral intentions (Krishna, 2012). Research highlights 

that multisensory stimuli embedded within the servicescape contribute significantly to brand experience 

formation, particularly in luxury and high‑contact environments where sensory coherence enhances 

memorability and perceived quality (Spence, 2020; Schmitt, 1999). In premium automotive showrooms—

where customers physically interact with vehicles, materials, soundscapes, and ambient cues—the 

role of MM becomes central to creating experiential value. 

At the organizational level, Customer-Centric Culture (CCC) serves as a critical antecedent 

for designing and delivering meaningful experiences. CCC reflects shared values, norms, and 

practices that prioritize customer needs and guide employee behavior (Homburg et al., 2011). Firms 

that cultivate CCC demonstrate greater consistency in service delivery, higher responsiveness, and 

enhanced ability to generate positive emotional and relational experiences across touchpoints (Narver 

& Slater, 1990). Prior studies affirm that customer‑focused cultural orientations strongly influence CX 

outcomes, positioning culture as a foundational mechanism that shapes how experiential strategies are 

operationalized. 

Customer Experience (CX) is a multidimensional construct encompassing cognitive, emotional, 

sensory, and relational responses throughout the customer journey (Gentile et al., 2007). CX plays a 

critical role in determining Customer‑Perceived Value (CPV)—a subjective evaluation of benefits 

relative to sacrifices—particularly in luxury services where symbolic, emotional, and identity‑related 

value elements complement functional utility (Zeithaml, 1988). High‑quality CX has been consistently 

associated with stronger perceived value, justification of premium pricing, and long‑term behavioral 

outcomes such as loyalty and willingness to pay (Lemon & Verhoef, 2016). 

Although MM, CCC, CX, and CPV have been widely studied, the literature remains fragmented. 

Most research examines these constructs independently rather than within an integrated value‑creation 

framework. Moreover, empirical studies in premium automotive environments remain limited, despite 

their suitability for exploring mechanisms of multisensory and experiential value mechanisms. This 

highlights the need for a comprehensive synthesis that connects sensory, cultural, experiential, and 

value‑based perspectives. 

To address this gap, the present study conducts a Systematic Literature Review (SLR) to 

synthesize existing theoretical and empirical evidence on how MM and CCC influence CX and CPV 

in premium service contexts. The findings aim to establish an integrated conceptual framework for 

future empirical testing and to provide insights relevant to organizations seeking to enhance 

experiential value in the premium automotive industry. 

 

Research Objective 

1. To systematically review and synthesize existing academic literature related to Multisensory 

Marketing (MM), Customer-Centric Culture (CCC), Customer Experience (CX), and Customer‑Perceived 

Value (CPV) within premium, luxury, and high‑involvement service contexts. 

2. To examine core relationships linking multisensory marketing and customer‑centric 

cultural practices with customer experience and value creation 

3. To develop a proposed conceptual framework that integrates multisensory marketing and 

customer‑centric culture as antecedents of customer experience and customer‑perceived value in 

premium automotive services. 
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4. To identify research gaps and future research directions concerning sensory design,  

organizational culture, experiential mechanisms, and value formation, particularly within premium 

automotive and emerging-market settings. 

 

Literature Review 

Multisensory Marketing (MM) 

Multisensory Marketing refers to the strategic orchestration of sensory cues—visual, acoustic, 

haptic, olfactory, and gustatory—to shape customer perceptions, emotions, and evaluative judgments 

(Krishna, 2012). Sensory stimuli have been shown to significantly enhance experiential engagement 

by influencing affective and cognitive responses throughout the customer journey (Schmitt, 1999). In 

premium service contexts, such as luxury hospitality and automotive showrooms, integrating multisensory 

elements creates immersive servicescapes that reinforce brand identity and elevate perceived quality 

(Spence, 2020). 

The literature emphasizes that sensory coherence and congruence are critical to forming a 

positive customer experience (Hultén, 2011). Visual cues such as lighting and color palettes contribute to 

perceived aesthetics and a premium ambience, while acoustic and haptic cues strengthen emotional 

resonance and tactile expectations. MM is therefore positioned as an antecedent of Customer Experience 

(CX) because it shapes how customers interpret environmental signals during service encounters. 

Research in high‑involvement service settings consistently supports a positive link between sensory 

richness and the formation of memorable, emotionally charged experiences (Walls et al., 2011). 

Customer-Centric Culture (CCC) 

Customer-Centric Culture (CCC) has emerged as a central construct in contemporary marketing 

and service research as organizations transition from product-centered to customer-centered logics of 

value creation. Early theoretical roots of CCC can be traced to Market Orientation Theory, which 

conceptualizes customer orientation and interfunctional coordination as key drivers of superior  

organizational performance (Narver & Slater, 1990). This perspective established that firms must 

systematically generate, disseminate, and respond to customer intelligence across departments. 

However, while market orientation emphasizes strategic responsiveness to customers, it does not fully 

capture the deeper cultural transformation required to embed customer priorities into organizational 

values and behavioral norms. 

The evolution toward customer-centric business models is further supported by Service-

Dominant Logic (SDL), which reframes value as co-created through interactions among firms, 

customers, and stakeholders rather than delivered unilaterally by firms (Grieger & Ludwig, 2019). 

Within SDL, customers are active participants in service systems, and value emerges throughout the 

service lifecycle. This shift necessitates not only structural alignment but also cultural reorientation, as 

organizations must internalize customer value as a guiding principle across all touchpoints. In this 

sense, CCC represents a cultural infrastructure that supports value co-creation by aligning internal 

processes with customer experiences. 

Customer-centricity has often been conceptualized as a strategic transformation that restructures 

organizations around customer segments instead of product categories (Shah et al., 2006). However, 

recent scholarship distinguishes between customer-centric strategy and customer-centric culture. While 

strategy reflects formal policies and structural alignment, culture operates at a deeper level by shaping 

employee cognition, interpretation, and discretionary behavior. Empirical research within the automotive 

aftersales sector demonstrates that CCC functions as an internalized organizational mindset characterized 

by shared values, service orientation, employee empowerment, customer-focused metrics, and feedback 

integration (Amro et al., 2025). This evidence indicates that CCC extends beyond strategic orientation 

and serves as a latent cultural mechanism that influence how employees enact customer-facing processes. 
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From a process perspective, customer centricity has been articulated through interactive customer 

relationship management, customer integration, internal integration, and external integration (Wünderlich et 

al., 2025). These processes collectively enable firms to discover implicit customer needs, align internal 

resources around customer value, and coordinate supply-chain responses to customization requirements. 

Although these mechanisms are operational in nature, their effectiveness depends on the presence of 

an underlying cultural commitment to customer value. Without cultural alignment, such processes risk 

becoming procedural rather than value-driven. 

The linkage between CCC and customer experience (CX) further strengthens its theoretical 

relevance. Customer experience is defined as the holistic perception formed across multiple touchpoints 

throughout the customer journey (Lemon & Verhoef, 2016). Delivering coherent and seamless experiences 

requires organizational coordination and alignment across functions (Homburg et al., 2017). Research 

suggests that CCC enhances CX indirectly by fostering internal integration and empowering frontline 

employees to respond empathetically and consistently to customer needs (Amro et al., 2025). In this 

regard, CCC operates as an antecedent to CX, providing the cultural conditions necessary for experience 

consistency and personalization. 

Furthermore, engagement theory conceptualizes customer engagement (CE) as a multidimensional 

construct encompassing cognitive, emotional, and behavioral dimensions (Brodie et al., 2011). Engagement 

emerges when customers perceive relational value, trust organizational intentions, and experience 

meaningful interactions. Evidence indicates that CCC influences CE primarily through experiential 

pathways, suggesting that the cultural embedding of customer value enhances customer satisfaction 

and trust, which subsequently drives engagement behaviors (Amro et al., 2025). Thus, CCC is not 

merely associated with customer-focused activities but plays a mediating and moderating role in 

engagement formation. 

In addition, contemporary research emphasizes that emerging service technologies can enhance 

customer centricity when aligned with organizational processes (Wünderlich et al., 2025). Technologies 

such as digital twins, augmented reality, and interactive CRM systems support experiential, performance-

enhancing, and automated processes that strengthen customer-centric alignment. However, technological 

implementation alone is insufficient without cultural readiness. This reinforces the argument that CCC 

functions as a foundational organizational capability enabling strategic and technological initiatives to 

translate into meaningful customer outcomes. 

Collectively, the systematic review of the literature indicates that Customer-Centric Culture is 

best conceptualized as a cultural infrastructure rooted in market orientation, service-dominant logic, 

and customer experience management frameworks. It operates at the intersection of strategy, process, 

and organizational values, shaping how firms interpret customer intelligence, design service systems, 

and deliver experiences across the customer journey. Empirical evidence supports its role as a critical 

antecedent to customer experience and engagement, particularly within service-intensive sectors such 

as automotive aftersales. Therefore, CCC represents a multidimensional construct that integrates 

cognitive alignment, behavioral routines, and relational mechanisms to sustain customer-focused 

value creation in contemporary business environments. 

Customer Experience (CX) 

Customer Experience (CX) encompasses customers’ cognitive, emotional, sensory, and behavioral 

responses across all touchpoints of the service journey (Gentile et al., 2007). CX research emphasizes 

that customers evaluate experiences holistically, integrating functional performance with emotional 

and symbolic elements. Within premium and luxury settings, CX becomes even more salient, as 

customers expect high levels of personalization, sensory immersion, and symbolic reinforcement of 

identity (Berry et al., 2002). 
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Both sensory and cultural factors reinforce CX—MM shapes environmental and emotional 

stimuli, while CCC determines behavioral and relational quality. Both antecedents contribute to the 

formation of experiential value. Prior studies demonstrate that enhanced CX leads to stronger 

perceived quality, satisfaction, and favorable judgments of value (Lemon & Verhoef, 2016). In high-

involvement contexts such as automotive retail, CX plays a pivotal role in shaping perceptions of 

craftsmanship, exclusivity, and prestige associated with the brand. 

Customer-Perceived Value (CPV) 

Customer-Perceived Value (CPV) is defined as the customer’s overall evaluation of the trade-

off between perceived benefits and perceived sacrifices (Zeithaml, 1988). CPV in premium services is 

multidimensional, incorporating functional, emotional, symbolic, and financial value dimensions 

(Sweeney & Soutar, 2001). 

The literature highlights CX as a direct determinant of CPV—positive interactions, sensory 

immersion, and cultural alignment enhance the perceived utility and emotional worth of the service 

encounter (Holbrook, 2006). For high-end consumption such as premium automotive purchases, CPV 

also reflects social and identity-based value,in which customers assess how the experience reinforces 

self-concept, status, and personal meaning (Wiedmann et al., 2009). Studies consistently show that 

enhanced CX increases CPV, which subsequently influences satisfaction, loyalty, and willingness to 

pay premium prices (Lemon & Verhoef, 2016). 

Integrating MM, CCC, CX, and CPV in Premium Automotive Contexts 

Although substantial literature exists on MM, CCC, CX, and CPV individually, few studies 

integrate these constructs into a unified framework. Sensory-driven experience formation and customer-

centric cultural orientation are often studied separately, leading to a fragmented understanding of how 

experiential value is constructed in high‑involvement services. The premium automotive sector is a relevant 

context for such integration because customers rely heavily on sensory cues, interpersonal interactions, and 

symbolic associations when evaluating premium vehicles (Nordin & Kowalkowski, 2019). 

Thus, synthesizing these constructs provides a conceptual foundation for understanding how 

sensory design and organizational culture jointly shape customer experience and, consequently,  

customer‑perceived value. 

 

Research Methodology  

This study employed a Systematic Literature Review (SLR) approach to synthesize existing 

knowledge on the relationships among Multisensory Marketing (MM), Customer‑Centric Culture (CCC), 

Customer Experience (CX), and Customer‑Perceived Value (CPV) within premium and high‑involvement 

service contexts. The review followed established SLR procedures grounded in PRISMA guidelines 

(Page et al., 2021), ensuring transparency, replicability, and methodological rigor. 

1. Data Sources and Search Procedure 

The literature search was conducted using major academic and peer‑reviewed databases, 

including Scopus, Web of Science, ScienceDirect, Emerald Insight, and Google Scholar. A combination of 

keywords and Boolean operators was used to ensure comprehensive coverage, focusing on terms such as 

“multisensory marketing,” “sensory marketing,” “customer‑centric culture,” “customer orientation,” 

“customer experience,” “customer‑perceived value,” “premium automotive,” and “luxury services.” 

The database search yielded a total of 212 academic articles, which served as the initial dataset for 

screening and review. 
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2. Inclusion and Exclusion Criteria 

Predetermined inclusion and exclusion criteria guided the selection of relevant studies to 

ensure academic quality and relevance. Articles were included if they were peer‑reviewed, written in 

English, published between 2000 and 2025, and demonstrated clear conceptual alignment with at least 

one of the research constructs (MM, CCC, CX, CPV). Studies were also required to focus on service, 

retail, hospitality, luxury, or high‑involvement consumption contexts. Exclusion criteria removed 

non‑academic sources, book chapters, dissertations, purely technical automotive research, duplicate 

records, and articles without accessible full texts. These criteria ensured that only studies of sufficient 

academic rigor were selected for synthesis. 

3. Screening and Selection Process 

The screening process involved multiple stages to determine the relevance of each article. 

First, titles and abstracts were reviewed to eliminate studies lacking conceptual alignment with the 

research focus. Duplicate articles from overlapping databases were removed. Full‑text reviews were 

then conducted to evaluate theoretical relevance, methodological rigor, and contribution to the 

understanding of MM, CCC, CX, and CPV. Of the original 212 articles, 59 met all eligibility criteria 

and were retained for the final synthesis. These selected studies formed the analytical foundation for 

evaluating the relationships within the proposed framework. 

4. Data Extraction and Analysis 

A structured data extraction process was implemented to collect key information from 

each of the 59 included studies. Extracted data included publication year, research method, theoretical 

constructs examined, industry context, and major findings. The studies were categorized into four core 

thematic groups corresponding to the conceptual framework: Multisensory Marketing, Customer‑Centric 

Culture, Customer Experience, and Customer‑Perceived Value. A thematic synthesis approach was used 

to analyze the extracted data, allowing recurring patterns and connections to emerge across studies. 

This analysis enabled mapping empirical evidence supporting the relationships among MM → CX, 

MM → CPV, CCC → CX, and CX → CPV, thereby providing a cohesive understanding of the 

experiential value creation process. 

5. Ensuring Research Rigor 

Methodological rigor was maintained throughout the review process through the use of 

multi‑database triangulation, systematic screening procedures, and consistent coding and analysis. 

The synthesis was cross‑validated using established theoretical foundations in sensory marketing, 

customer experience management, and organizational culture research. Adherence to transparent, 

documented review procedures enhances the credibility and reliability of the findings and ensures that 

the resulting conceptual framework is grounded in robust academic evidence. 

 

Results 

1. Overview of Findings from the Systematic Review 

The systematic review of 59 selected studies, drawn from 212 articles, provides strong, 

consistent evidence supporting the proposed relationships among Multisensory Marketing (MM), 

Customer‑Centric Culture (CCC), Customer Experience (CX), and Customer‑Perceived Value (CPV). 

The findings indicate that sensory stimuli, organizational cultural practices, and experiential processes 

collectively shape customer perceptions, emotional responses, and value assessments in premium and 

high‑involvement service environments. Prior research across luxury hospitality, retail, and premium 

automotive sectors reinforces the importance of integrated experiential mechanisms, particularly 

where emotional immersion and symbolic value are central components of consumer decision‑making 
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(Krishna, 2012; Spence, 2020; Lemon & Verhoef, 2016). These findings provide empirical grounding 

for the hypotheses developed in this study. 

2. Multisensory Marketing and Customer Experience 

The reviewed literature consistently highlights multisensory marketing as a major 

determinant of customer experience, influencing emotional, cognitive, and sensory responses. Visual 

design elements, ambient soundscapes, tactile materials, and olfactory cues are frequently shown to 

elevate experiential quality by enhancing immersion, pleasure, and perceived authenticity (Schmitt, 

1999; Hultén, 2011). Studies in luxury hospitality and premium automotive showrooms emphasize the 

importance of sensory congruence, in which the harmony among sensory cues strengthens perceived 

craftsmanship and brand exclusivity (Spence, 2020; Walls et al., 2011). Collectively, these findings 

suggest that MM functions as a central experiential catalyst that shapes customers’ interpretation of 

premium service encounters. 

H1: Multisensory Marketing has a positive effect on Customer Experience. 

3. Multisensory Marketing and Customer‑Perceived Value 

The results indicate that MM not only shapes experience but also contributes directly to 

the formation of CPV. Sensory stimuli reinforce functional value by enhancing perceptions of quality, 

precision, and performance expectations, especially in high‑involvement categories such as automotive 

services (Sweeney & Soutar, 2001). Emotional and symbolic value dimensions are influenced by sensory 

cues that evoke pleasure, identity expression, and social signaling, a dynamic highly relevant in 

luxury consumption (Wiedmann et al., 2009). Research also shows that rich sensory experiences 

increase perceived price fairness and justify premium pricing, thereby enhancing financial value 

(Berry et al., 2002). These findings support the proposition that MM influences CPV both directly and 

through experiential mechanisms. 

H2: Multisensory Marketing has a positive effect on Customer‑Perceived Value. 

4. Customer‑Centric Culture and Customer Experience 

The literature demonstrates that CCC acts as an organizational foundation shaping customer 

experience across emotional, relational, and behavioral dimensions. Studies indicate that customer‑oriented 

culture enhances service consistency, responsiveness, and personalization by promoting supportive 

leadership, cross‑functional information sharing, and employee empowerment (Narver & Slater, 1990; 

Shah et al., 2006). CCC is shown to influence CX indirectly by guiding employee behaviors and 

ensuring that service delivery aligns with customer needs and expectations (Homburg et al., 2017). 

This alignment is particularly important in premium automotive contexts where the experiential 

environment, interpersonal interactions, and brand image must be cohesively managed. Thus, CCC 

serves as an essential internal mechanism that drives experiential quality. 

H3: Customer‑Centric Culture has a positive effect on Customer Experience. 

5. Customer Experience and Customer‑Perceived Value 

Customer experience is confirmed as a major driver of CPV across multiple value 

dimensions. Positive experiences influence functional value by enhancing assessments of service  

reliability and performance, while emotional experiences enrich symbolic and personal value, especially in 

luxury and high‑involvement categories (Gentile et al., 2007; Wiedmann et al., 2009). CX also contributes 

to financial value by reinforcing price justification and increasing willingness to pay in premium 

settings (Zeithaml, 1988; Lemon & Verhoef, 2016). The reviewed studies consistently highlight that 

CPV is shaped by how customers interpret and emotionally internalize their service experiences, 

underscoring the mediating role of CX within the broader experiential framework. 

H4: Customer Experience has a positive effect on Customer‑Perceived Value.  
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6. Integrated Framework‑Based Findings 

The consolidated synthesis reveals that multisensory marketing and customer‑centric 

culture operate as dual antecedents that shape the customer experience, which subsequently drives 

customer‑perceived value. MM influences experiential and value formation through sensory immersion, 

while CCC facilitates internal alignment to ensures the effective delivery of meaningful and consistent 

experiences. CX functions as the mediating mechanism through which sensory and cultural strategies 

translate into value creation outcomes across functional, emotional, symbolic, and financial dimensions. 

These integrated findings validate the conceptual framework and support the proposed hypotheses. 

 

 
 

Figure 1: Integrated MM–CCC–CX–CPV Model Framework 

 

Based on the theoretical foundations and synthesized literature, this study proposes an 

integrative conceptual framework that positions Customer-Perceived Value (CPV) as the central 

evaluative outcome through which customers interpret sensory, experiential, and cultural stimuli in 

premium automotive environments. Refer to Figure1 the model comprises two primary value-creation 

pathways. Sensory-Driven Value Pathway conceptualizes Multisensory Marketing as a direct 

antecedent to CPV while Culture-Driven Value Pathway conceptualizes Customer-Centric Culture 

(CCC) as a foundational organizational mechanism influencing Customer Experience (CX) and 

ultimately Customer-Perceived Value (CPV) Table 1: Summarizes the key empirical and conceptual 

findings from the 59 reviewed studies, highlighting supported relationships within the proposed 

framework as well as the identified research gaps in CCC–MM and CCC–CPV linkages. 

 

Table 1: Summarizes the key empirical and conceptual findings from the 59 reviewed studies, 

highlighting supported relationships within the proposed framework and the identified 

research gaps in CCC–MM and CCC–CPV linkages. 

Relationship Key Findings from Reviewed Studies Supporting Literature 

Multisensory Marketing 

→ Customer Experience 

 

Multisensory cues (visual, auditory, haptic, olfactory, 

gustatory) significantly enhance emotional, sensory, and 

cognitive experience quality. Sensory congruence 

strengthens immersion and brand authenticity in 

premium service settings. 

Schmitt (1999), Hultén (2011), 

Spence (2020), Walls et al. 

(2011) 
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Relationship Key Findings from Reviewed Studies Supporting Literature 

Multisensory Marketing 

→ Customer‑Perceived 

Value 

Sensory elements increase functional, emotional, 

symbolic, and financial value perceptions. Enhanced 

sensory design contributes to perceived quality, identity 

expression, and premium price justification. 

Holbrook (2006), Sweeney and 

Soutar (2001), Wiedmann et al. 

(2009), Berry et al. (2002) 

Customer‑Centric Culture 

→ Customer Experience 

Organizations embedding customer-centric values 

across structures and processes demonstrate higher 

experience consistency, responsiveness, personalization, 

and service coherence. CCC operates as an internal 

cultural infrastructure that supports effective customer 

experience management. 

Narver and Slater (1990), Shah 

et al. (2006), Homburg et al. 

(2017), Amro et al. (2025) 

 

Customer Experience → 

Customer‑Perceived 

Value 

CX influences functional, emotional, and symbolic 

aspects of value. Positive CX enhances perceived 

service reliability, pleasure, self‑identity expression, and 

financial value perceptions. 

Gentile et al. (2007); Wiedmann 

et al. (2009); Lemon & Verhoef 

(2016); Zeithaml (1988) 

CCC → CPV (Indirect 

Evidence) 

Although no direct empirical testing explicitly examines 

CCC → CPV, conceptual and empirical evidence 

suggest that CCC enhances experience quality, which 

subsequently elevates perceived value dimensions. 

Shah et al. (2006); Homburg et 

al. (2017); Lemon & Verhoef 

(2016); Amro et al. (2025) 

 

CCC → MM (No Direct 

Evidence) 

Existing literature suggests that organizations with 

strong customer-centric orientation are more likely to 

align environmental and experiential design with 

customer expectations, yet empirical testing of CCC → 

MM remains absent. 

Schmitt (1999); Berry et al. 

(2002); Homburg et al. (2017) 

 

Integrated Framework 

Evidence 

Both MM and CCC operate as antecedents to CX, while 

CX acts as a mediator leading to CPV in 

premium/high‑involvement services. 

Synthesized from the reviewed 

59 studies; supported 

conceptually by Schmitt (1999), 

Homburg et al. (2017), Lemon 

and Verhoef (2016), Amro et al. 

(2025) 

 

Table 1: Presents a consolidated summary of the key findings derived from the 59 studies 

included in the systematic literature review. The table compares the major theoretical and empirical 

relationships identified across the four core constructs in the proposed framework: Multisensory 

Marketing (MM), Customer‑Centric Culture (CCC), Customer Experience (CX), and Customer‑Perceived 

Value (CPV). Each row highlights one specific relationship (e.g., MM → CX), summarizes the main 

themes or patterns found in the literature, and lists representative studies that support those findings. 

The purpose of Table 1 is to provide a clear, structured overview of how previous 

research has addressed each relationship, including areas with strong empirical support (such as MM 

→ CX and CX → CPV) and areas with only conceptual or indirect evidence (such as CCC → CPV). 

By organizing the findings into a comparative format, the table helps illustrate which relationships are 

well‑established in academic literature and which remain under‑explored—thereby reinforcing the 

research gap and the significance of the current study. This table, therefore, serves as a synthesized 

evidence map summarizing how multisensory, cultural, experiential, and value‑related constructs 

interact within premium and high‑involvement service contexts. 

 

Discussion 

The findings from the systematic review provide clear evidence that both Multisensory 

Marketing (MM) and Customer‑Centric Culture (CCC) are critical antecedents shaping Customer 

Experience (CX) in premium and high‑involvement service settings. Across the reviewed studies, 
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MM emerges as a powerful experiential driver, reinforcing the importance of orchestrating sensory 

cues to generate emotional resonance, perceived quality, and brand differentiation (Krishna, 2012; 

Spence, 2020; Schmitt, 1999). This is particularly relevant for the premium automotive industry, 

where physical interaction with vehicles, material finishes, and environmental cues heavily influence 

customers’ interpretations of luxury, craftsmanship, and brand prestige (Walls et al., 2011). The 

review suggests that sensory coherence—consistent alignment between visual, acoustic, haptic, 

olfactory, and contextually relevant gustatory stimuli—plays a central role in customer meaning‑making 

during the evaluation of automotive servicescapes (Hultén, 2011; Spence, 2020). 

The review also highlights CCC as a foundational cultural mechanism supporting the creation 

of high‑quality experiences. CCC influences CX through shared norms, customer‑oriented beliefs, 

cross‑functional collaboration, and empowered frontline employees (Narver & Slater, 1990; Shah et 

al., 2006; Homburg et al., 2011). In premium automotive contexts, employees play a crucial role in 

bridging experiential design elements with customer needs, indicating that strong CCC enables the effective 

operationalization of multisensory and experience‑driven strategies (Lemon & Verhoef, 2016). This 

suggests that sensory experiences alone are insufficient; organizational alignment is required to 

support consistent, emotionally engaging, and value‑driven service interactions. 

Customer Experience (CX) is reinforced as the primary mechanism linking MM and CCC to 

Customer‑Perceived Value (CPV). Prior literature demonstrates that CX influences CPV through 

functional, emotional, symbolic, and financial pathways (Gentile et al., 2007; Wiedmann et al., 2009; 

Zeithaml, 1988). In premium automotive environments—where high prices demand strong justification—

CX serves not only as an experiential offering but also as a value‑enhancing mechanism shaping 

perceptions of exclusivity, identity fit, and premium worthiness (Wiedmann et al., 2009; Lemon & 

Verhoef, 2016). The reviewed articles collectively support the role of CX as a central mediator, 

connecting sensory immersion and cultural alignment to perceived value in luxury service encounters. 

Despite these converging insights, the review identifies significant research gaps that remain 

underexplored in current literature. First, no empirical studies directly examine the relationship 

between CCC and MM (CCC → MM). Although the conceptual literature implies that organizational 

culture may influence the design and execution of sensory‑based strategies (Schmitt, 1999; Berry et 

al., 2002), empirical validation of this direct relationship is absent. This gap suggests that the 

organizational drivers of sensory strategy adoption—particularly in premium automotive settings—

remain theoretically acknowledged but not empirically tested. Second, there is no direct empirical 

evidence linking CCC to Customer‑Perceived Value (CCC → CPV) across the reviewed studies. 

Existing research supports only an indirect pathway (CCC → CX → CPV) (Shah et al., 2006; Lemon 

& Verhoef, 2016), indicating that the potential direct influence of cultural orientation on value 

perception remains conceptually plausible but empirically unsubstantiated. This represents a meaningful 

opportunity to investigate whether customer‑centric norms shape perceived value independently of 

experiential mediation. 

In addition, the literature rarely integrates sensory and cultural constructs into a unified 

framework that holistically explains value formation. Most prior work examines MM in isolation 

(Schmitt, 1999; Krishna, 2012) or focuses on CCC separately within the service culture and strategic 

management domains (Narver & Slater, 1990; Shah et al., 2006). Moreover, empirical research specific to 

premium automotive contexts remains limited (Spence, 2020; Walls et al., 2011), highlighting 

opportunities to explore cross‑modal sensory effects, service culture implementation, and experiential 

value formation within this high‑involvement industry. Emerging markets—including Thailand—are 

further underrepresented, suggesting the need for contextualized research that captures cultural and 

market‑specific nuances in luxury value perception. 
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Conclusion  

This study synthesizes empirical and conceptual evidence from 59 rigorously selected 

academic sources to develop an integrated understanding of how Multisensory Marketing (MM) and 

Customer‑Centric Culture (CCC) shape Customer Experience (CX) and Customer‑Perceived Value (CPV) 

in premium service environments. The findings confirm that MM and CCC serve as complementary 

antecedents of CX: MM influences the sensory and emotional dimensions of experience, while CCC 

shapes the relational, behavioral, and service delivery aspects. Together, these elements contribute to 

a cohesive and immersive experience that enhances customers’ perceptions of value. 

CX is reaffirmed as a multidimensional construct that mediates the relationship between 

sensory and cultural strategies and customer‑perceived value. In the premium automotive context, 

where consumers seek not only functional benefits but symbolic and experiential fulfillment, CX acts 

as the primary mechanism through which customers evaluate the worthiness, identity expression, and 

exclusivity associated with the service. Consequently, CPV emerges as a complex evaluation shaped 

by emotional, symbolic, functional, and financial considerations. 

The systematic review reveals several implications. Theoretically, it underscores the 

importance of integrating sensory and cultural perspectives into experience‑driven value frameworks. 

Managerially, it highlights the need for automotive firms to align sensory design with customer‑centric 

organizational practices to enhance experiential evaluations. Future research should investigate the 

dynamic interactions among sensory stimuli, cultural orientation, and experiential outcomes through 

empirical studies in premium automotive markets, particularly in emerging economies where 

consumption patterns and cultural cues differ from those in Western luxury markets. 

Overall, this review contributes a comprehensive foundation for understanding the mechanisms 

through by which MM and CCC shape CX and CPV, providing a basis for developing strategic 

experiential models in premium automotive services.  

  

Recommendations 

1. Managerial Recommendations 

For managers in premium and high‑involvement service sectors, particularly the automotive 

industry, findings suggest that delivering a superior customer experience requires the deliberate 

integration of multisensory design with a strong customer‑centric culture. Managers should prioritize 

developing holistic sensory strategies that align visual, acoustic, haptic, and olfactory cues to create 

coherent and emotionally engaging experiences throughout the customer journey. Simultaneously, 

organizations must cultivate customer-centricity at the cultural level through employee empowerment, 

cross‑functional communication, and consistent service behaviors that reinforce premium brand identity. 

The combination of sensory innovation and customer‑oriented culture will strengthen perceived value, 

justify premium pricing, and enhance long-term loyalty in luxury automotive contexts. 

2. Theoretical Recommendations 

From a theoretical perspective, the results highlight the need for deeper conceptual 

integration between sensory marketing and organizational culture research. While MM and CCC 

individually contribute to CX, their potential interaction as joint antecedents remains under-theorized. 

Future studies should develop expanded models that position culture as an enabling mechanism of 

sensory strategy design, or conversely, examine how sensory-driven environments shape internal 

service culture. Additionally, because no direct empirical evidence supports the CCC → MM and 

CCC → CPV relationships identified in this review, there is theoretical space to refine existing 

frameworks and propose new pathways explaining how organizational values influence experiential 

and value‑driven outcomes. 
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Scholars should investigate how variables such as emotional engagement, customer 

involvement, or perceived authenticity mediate or moderate the MM–CX–CPV and CCC–CX–CPV 

pathways. While, the automotive sector remains underexplored. Future studies should validate sensory–

cultural frameworks in real dealership environments, during test drives, and in after-sales service 

experiences. 

In terms of Adopt Multi-Method Approaches, future research can combine qualitative 

methods (e.g., ethnography, sensory mapping) with quantitative techniques (e.g., SEM, PLS-SEM) to 

can deepen understanding of experiential value formation.  

3. Practical Research Recommendations 

Future empirical research should address the identified gaps by examining the direct 

relationships between CCC and MM, as well as between CCC and CPV, particularly within premium 

automotive settings where sensory design and service culture strongly intersect. Researchers should 

also explore cross‑modal effects and sensory congruence using experimental or mixed-method 

approaches to understand better how multisensory cues shape value perception. Given the limited 

evidence from emerging markets such as Thailand, future studies should incorporate cultural and 

contextual variables to capture how luxury consumers interpret sensory and experiential signals 

differently across markets. These directions will not only strengthen theoretical understanding but also 

generate actionable insights for practitioners seeking to optimize premium customer experiences. 

In terms of Incorporate Technological Enhancements, future work should explore how 

AR/VR showrooms, digital sensory simulations, or AI-based personalization influence CX and CPV. 

Furthermore, studies should also examine how sensory cues and CCC shape long-term value perceptions 

during after-sales service, maintenance, and ownership experience to investigate Post-Purchase 

Experience. 
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Abstract  

In increasingly experience-oriented service markets, firms seek strategic approaches that justify 
premium pricing beyond functional differentiation. This study, titled Experience-Driven Service Design 
and Willingness to Pay Premium: The Mediating Roles of Perceived Value and Brand Experience, aims 
to systematically examine how Experience-Driven Service Design (EDS) is theoretically and 
empirically linked to customers’ Willingness to Pay Premium (WPP), with particular attention to the 
mediating roles of Perceived Value (PV) and Brand Experience (BE). 

A systematic literature review (SLR) was conducted following a structured identification, 
screening, and eligibility process. Peer-reviewed journal articles published between 2000 and 2025 were 
retrieved from major academic databases, including Scopus, Web of Science, ScienceDirect, and 
Emerald, using predefined keywords aligned with the proposed framework. After applying inclusion 
and exclusion criteria, relevant studies were synthesized using thematic analysis to examine conceptual 
definitions, theoretical foundations, empirical relationships, and research contexts. 

The review indicates that existing literature discusses experiential service design, value 
perception, and brand-related responses in interconnected yet often fragmented streams. Prior studies 
suggest potential cognitive and experiential mechanisms through which service design may influence 
price-related behavioral intentions; however, integrated mediation frameworks explicitly linking EDS, 
PV, BE, and WPP remain limited. 

This study contributes by organizing dispersed findings into a coherent dual-pathway 
framework and identifying directions for future empirical validation, particularly in premium and high-

involvement service contexts. 
 

Keywords: Experience-Driven Service Design, Perceived Value, Brand Experience, Willingness 
to Pay Premium, Premium Service Strategy 
 
Introduction  

In today’s competitive service economy, firms can no longer rely solely on functional 
differentiation or price-based competition to sustain advantage. Marketing thought has increasingly 
shifted from a goods-dominant perspective toward a service-centered paradigm in which value is co-

created through interactions between firms and customers. Service-Dominant (S-D) Logic proposes that 
value is not embedded in outputs but is phenomenologically determined by beneficiaries within specific 
contexts (Vargo & Lusch, 2008). Within this perspective, Experience-Driven Service Design (EDS) has 
emerged as a strategic mechanism for orchestrating service touchpoints, structuring customer journeys, 
and intentionally shaping value co-creation processes (Bitner et al., 2008; Patrício et al., 2011). 

Prior research suggests that well-designed service experiences influence customers’ evaluations 
of Perceived Value (PV), defined as the cognitive assessment of benefits relative to sacrifices (Zeithaml, 
1988; Sweeney & Soutar, 2001). Simultaneously, service encounters function as brand-related stimuli 
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that evoke multidimensional Brand Experience (BE), encompassing sensory, affective, intellectual, and 
behavioral responses (Brakus et al., 2009). Unlike satisfaction or general attitudes, brand experience 
reflects internal, subjective engagement and has been shown to significantly influence brand 
relationships and loyalty outcomes (Iglesias et al., 2011). 

 
Although the relationships among service quality, perceived value, brand experience, and 

behavioral intentions have been widely examined, the specific outcome of Willingness to Pay Premium 
(WPP) remains underexplored. WPP represents a critical manifestation of customer-based brand equity, 
reflecting consumers’ readiness to accept higher prices for a particular brand (Keller, 1993; Anselmsson 
et al., 2014). Existing studies frequently focus on loyalty or repurchase intention, while the mechanisms 
that translate experiential design into price tolerance or premium acceptance are less systematically 
integrated. 

Moreover, the literature often investigates cognitive mechanisms (value-based evaluations) and 
experiential mechanisms (affective brand engagement) separately. This fragmentation limits theoretical 
clarity regarding how Experience-Driven Service Design simultaneously activates both pathways to 
influence premium pricing behaviour. An integrated mediation framework incorporating both Perceived 
Value and Brand Experience is therefore needed. 

Accordingly, this study aims to conduct a systematic literature review (SLR) to synthesize 
existing conceptual and empirical evidence on the relationship between Experience-Driven Service 
Design and Willingness to Pay Premium, with the mediating roles of Perceived Value and Brand 
Experience. By consolidating dispersed research streams, this study seeks to advance theoretical 
integration and provide directions for future empirical testing, particularly within premium and high-

involvement service contexts. 
 

Research Objective 

The primary objective of this study is to systematically synthesize existing literature to 
understand how Experience-Driven Service Design (EDS) influences customers’ Willingness 
to Pay Premium (WPP) through the mediating roles of Perceived Value (PV) and Brand 
Experience (BE). 
Specifically, this study aims to: 
 

1. To conceptualize and clarify the definitions and theoretical foundations of 
Experience- Driven Service Design, Perceived Value, Brand Experience, and Willingness to 
Pay Premium within contemporary service and branding literature. 

2. To examine and synthesize empirical evidence regarding the relationships among 
EDS, PV, BE, and WPP, identifying both cognitive and experiential mechanisms proposed in 
prior research. 

3. To develop an integrated dual-pathway framework that explains how EDS may 
influence WPP through (a) a cognitive value-based pathway (EDS → PV → WPP) and (b) an 
experiential pathway (EDS → BE → WPP). 

4. To identify research gaps and future directions, particularly concerning 
integrated mediation models and premium pricing behavior in high-involvement or premium 
service contexts. 
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Through achieving these objectives, the study seeks to contribute to theoretical 
integration in service and branding research and provide a conceptual foundation for future 
empirical validation. 
 
Literature Review 

Theoretical Foundations  
The evolution of marketing thought from a goods-dominant logic toward a service-centered 

paradigm has reshaped how value is conceptualized in contemporary markets. Service-Dominant (S-D) 

Logic posits that value is co-created through interactions and is phenomenologically determined by 
beneficiaries rather than embedded in outputs (Vargo & Lusch, 2008). Within this framework, service 
design becomes a strategic mechanism for structuring interactions and facilitating value co-creation. 

Complementing this perspective, Brand Equity Theory emphasizes that differential consumer responses 
to marketing activities are driven by brand knowledge structures, ultimately influencing behavioral 
outcomes such as price tolerance and premium acceptance (Keller, 1993). 

Together, these perspectives provide a foundation for examining how Experience-Driven 
Service Design (EDS) influences behavioral intentions, particularly Willingness to Pay Premium (WPP), 
through both cognitive and experiential mechanisms. 
Experience-Driven Service Design (EDS) 
 Experience-Driven Service Design  

Refers to the intentional orchestration of service touchpoints to create meaningful and coherent 
customer experiences. Service blueprinting and multi-interface design approaches highlight the 
importance of aligning frontstage and backstage processes to shape holistic experiences (Bitner et al., 
2008; Patrício et al., 2011). Rather than focusing solely on operational efficiency, EDS emphasizes 
experiential value creation through environmental cues, employee interactions, and symbolic elements. 

Prior research suggests that structured service environments influence customers’ evaluative 
and emotional responses, thereby shaping downstream behavioral outcomes. However, the mechanisms 
linking service design to premium pricing remain insufficiently integrated in existing literature. 
 Perceived Value (PV) as a Cognitive Mechanism 

Perceived Value is commonly defined as the consumer’s overall assessment of utility based on 
a trade-off between perceived benefits and perceived sacrifices (Zeithaml, 1988). This trade-off 
perspective has been extended to multidimensional models incorporating functional, emotional, and 
social value dimensions (Sweeney & Soutar, 2001). Empirical evidence indicates that perceived value 
significantly predicts satisfaction and behavioral intentions in service settings (Cronin et al., 2000). 

In premium contexts, high perceived value may justify higher monetary sacrifice, thereby 
increasing customers’ willingness to accept premium pricing. Nevertheless, while the relationship 
between value perception and behavioral intention has been widely examined, explicit connections to 
WPP remain relatively underdeveloped. 
 Brand Experience (BE) as an Experiential Mechanism  

Brand Experience captures internal consumer responses evoked by brand-related stimuli and 
comprises sensory, affective, intellectual, and behavioral dimensions (Brakus et al., 2009). Unlike 
satisfaction, which reflects post-consumption evaluation, brand experience encompasses broader 
experiential engagement across touchpoints. 

Empirical findings suggest that positive brand experiences significantly influence loyalty and 
brand commitment (Iglesias et al., 2011). Furthermore, experiential dimensions—such as uniqueness 
and symbolic associations—have been found to enhance consumers’ acceptance of price premiums 
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(Anselmsson et al., 2014). These findings imply that experiential engagement may function as a 
pathway linking service design to premium pricing behavior. 
 Willingness to Pay Premium (WPP)  

Willingness to Pay Premium represents a key manifestation of customer-based brand equity, 
reflecting consumers’ readiness to pay higher prices for a preferred brand (Keller, 1993). Unlike general 
purchase intention, WPP captures price tolerance and perceived differentiation. Research demonstrates 
that favorable brand image and strong brand equity significantly increase the predictability of premium 
pricing acceptance (Anselmsson et al., 2014). Despite its strategic importance, WPP has often been 
treated as a secondary outcome variable rather than a focal construct, especially within service design 
research. 
 Toward an Integrated Dual-Pathway Framework  

The existing literature indicates two complementary mechanisms through which Experience-

Driven Service Design may influence Willingness to Pay Premium. The first is a cognitive pathway, 
whereby structured service experiences enhance perceived value, leading to greater price tolerance 
(Zeithaml, 1988; Cronin et al., 2000). The second is an experiential pathway, whereby brand-related 
stimuli evoke emotional and symbolic engagement, strengthening brand equity and increasing premium 
acceptance (Brakus et al., 2009; Anselmsson et al., 2014). 

However, these pathways are typically examined in isolation. An integrated mediation 
framework incorporating both Perceived Value and Brand Experience remains limited. Addressing this 
gap may contribute to theoretical clarity and provide a more comprehensive explanation of premium 
pricing behavior in experience-oriented service markets. 

 
Research Methodology  

This study adopts a Systematic Literature Review (SLR) methodology to synthesize existing 
knowledge on the relationships among Experience-Driven Service Design (EDS), Perceived Value (PV), 
Brand Experience (BE), and Willingness to Pay Premium (WPP). The SLR approach was selected to 
ensure methodological rigor, transparency, and replicability in consolidating fragmented research 
streams. 

 
1. Search Strategy and Data Sources 

A structured search process was conducted across four major academic databases: Scopus, Web 
of Science, ScienceDirect, and Emerald. The search covered peer-reviewed journal articles published 
between 2000 and 2025. Keywords were derived from the conceptual framework and included 
combinations of “Experience-Driven Service Design,” “service design,” “perceived value,” “brand 
experience,” “willingness to pay premium,” and “premium pricing.” The initial search yielded 120 
articles. 

 
2. Screening and Selection Process 

The screening process followed a structured multi-stage procedure. First, duplicate records 
were removed. Second, titles and abstracts were reviewed to assess relevance to the focal constructs 
(EDS, PV, BE, and WPP). Third, full-text articles were examined based on inclusion criteria, which 
required studies to: 

2.1provide clear conceptualization of at least one focal construct 
2.2 examine empirical or theoretical relationships among service design, value perception, 

brand experience, or premium-related behavioral intentions; and 
2.3 be published in peer-reviewed academic journals. 
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Studies focusing solely on product-based contexts without service components were excluded. 

After applying these criteria, 45 articles were retained for final analysis. 
 

3. Data Analysis 
A thematic synthesis approach was employed to analyze the selected studies. Extracted data 

included theoretical foundations, research contexts, methodological approaches (e.g., Structural 
Equation Modeling, Confirmatory Factor Analysis), key findings, and reported relationships among 
constructs. The analysis focused on identifying patterns that support cognitive (EDS → PV → WPP) 

and experiential (EDS → BE → WPP) pathways, as well as gaps in integrated mediation modeling. 
Through this structured methodology, the study ensures systematic consolidation of relevant 

literature and provides a rigorous foundation for conceptual framework development. 
 
Results 

1. Descriptive Results of the Review 
The systematic search initially identified 120 peer-reviewed articles from Scopus, Web of 

Science, ScienceDirect, and Emerald databases. After removing duplicates and applying inclusion and 
exclusion criteria, 45 articles were retained for final synthesis. 

 
The selected studies span multiple service contexts, including retail, hospitality, automotive, 

and premium brand environments. Methodologically, the majority of empirical studies employed 
Structural Equation Modeling (SEM) and Confirmatory Factor Analysis (CFA) to examine 
relationships among service experience, perceived value, brand experience, and behavioral intentions 
(Cronin et al., 2000; Brakus et al., 2009). 

 
2. Conceptual Clarification of Core Constructs 

The reviewed literature demonstrates consistent conceptual foundations across four focal 
constructs: 

 
 Experience-Driven Service Design (EDS) is positioned as a structured orchestration of service 
touchpoints to facilitate value co-creation (Bitner et al., 2008; Patrício et al., 2011). 
 Perceived Value (PV) is conceptualized as a cognitive trade-off between perceived benefits 
and sacrifices (Zeithaml, 1988; Sweeney & Soutar, 2001). 
 Brand Experience (BE) reflects multidimensional internal responses—sensory, affective, 
intellectual, and behavioral—triggered by brand stimuli (Brakus et al., 2009). 
 Willingness to Pay Premium (WPP) represents a manifestation of customer-based brand 
equity and price tolerance (Keller, 1993; Anselmsson et al., 2014). 
 

Although these constructs are individually well-established, integration of all four variables 
within a single mediation framework remains limited. 

 
3. Evidence Supporting the Cognitive Pathway (EDS → Perceived Value → WPP) 

 Across reviewed studies, service design elements such as environmental cues, employee 
interaction, and service process structure consistently influence customers’ evaluations of functional 
and emotional value (Cronin et al., 2000). Perceived value, in turn, significantly predicts satisfaction 
and behavioral intentions (Zeithaml, 1988). In premium contexts, favorable value evaluations justify 
higher monetary sacrifice and strengthen price tolerance. However, direct empirical testing of a full 
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mediation chain from EDS through PV to WPP remains scarce. Most studies examine only partial 
relationships rather than a fully integrated pathway. 
 

4. Evidence Supporting the Experiential Pathway (EDS → Brand Experience → WPP) 
The literature indicates that designed service encounters function as brand-related stimuli that 

evoke experiential responses (Brakus et al., 2009). Positive brand experiences significantly predict 
brand loyalty and commitment (Iglesias et al., 2011). 

Moreover, non-functional brand image dimensions—such as uniqueness and symbolic 
associations—substantially enhance consumers’ acceptance of premium prices (Anselmsson et al., 
2014). These findings suggest that experiential engagement may serve as a mechanism for translating 
service design into into acceptance of a price premium. Nevertheless, as with the cognitive pathway, 
empirical research integrating EDS, BE, and WPP within a unified model remains limited. 

 
5. Synthesis and Identified Research Gaps 

The synthesis reveals three major findings: 
 Fragmented Empirical Testing Most studies test bilateral relationships (e.g., service quality 
→ value; brand experience → loyalty) rather than full mediation structures. 
 Limited Focus on Premium Pricing Outcomes WPP is frequently treated as a secondary 
outcome compared to loyalty or repurchase intention (Keller, 1993). 
 Contextual Concentration in Mass Service Settings A significant portion of studies are 
conducted in retail or general service environments, with fewer investigations in high-involvement or 
luxury contexts. 

Overall, the reviewed literature suggests theoretical plausibility for a dual-pathway mediation 
framework; however, comprehensive empirical integration remains underdeveloped. This gap provides 
justification for advancing a unified conceptual model linking Experience-Driven Service Design to 
Willingness to Pay Premium through both cognitive and experiential mechanisms. 

 
6. Integrated Framework‑Based Findings 

This section integrates the findings from the systematic literature review to explain how 
Experience-Driven Service Design (EDS) influences Willingness to Pay Premium (WPP) through the 
mediating roles of Perceived Value (PV) and Brand Experience (BE). The synthesis moves beyond 
isolated bilateral relationships and consolidates prior research into a unified dual-pathway framework. 

6.1 Integration of Cognitive and Experiential Mechanisms 
The reviewed literature indicates that EDS operates as a structural enabler of value co-creation 

by intentionally orchestrating service touchpoints, physical evidence, and employee interactions (Bitner 
et al., 2008; Patrício et al., 2011). Within the Service-Dominant Logic perspective, such orchestration 
facilitates the determination of phenomenological value(Vargo & Lusch, 2008). 

From a cognitive standpoint, designed service encounters influence customers’ evaluations of 
benefits relative to sacrifices, thereby shaping Perceived Value (Zeithaml, 1988; Sweeney & Soutar, 
2001). Empirical studies consistently show that higher perceived value positively affects behavioral 
intentions (Cronin et al., 2000). When applied to premium contexts, these evaluations may justify higher 
monetary sacrifice, strengthening price tolerance and WPP. 

Simultaneously, EDS functions as experiential staging that triggers multidimensional brand 
responses. Brand Experience, encompassing sensory, affective, intellectual, and behavioral dimensions, 
emerges from brand-related stimuli embedded within service encounters (Brakus et al., 2009). Positive 
experiential engagement enhances brand commitment and relational strength (Iglesias et al., 2011). In 



The 16th National and the 12th International PIM Conference 2026 
April 29, 2026 

7 

premium markets, symbolic and experiential brand dimensions significantly contribute to consumers’ 

acceptance of higher prices (Anselmsson et al., 2014). 
 
Taken together, the literature suggests that EDS activates two complementary mechanisms: A 

cognitive pathway (EDS → PV → WPP), grounded in rational trade-off evaluation. While, an 

experiential pathway (EDS → BE → WPP), grounded in affective and symbolic engagement. 
 
6.2 Convergence Toward Premium Pricing Behavior 

The integrated review demonstrates that although PV and BE are conceptually distinct 
constructs, both converge in influencing premium pricing behavior. Perceived Value reflects 
justification of price through rational assessment, whereas Brand Experience reflects emotional and 
symbolic attachment that reduces price sensitivity. 

Importantly, prior research has rarely tested these mechanisms simultaneously within a 
unified mediation model. Most studies examine either value-based outcomes (Cronin et al., 2000) or 
experiential outcomes (Brakus et al., 2009) independently. This fragmentation suggests that the 
combined explanatory power of cognitive and experiential pathways remains theoretically 
underdeveloped. 

 
6.3 Proposed Integrated Framework 

 Based on the synthesized evidence, the integrated framework positions Experience-Driven 
Service Design as a strategic antecedent that simultaneously enhances Perceived Value and Brand 
Experience, both of which influence Willingness to Pay Premium. The framework aligns with 

Customer-Based Brand Equity theory (Keller, 1993), suggesting that premium price acceptance reflects 
strengthened brand equity derived from both rational and experiential evaluations. 

 
 

Picture 1:  Integrated Dual- Pathway Framework Linking Experience- Driven Service Design to 

Willingness to Pay Premium 
 

6.4 Implications of the Integrated Findings 
The integrated findings highlight that premium pricing in service markets cannot be 

explained solely through functional value enhancement. Instead, effective premium strategies require 
simultaneous management of value perception and experiential engagement. The review underscores 
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the need to examining both mediators in future empirical studies, particularly in high-involvement and 
luxury service contexts where experiential differentiation plays a strategic role. 

Overall, the integrated framework consolidates fragmented literature streams and provides a 
coherent theoretical explanation for how Experience-Driven Service Design may translate into premium 
pricing outcomes. 

 
Table 1: Summarizes the key empirical and conceptual findings from the 45 reviewed studies, 
highlighting supported relationships within the proposed framework as well as the identified research 
gaps in EDS-PV-WPP and EDS-BE-WPP linkages. 

Construct/ 
Relationship 

 
Key Conceptualization 

 

 
Core Empirical Finding 

 

Supporting 
Literature 

 

EDS 
 

Design of physical evidence 
and employee actions to co-

create phenomenological value. 

Service environments and 
blueprints dictate the holistic 
customer experience. 
 

Bitner et al., 2008; 
Vargo & Lusch, 
2008 
 

PV 
Cognitive trade-off between 
received utility (benefits) and 
sacrifices (costs). 

PV directly influences 
customer satisfaction and 
behavioral intentions. 
 

Zeithaml, 1988; Hult 
et al., 2017 
 

BE 
Subjective sensory, affective, 
intellectual, and behavioral 
responses to brand stimuli. 

BE possesses a strong total 
effect (.69) on consumer 
loyalty and future behavior. 
 

Brakus et al., 2009 
 

EDS → PV 
Service encounters shape 
utilitarian and hedonic value 
assessments. 

Service design/experience 
positively impacts both 
hedonic and utilitarian value. 

Basilisco et al. 
 

EDS → BE 
Staged experiences trigger 
psychological and behavioral 
consumer responses. 

Atmospheric variables and 
personnel interactions evoke 
specific brand experiences. 

Brakus et al., 2009 
 

PV/BE → WPP 
Favorable attitudes and high 
perceived value justify premium 
pricing. 

Favorable brand images and 
value perceptions double the 
predictability of price 
premiums. 

Anselmsson et al., 
2014 ; Keller, 1993 
 

 
Discussion 

This systematic literature review provides an integrated understanding of how Experience-

Driven Service Design (EDS) relates to Willingness to Pay Premium (WPP) through the mediating 
mechanisms of Perceived Value (PV) and Brand Experience (BE). By synthesizing 45 selected studies, 
the findings bridge fragmented research streams across service design, value theory, and branding 
literature. 

First, the findings reaffirm the relevance of Service-Dominant Logic (S-D Logic) in 
explaining how value is formed in service ecosystems. According to Vargo and Lusch (2004, 2008), 
value is phenomenologically determined by the beneficiary rather than embedded in outputs. The 
reviewed studies suggest that EDS structures customer interactions and touchpoints in ways that 
facilitate value co-creation (Bitner et al., 2008; Patrício et al., 2011). Within this logic, service 
blueprinting and experience orchestration influence how customers interpret benefits and sacrifices. 

From a cognitive perspective, Perceived Value represents a trade-off between what is received 
and what is given (Zeithaml, 1988). Empirical research consistently demonstrates that PV positively 
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affects satisfaction and behavioral intentions (Cronin et al., 2000; Hult et al., 2017). In premium 
contexts, higher perceived value justifies elevated price expectations and reduces perceived sacrifice. 

Therefore, the pathway EDS → PV → WPP is theoretically supported by value trade-off theory and 
empirically reinforced in service quality research. 

Second, the review highlights the experiential mechanism linking service design and premium 
pricing. Brand Experience, defined as sensory, affective, intellectual, and behavioral responses to 
brand-related stimuli (Brakus et al., 2009), extends beyond functional evaluation. Positive brand 
experiences have been shown to influence loyalty and future behavioral intentions (Brakus et al., 2009; 
Iglesias et al., 2011). Moreover, non-quality brand image dimensions such as uniqueness and symbolic 
meaning significantly enhance price premium acceptance (Anselmsson et al., 2014). These findings 
support the experiential pathway EDS → BE → WPP. 

Importantly, although individual relationships (e.g., service quality–value, experience–loyalty) 

are well established, integrated dual-mediation models remain underdeveloped. Most empirical studies 
examine bilateral relationships rather than testing PV and BE simultaneously within one structural 
framework. This fragmentation indicates a need for more comprehensive models that capture both 
rational and emotional drivers of premium pricing. 

The findings also suggest contextual implications. Much of the prior empirical work focuses 
on mass retail or student samples (Brakus et al., 2009; Cronin et al., 2000), while premium, luxury, or 
high-involvement service settings remain relatively underexplored. Given that experiential 
differentiation plays a stronger role in premium markets (Anselmsson et al., 2014), future empirical 
research should extend the integrated framework into these contexts. 

 
Conclusion  

This study systematically reviewed existing literature to examine how Experience-Driven 
Service Design (EDS) influences Willingness to Pay Premium (WPP) through Perceived Value (PV) 

and Brand Experience (BE). Drawing from 120 initial articles and synthesizing 45 peer-reviewed 
studies, the review consolidates theoretical and empirical evidence into a coherent dual-pathway 
framework. 

 
The findings indicate that EDS may shape premium pricing behavior through two 

complementary mechanisms. The cognitive pathway operates via value evaluation, consistent with 
value trade-off theory (Zeithaml, 1988) and service quality research (Cronin et al., 2000). The 
experiential pathway operates through affective and symbolic engagement, consistent with Brand 
Experience theory (Brakus et al., 2009) and Customer-Based Brand Equity theory (Keller, 1993). 

Together, these mechanisms provide a more comprehensive explanation of how service design 
translates into premium pricing outcomes. 

The primary contribution of this review lies in integrating Service-Dominant Logic (Vargo & 
Lusch, 2008), Experience Economy perspectives, and Brand Equity theory (Keller, 1993) into a unified 
conceptual structure. By positioning PV and BE as parallel mediators, the study advances theoretical 
clarity and highlights the multidimensional nature of price premium acceptance in service contexts. 

However, empirical validation of the proposed integrated framework remains limited. Future 
research should employ Structural Equation Modeling (SEM) to test the simultaneous mediation effects 
of PV and BE, as suggested by prior methodological approaches in service and branding research have 
suggested (Brakus et al., 2009; Hult et al., 2017). Longitudinal and cross-industry studies may further 
clarify the dynamic interplay between experiential design and price premium behavior. 

In conclusion, this study contributes to service and branding literature by systematically 
organizing fragmented findings into a theoretically grounded, dual-pathway framework. The integrated 
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perspective offers a foundation for future empirical testing and provides strategic insight for firms 
seeking sustainable competitive advantage through experiential differentiation and premium 
positioning. 

 
Recommendations 

Based on the findings of this systematic literature review, this study proposes recommendations 
for future research and managerial practice. 

 
1. Recommendations for Future Research 

  Empirical validation of the integrated dual-mediation model: Future studies should 
empirically test the proposed framework, incorporating both mediation paths (EDS → PV → WPP and 
EDS → BE → WPP)within a single structural model. Structural Equation Modeling (SEM) is 
recommended to examine parallel mediation effects and to assess the relative strength of cognitive and 
experiential mechanisms (Brakus et al., 2009; Cronin et al., 2000). Such empirical validation would 
strengthen the theoretical robustness of the integrated framework. 

 Extension to premium and high-involvement service contexts: Much of the prior literature 
has focused on general service environments. Future research should extend the framework to luxury, 
premium hospitality, high-end retail, or specialized professional services, where experiential 
differentiation and symbolic value play a more prominent role in price premium acceptance 
(Anselmsson et al., 2014). 
 Longitudinal research designs: Brand Experience develops cumulatively through repeated 
interactions (Iglesias et al., 2011). Longitudinal studies would provide deeper insights into how 
Experience-Driven Service Design gradually shapes Perceived Value, Brand Experience, and ultimately 
Willingness to Pay Premium over time. 

Cross-cultural comparative studies: Perceptions of value and emotional responses to brand 
experiences may vary across cultural contexts. Cross-cultural investigations would enhance the 
generalizability of the proposed framework and clarify whether the dual mediation mechanisms operate 
consistently across markets. 
 2.  Managerial Recommendations 

Adopt a holistic approach to experience design: Managers should conceptualize service 
design as an integrated system of touchpoints across the entire customer journey (Bitner et al., 2008; 
Patrício et al., 2011). Consistency and coherence across pre-service, service, and post-service stages 
can strengthen both perceived value and brand experience. 

Strategically enhance perceived value: Organizations should focus on maximizing 
functional, emotional, and social benefits while minimizing perceived sacrifices, consistent with value 
trade-off theory (Zeithaml, 1988). Clear communication of differentiated value propositions supports 
rational justification for premium pricing (Cronin et al., 2000). 

Strengthen meaningful brand experiences: Designing sensory, affective, cognitive, and 
behavioral brand stimuli enhances customer engagement and loyalty (Brakus et al., 2009; Keller, 1993). 

Firms should align experiential cues with brand identity and strategic positioning to reinforce premium 
perception. 

Embrace customer-centric design principles: Organizations should leverage customer 
insights, journey mapping, and service blueprinting to refine experience orchestration continuously. 

This aligns with Service-Dominant Logic, which emphasizes value co-creation through interactions 
(Vargo & Lusch, 2008). 
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 3. Strategic Implications 
For firms pursuing sustainable competitive advantage, investment in Experience-Driven 

Service Design should be viewed not merely as an operational enhancement but as a strategic value-

based approach. By simultaneously activating cognitive (Perceived Value) and emotional (Brand 
Experience) mechanisms, firms can justify and sustain premium pricing strategies in increasingly 
competitive service markets. 
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Abstract 

This study addresses the strategic challenge of repositioning canned fish for digital-native markets 

by developing a conceptual framework grounded in the Stimulus–Organism–Response model. Specifically, 

Emotional Branding and Digital Influencer Marketing are proposed as key marketing stimuli that 

shape consumers’ internal perceptual evaluations, namely Perceived Modernity and Perceived 

Healthiness, which subsequently influence Purchase Intention. To achieve this, the study aims to 

systematically synthesize existing evidence on emotional branding and digital influencer marketing, 

with particular emphasis on identifying key mediating mechanisms linking these stimuli to purchase 

intention among Generation Z consumers, and to develop a theoretically integrated framework that 

addresses fragmentation in current literature while guiding future empirical research on modernizing 

traditional packaged food categories. A systematic literature review was conducted following PRISMA-

informed procedures to synthesize previous research on branding, influencer marketing, consumer 

perception, and food-related behavior. The review consistently indicated that emotional branding enhances 

symbolic meaning and affective attachment, while digital influencer marketing strengthens credibility, 

cultural relevance, and lifestyle alignment among Generation Z consumers. Furthermore, perceived 

modernity and perceived healthiness were found to function as critical mediating mechanisms linking 

marketing stimuli to behavioral outcomes, with modern packaging, sustainability cues, and health-

oriented communication positively influencing purchase intention in food contexts. Based on these 

insights, a unified conceptual framework was developed, along with ten research hypotheses (H1–H10) for 

future empirical testing, proposing that emotional branding and digital influencer marketing positively 

influence perceived modernity and perceived healthiness, which in turn drive purchase intention, with both 

mediators playing significant intervening roles. This study contributes to marketing theory by integrating 

emotional and digital influence mechanisms within a single perceptual mediation structure tailored to 

traditional food categories, and provides strategic guidance for revitalizing legacy packaged food 

products in contemporary digital markets. 

 

Keywords: Emotional Branding, Digital Influencer Marketing, Purchase Intention, Perceived Modernity, 

and Perceived Healthiness 

 

Introduction  

Canned fish remains a core category in the global food industry, however, it confronts a 

declining relevance among next-generation consumers, particularly Gen Z, who increasingly perceive 

traditional packaged foods as disconnected from contemporary lifestyle values (Smith & Young, 

2021). In contrast to previous generations, these digital-native groups make food choices based on 



The 16th National and the 12th International PIM Conference 2026 

April 29, 2026 

2 

emotional resonance, digital experiences, and wellness-oriented criteria such as health, sustainability, 

and authenticity (Gligorić et al., 2023).  

Previous research showed that emotional branding through narrative, sensory cues, and affective 

appeal builds brand attachment and perceived relevance, even in low involvement categories (Morris 

& Stangl, 2022). Concurrently, digital influence mechanisms, including creator-generated content, 

influencer credibility, and parasocial interaction, significantly shape brand perception and purchase 

intentions among younger audiences (Efendioğku, 2022; Sharkasi & Rezakhah, 2023; Anastasiei et 

al., 2024). Despite these theoretical advances, empirical studies rarely examine how emotional and digital 

pathways operate together within traditional packaged food categories, particularly those experiencing 

generational relevance decline.  

Although canned fish remains nutritionally valuable and economically significant, its symbolic 

image is often associated with utilitarian, low-involvement consumption. This perception creates a 

strategic challenge for established brands seeking relevance among Generation Z, whose consumption 

decisions are increasingly shaped by identity expression, digital engagement, and health signaling. 

This gap limits understanding of how established brands can modernize their appeal. Therefore, this 

study conducts a systematic literature review to synthesize existing evidence on emotional branding 

and digital influence, identify the key mediating mechanisms perceived modernity and perceived 

healthiness, and propose a conceptual framework to guide future empirical research on repositioning 

traditional food products for digital-native consumers. This study is conceptual in nature. 

Based on the identified gaps, this study seeks to answer the following research questions: 

RQ1: Does emotional branding influence perceived modernity and perceived healthiness of 

canned fish brands among Generation Z consumers in Thailand? 

RQ2: Does digital influencer marketing influence perceived modernity and perceived healthiness 

of canned fish brands among Generation Z consumers in Thailand? 

RQ3: Do perceived modernity and perceived healthiness influence the purchase intention of 

canned fish brands among Generation Z consumers in Thailand? 

RQ4: Do perceived modernity, and perceived healthiness mediate the relationships between 

emotional branding and purchase intention and digital influencer marketing and purchase intention of 

canned fish brands among Generation Z consumers in Thailand? 

 

Research Objectives 

1. To systematically synthesize existing evidence on emotional branding and digital influencer 

marketing, identifying key mediators perceived modernity and perceived healthiness linking these 

stimuli to purchase intention among Gen Z consumers.  

2. To develop a theoretically integrated proposed framework that addresses fragmentation in 

current literature and guides future empirical research on modernizing traditional packaged food categories. 

3. To develop research hypotheses for future empirical testing. 

 

Literature Review 

1. Stimulus–Organism–Response (S-O-R) Theory 

The Stimulus–Organism–Response (S-O-R) model, introduced by Mehrabian and Russell 

(1974), explained how environmental stimuli influenced individuals’ internal states and subsequent 

behavioral responses. The model proposed that external stimuli (S) affected internal cognitive and 

affective evaluations (O), which then shaped behavioral outcomes (R). In this study, Emotional 

Branding and Digital Influencer Marketing served as stimuli. The organism component consisted of 

Perceived Modernity and Perceived Healthiness, which reflected consumers’ internal evaluations of 
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canned fish products. The response was conceptualized as Purchase Intention. This framework was 

particularly relevant for Thai Generation Z consumers, who were highly responsive to digital and 

symbolic brand communication, especially in repositioning utilitarian products such as canned fish as 

modern and health-oriented. 

2. Emotional Branding 

Emotional branding, introduced by Marc Gobé (2001), referred to a strategic approach 

that built deep affective connections between brands and consumers through storytelling, symbolic 

meaning, shared values, and sensory experiences. Rather than relying only on functional attributes, 

emotional branding differentiated brands by inspiring feelings such as trust, belonging, and aspiration, 

thereby strengthening long-term consumer–brand relationships. In the food and beverage sector, 

emotional branding was shown to strengthen brand equity and customer intimacy through effective 

narratives and emotionally resonant advertising (Mousadoabi et al., 2025).  

Emotional branding strengthened consumer evaluations in food and packaged food 

contexts by activating affective responses such as nostalgia, trust, comfort, and ethical pride. Contemporary 

related indications, such as contemporary music and imagery, increased perceived modernity and overall 

evaluation (Ketron et al., 2024). Contemporary packaging, characterized by minimalist layouts, refined 

typography, and premium graphics, signaled higher quality and value (Kukreja & Patil, 2025), while 

packaging color variations influenced inferred product attributes and positioning (Steiner & Florack, 

2023). These findings suggested that the same visual and narrative cues used in emotional branding 

could also signal modernity. In seafood contexts, emotions such as anticipation and trust were central 

to product evaluation (Verza et al., 2023), indicating that affective cues could reshape category image.  

Integrative studies showed that branding, packaging, and labelling jointly influenced 

perceptions of quality, taste, and health value (Pinto et al., 2021), suggesting that emotional branding operated 

as a heuristic mechanism in health evaluations. Sustainability and wellness-oriented emotional narratives 

motivated confidence and moral satisfaction, strengthening brand image and perceived value (García-

Salirrosas et al., 2024a). In seafood contexts, emotions such as trust and anticipation facilitated acceptance 

of health-related information (Verza et al., 2023). Nutritional improvement messages positively 

affected perceived quality when communicated in a comforting manner (Castellini et al., 2022).  

H1: Emotional branding positively influenced perceived modernity. 

H2: Emotional branding positively influenced perceived healthiness. 

3. Digital Influencer Marketing 

Digital influencer marketing developed from early influencer marketing theory rooted in 

opinion leadership and word-of-mouth communication. Brown and Hayes (2008) conceptualized 

influencers as third-party promoters who shaped consumer attitudes and purchase decisions through 

authority, expertise, and social reach. With the rise of social media, the concept developed into digital 

influencer marketing. Freberg et al. (2011) defined social media influencers as independent promoters 

who influenced audience attitudes via blogs and social platforms, marking a shift from traditional 

celebrity support to digitally mediated influence.  

Empirical studies consistently showed that influencer marketing increased brand perception by 

strengthening attributes such as innovativeness, cultural relevance, and lifestyle consistency (Gupta, 2024; 

Hegde et al., 2025). Research indicated that influencer-led communication improved brand perceptions of 

being “current” and “in tune with the times,” particularly among Gen Z and Millennials (Guled & Rajkumar, 

2025). Influencers blended in social media environments signaled authenticity and cultural integration, 

reinforcing modern brand images (Zhou, 2023). In food categories, especially canned fish, influencer-

driven short-form content on platforms such as TikTok contributed to repositioning traditionally 

utilitarian products as aesthetically appealing and culturally current (Wang et al., 2024). 
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Experimental evidence showed that endorsements significantly increased perceived 

healthiness and willingness to try novel foods compared to non-health influencers (Wang et al., 2025). 

Studies further confirmed that high influencer–product fit improved intentions to choose healthier 

options (Sajjad & Pasha, 2025; Smit et al., 2020). Influencer characteristics also mattered. Attributes 

such as authenticity, body type, and lifestyle influenced how healthy-promoted foods were perceived 

(De Jans et al., 2022), and influencer approvals significantly affected perceived health benefits of 

health-related products (Chung et al., 2021). In seafood contexts, fish was widely recognized for its 

cardiovascular and metabolic benefits (Mendivil, 2021), and digital communication was considered an 

effective tool for promoting seafood consumption (White, 2011). Nutritional and sustainability research 

further supported fish as a healthier dietary substitute (Mendivil, 2021).  

H3: Digital influencer marketing positively influenced perceived modernity. 

H4: Digital influencer marketing positively influenced perceived healthiness. 

4. Perceived Modernity 

Perceived modernity refers to consumers’ perception that a brand or product is contemporary, 

innovative, and aligned with current lifestyles and aesthetic trends. It reflects the extent to which a brand is 

viewed as up-to-date and relevant. This perception is shaped by visual design, packaging elements, and 

communication that signal innovativeness and cultural alignment (Gelici‐Zeko et al., 2013; Liu et al., 2025).  

Atypical and modern packaging increased purchase intention by signaling uniqueness and 

self-enhancement (Xu et al., 2025). Packaging elements such as color, graphics, shape, and layout 

significantly influenced perceived quality and willingness to buy, with modern and minimalist designs 

outperforming traditional formats (Gelici-Zeko et al., 2013; Mateen Khan, 2018). In seafood contexts, 

minimalist and sustainability-oriented packaging boosted trust, perceived value, and purchase 

likelihood (Pashkevych et al., 2023; Cucchiara et al., 2015), while premium and modern branding 

increased willingness to pay (Vos, 2017).  

H5: Perceived modernity positively influenced purchase intention. 

5. Perceived Healthiness 

Perceived healthiness referred to consumers’ subjective evaluation of how healthy a 

product appeared, distinct from its objective nutritional quality. Foundational work by Raghunathan, 

Naylor, and Hoyer (2006) showed that health judgments were shaped by cognitive heuristics such as 

the “unhealthy = tasty” intuition rather than purely analytical processing. Thus, perceived healthiness 

reflected consumer-based inferences formed through beliefs. Research identified multiple marketing-

related determinants. Packaging design, color, labels, ingredient lists, and naturalness significantly 

shaped perceived healthfulness (Plasek et al., 2020), while symbolic elements such as organic claims 

and eco-friendly packaging improved health perceptions even when objective nutrition remained 

constant (Pinto et al., 2021).  

Systematic reviews showed that foods perceived as healthier were more likely to be 

purchased, particularly when health claims were believable and clearly communicated (Plasek et al., 

2020; Pinto et al., 2021). Recent empirical studies further showed that perceived healthiness significantly 

increased purchase intention for healthy branded foods (Chilón-Troncos et al., 2024; García-Salirrosas 

et al., 2024). Health consciousness and perceived health benefits consistently acted as central motivational 

drivers of food choice (Pan et al., 2025; Albornoz et al., 2024). In functional food contexts, perceived 

nutrition and safety improved health benefit perceptions, which subsequently increased repurchase 

intention (Wang & Tsai, 2019). In seafood research, perceived health benefits were among the 

strongest predictors of consumption attitudes and purchase intention (Aminizadeh et al., 2024).  

H6: Perceived healthiness positively influences purchase intention. 
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6. Purchase Intention 

Purchase intention was a central construct in consumer behavior research and was widely 

used as a predictor of actual buying behavior. It was theoretically grounded in the Theory of Reasoned 

Action (Fishbein & Ajzen, 1975) and the Theory of Planned Behavior (Ajzen, 1991), which posited 

that behavioral intention was the most immediate antecedent of actual behavior. Accordingly, purchase 

intention reflected a consumer’s conscious plan or willingness to buy a product. Marketing research 

conceptualized purchase intention as the outcome of cognitive and affective evaluations. Perceived 

value and quality significantly influenced purchase intention (Dodds et al., 1991), while brand attitude 

and advertising effectiveness directly shaped it (Spears & Singh, 2004).  

Studies on packaging and experiential studies further supported this mediation logic. 

Visual elements such as color, graphics, and layout influenced purchase intention through brand 

experience (Liu et al., 2025). Innovative and modern packaging designs modified brand evaluations 

and increased purchase intention (Benachenhou et al., 2018), while contemporary aesthetics improved 

perceived quality and brand image, particularly among younger consumers (Gelici-Zeko et al., 2013; 

Mateen Khan, 2018). These findings suggested that modern design functioned as a perceptual 

mechanisms linking branding stimuli to behavioral outcomes.  

In food contexts, influencer campaigns using lifestyle displays and recipe-sharing shaped 

beneficial brand responses and increased purchase intention (Qin et al., 2024). Influencer trustworthiness, 

expertise, and parasocial interaction further strengthened brand attitudes that translated into buying intention 

(Tan, 2020). Drawing on construal level theory, reducing psychological distance through relatable 

lifestyle content improved personal relevance and positive evaluation (Trope et al., 2007), which 

might manifest as stronger perceptions of modernity. Broader influencer marketing studies confirmed 

mediation through brand image and attitude. Influencer characteristics increased purchase intention 

via brand image (Richadinata et al., 2025).  

Responsible packaging, such as recyclable or compostable materials increased perceived 

naturalness, which improved perceived healthiness and subsequently purchase intention, with perceived 

healthiness serving as the key mediator (d’Astous & Labrecque, 2021). Nutrition label research further 

confirmed that beneficial labels increased purchase intention indirectly through perceived healthiness 

(De Temmerman et al., 2021), and emotionally engaging health information predicted both health 

evaluations and buying intentions (Zerbini et al., 2019). Packaging signs such as healthier-looking 

colors and descriptions improved perceived healthiness, which in turn drove purchase intention (van 

Velzen & Verhoeven, 2021).  

Experimental research showed that approvals from health-focused influencers significantly 

increased perceived healthiness and willingness to try novel foods compared with non-health influencers 

(Wang et al., 2025). Similarly, promotions by trustworthy fitness influencers improved positive attitudes 

and purchase intention for healthy foods, with parasocial interaction acting as a mediator (Folkvord et al., 

2020). Broader research indicated that motivational influencer communication increased healthy food 

purchase intentions through intermediate psychological mechanisms (Sestino et al., 2024), and reviews 

consistently highlighted influencer believability and relatability as key drivers of health-oriented 

consumption among young audiences (Amson et al., 2024). 

H7: Perceived modernity mediates the relationship between emotional branding and 

purchase intention. 

H8: Perceived modernity mediates the relationship between digital influencer marketing 

and purchase intention. 

H9: Perceived healthiness mediates the relationship between emotional branding and 

purchase intention. 
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H10: Perceived healthiness mediates the relationship between digital influencer marketing and 

purchase intention. 

 

Research Methodology 

This study employed a Systematic Literature Review (SLR) to synthesize existing knowledge 

on emotional branding, digital influencer marketing, perceived modernity, perceived healthiness, and 

purchase intention in canned seafood contexts. The SLR approach ensured methodological rigor 

through a transparent and structured process of identifying, screening, and synthesizing relevant 

academic studies. The initial search generated 95 records. After removing duplicates and applying 

inclusion criteria, 78 articles were retained for full-text screening. A total of 62 studies were included 

in the final synthesis. 

1. Review Protocol 

The review process followed established guidelines for systematic literature reviews (Tranfield 

et al., 2003) and incorporated PRISMA principles to enhance transparency in article selection and 

reporting. These procedures minimized bias and ensured replicability. 

2. Data Sources and Search Strategy 

Relevant articles were retrieved from Scopus, Web of Science, and Google Scholar. 

Boolean keyword combinations were used, including: 

- “emotional branding.” 

- “digital influencer marketing” OR “social media influencer.” 

- “perceived modernity.” 

- “perceived healthiness” OR “health perception.” 

- “purchase intention.” 

- “food marketing” OR “seafood consumption.”  

- “canned seafood” OR “canned fish.” 

The search period was limited to 2000-2025 to capture both foundational theories and 

contemporary digital marketing developments. 

3. Inclusion and Exclusion Criteria 

3.1 Inclusion criteria: 

- Peer-reviewed journal articles and conference papers 

- Studies focusing on branding, influencer marketing, consumer perception, or food-

related purchase behavior 

- Empirical, theoretical, or review studies 

3.2 Exclusion criteria: 

- Non-academic publications 

- Studies lacking methodological clarity 

- Articles unrelated to marketing stimuli or consumer behavioral outcomes 

- Duplicate records 

After screening titles, abstracts, and full texts, relevant studies were retained for synthesis. 

4. Data Extraction and Thematic Synthesis 

A structured coding template was developed to extract key information, including 

research context, theoretical foundation, constructs examined, and reported relationships. 
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A thematic synthesis was conducted in three stages: 

-  Open coding of construct relationships 

-  Categorization of findings according to the Stimulus–Organism–Response (S-O-R) 

framework 

-  Development of a unified conceptual model 

5. Framework Development 

Based on the synthesis, Emotional Branding and Digital Influencer Marketing were positioned 

as stimulus variables, Perceived Modernity and Perceived Healthiness as organism (mediating) variables, 

and Purchase Intention as the response variable. 

The review culminated in the development in the development of a theoretically grounded 

conceptual framework and the formulation of ten research hypotheses H1–H10 for future empirical 

validation. 

 

Results 

The systematic literature review provided consistent theoretical and empirical support for the 

relationships proposed in the conceptual framework. In line with the first research objective, which 

aimed to synthesize existing evidence on emotional branding and digital influencer marketing and identify 

the mediating roles of perceived modernity and perceived healthiness, the findings demonstrate that both 

marketing constructs play important roles in shaping consumer perceptions and behavioral intentions 

in food-related contexts. The reviewed studies consistently suggest that purchase intention is not 

formed directly from promotional stimuli alone, but through perceptual evaluations that help 

consumers interpret product relevance, value, and desirability. 

Firstly, the review showed that emotional branding strengthens affective attachment, symbolic 

meaning, and perceived brand relevance. Across the literature, emotional cues such as storytelling, 

nostalgic associations, visual identity, and emotionally resonant communication were found to make 

traditional food products appear more contemporary and meaningful to younger consumers. This 

suggests that emotional branding does more than simply attract attention; it helps reposition legacy 

food products by reshaping how consumers interpret the brand in relation to their identity and 

lifestyle. In this regard, the evidence supports the proposed positive influence of emotional branding 

on perceived modernity (H1) and perceived healthiness (H2). The result also indicates that emotional 

branding may be particularly important for categories such as canned fish, which often face image 

problems related to being old-fashioned or lacking emotional appeal. By embedding emotional value 

into product presentation and communication, brands can improve both symbolic attractiveness and 

perceived product quality. 

Secondly, the findings confirmed that digital influencer marketing enhances brand credibility, 

cultural relevance, and lifestyle alignment, particularly among Generation Z consumers. The literature 

repeatedly identified influencer authenticity, expertise, relatability, and parasocial interaction as important 

mechanisms affecting how consumers evaluate food brands. This means that influencer marketing is 

not effective only because it increases visibility, but because it translates brand messages into socially 

meaningful and personally trusted communication. The reviewed evidence suggests that when influencers 

present canned fish products in modern, health-conscious, or lifestyle-oriented ways, consumers are 

more likely to perceive such products as relevant to contemporary consumption trends. As a result, the 

findings support the proposed positive relationships between digital influencer marketing and 

perceived modernity (H3) as well as perceived healthiness (H4). From an interpretive perspective, this 

result highlights the strategic role of influencers in reducing the perceptual gap between traditional 

packaged foods and the expectations of digital-native consumers. 
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Thirdly, strong evidence from the reviewed studies indicated that perceived modernity and 

perceived healthiness positively influence purchase intention in food and seafood-related categories. 

The literature showed that modern packaging design, sustainability cues, innovation signals, nutritional 

communication, and health-related labeling all contribute to stronger consumer willingness to purchase. 

These findings support H5 and H6, while also indicating that consumers evaluate canned fish not only 

in terms of taste or price, but also through symbolic and health-related meanings. This is particularly 

relevant in highly competitive food markets where younger consumers are increasingly attentive to 

product image, wellness, and brand fit with their lifestyle. Therefore, perceived modernity and perceived 

healthiness appear to function as critical evaluative criteria that translate brand communication into 

behavioral intention. 

Finally, the literature synthesis revealed that perceived modernity and perceived healthiness 

act as important mediating mechanisms linking emotional branding and digital influencer marketing 

to purchase intention. Rather than exerting purely direct effects, both marketing stimuli appear to 

shape behavioral intention through consumer interpretation and meaning formation. This supports 

H7–H10 and is consistent with the second and third research objectives, namely the development of 

an integrated conceptual framework and the formulation of research hypotheses for future testing. The 

mediating role of these perceptions suggests that effective marketing in traditional food categories 

depends not only on message delivery, but also on the extent to which consumers come to see the 

product as modern, relevant, and beneficial to their well-being. This is a significant analytical insight 

because it shows that perceptual transformation is central to market revitalization. 

Collectively, the results indicate that the proposed framework is theoretically coherent and 

well supported by prior literature. More importantly, the review suggests that the modernization of canned 

fish brands requires a dual strategic approach: first, creating emotional and symbolic resonance through 

branding, and second, reinforcing contemporary relevance and credibility through influencer -led 

communication. The findings therefore extend current understanding by showing that purchase intention in 

traditional packaged food categories is shaped through a layered perceptual process, in which 

consumers reinterpret familiar products through modernity and health-oriented meanings before 

forming buying intentions. Overall, the results provide a strong foundation for future empirical testing 

and directly address the research objectives by synthesizing the literature, identifying key mediators, 

and validating the logic of the proposed framework. 

 

 
 

Picture 1: A Proposed Framework  

 

H1: Emotional branding positively influences perceived modernity 

H2: Emotional branding positively influences perceived healthiness 
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H3: Digital influencer marketing positively influences perceived modernity 

H4: Digital influencer marketing positively influences perceived healthiness 

H5: Perceived modernity positively influences purchase intention 

H6: Perceived healthiness positively influences purchase intention 

H7: Perceived modernity mediates the relationship between emotional branding and purchase 

intention 

H8: Perceived modernity mediates the relationship between digital influencer marketing and 

purchase intention 

H9: Perceived healthiness mediates the relationship between emotional branding and purchase 

intention 

H10: Perceived healthiness mediates the relationship between digital influencer marketing 

and purchase intention  

 

Discussion  

The findings from the systematic literature review reinforce the relevance of the Stimulus–

Organism–Response (S-O-R) framework in explaining consumer behavior within traditional food 

categories. Consistent with Mehrabian and Russell (1974), marketing stimuli do not directly drive 

behavioral outcomes; rather, they shape internal perceptual evaluations that subsequently influence 

purchase intention. In this study, Emotional Branding and Digital Influencer Marketing function as 

strategic stimuli that activate perceptual mechanisms, namely Perceived Modernity and Perceived 

Healthiness. 

The synthesis indicates that emotional branding enhances symbolic meaning, affective attachment, 

and perceived relevance through storytelling and sensory (Gobé, 2001). Prior studies confirm that 

emotionally resonant communication strengthens brand equity and customer intimacy in food contexts 

(Mousadoabi et al., 2025). Moreover, contemporary visual cues and packaging design contribute to 

perceptions of modernity (Ketron et al., 2024; Kukreja & Patil, 2025), suggesting that emotional 

branding may reposition utilitarian food products as culturally current. The literature further shows 

that branding and packaging influence health evaluations (Pinto et al., 2021), supporting the 

conceptualization of perceived healthiness as a cognitive–affective response mechanism. 

Similarly, digital influencer marketing developed as a powerful driver of brand perception 

among younger consumers. Influencer credibility, authenticity, and parasocial interaction strengthen 

brand attitudes and purchase intention (Freberg et al., 2011; Tan, 2020). Research further shows that 

influencer-led communication enhances perceptions of cultural relevance and modernity, particularly 

among Generation Z (Gupta, 2024; Guled & Rajkumar, 2025). In food contexts, health-focused 

influencers significantly increase perceived healthiness and willingness to try products (Wang et al., 

2025), reinforcing the mediating role of health perception. 

Importantly, perceived modernity and perceived healthiness consistently predict purchase 

intention across food and seafood studies (Plasek et al., 2020; Aminizadeh et al., 2024). This aligns 

with the Theory of Planned Behavior (Ajzen, 1991), which posits that evaluative beliefs shape behavioral 

intentions. The mediation logic is further supported by evidence that brand image and consumer attitudes 

transmit the effects of marketing communication to purchase outcomes (Richadinata et al., 2025). 

In summary, the discussion highlights that repositioning traditional canned fish brands requires 

integrated emotional and digital strategies that enhance perceptual relevance rather than depending 

only on functional product attributes. The proposed framework extends previous research by synthesizing 

emotional branding and influencer marketing within a unified S-O-R structure tailored to Generation Z 

consumers in the canned fish context. 
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Conclusion  

This study synthesized existing literature to develop a conceptual framework explaining how 

traditional canned fish brands can be repositioned for digital-native consumers. Grounded in the Stimulus–

Organism–Response model, the framework proposed that emotional branding and digital influencer 

marketing function as key marketing stimuli that shape internal consumer evaluations specifically 

perceived modernity and perceived healthiness which subsequently influence purchase intention. 

The literature consistently suggested that emotional branding enhances affective attachment 

and symbolic meaning, while digital influencer marketing strengthens cultural relevance, credibility, 

and lifestyle alignment. These mechanisms were identified as important drivers in reshaping perceptions of 

traditional food products among Generation Z consumers. In particular, perceived healthiness and 

perceived modernity developed as critical perceptual pathways linking marketing strategies to 

behavioral outcomes. 

By integrating emotional and digital marketing perspectives within a unified framework, this 

study contributes theoretically to food marketing and branding literature. The proposed hypotheses 

provide a structured foundation for future empirical research to test the effectiveness of branding and 

influencer strategies in repositioning canned fish brands for contemporary, health-conscious, and 

digitally engaged consumers. 

More importantly, this study provides a theoretical integration by extending the Stimulus–

Organism–Response framework to the modernization of traditional food categories. It introduces 

perceived modernity as a generational repositioning construct that captures how legacy products can 

align with contemporary lifestyle values.  

Furthermore, the study conceptually advances existing literature by integrating emotional-

symbolic stimuli as emotional branding and digital-social stimuli as influencer marketing within a 

single mediation model. This framework extension contributes to the evolving understanding of how 

traditional package products can transition from purely functional goods to symbolically and health-

signaling consumption objects in digital-native markets. 

 

Recommendations  

Since this study is conceptual and has not yet been empirically tested, several directions for 

future research are recommended. Firstly, future studies should conduct empirical testing of the 

proposed framework H1–H10 using quantitative methods such as surveys and Structural Equation 

Modeling to validate the relationships and mediation effects. Secondly, researchers may examine the 

model across different age groups or cultural contexts to compare whether Generation Z differs from 

other generations in responding to emotional branding and influencer marketing. Thirdly, future 

research could incorporate additional mediators or moderators, such as brand trust, sustainability 

perception, price sensitivity, or health consciousness, to extend the explanatory power of the model. 

Fourthly, experimental designs may be employed to test specific branding components such as packaging 

design, storytelling format, influencer type to identify which stimuli most effectively enhance perceived 

modernity and perceived healthiness. Finally, longitudinal studies are recommended to examine whether 

these marketing strategies create long-term changes in brand perception and actual purchasing behavior, 

beyond purchase intention. 
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Abstract  
 

This systematic literature review examines how seamless shopping experience and data-driven 
personalization contribute to enhancing omnichannel fashion business performance through the 
mediating role of customer experience quality.  The review synthesizes findings from peer-reviewed 
empirical studies published between 2015 and 2025 to develop an integrated conceptual framework 
explaining the relationships among these variables.  The findings indicate that seamless shopping 
experience improves functional quality by reducing customer friction and ensuring consistency across 
channels, while data-driven personalization enhances relational relevance and customer engagement 
through tailored interactions.  Both factors play complementary roles in strengthening CEQ, which 
serves as a critical mechanism driving key business outcomes, including customer loyalty, purchase 
intention, and service performance.  Despite growing interest in omnichannel strategies, the review 
identifies a gap in the literature regarding the integrated empirical validation of the full conceptual 
model, particularly in linking CEQ to marketing efficiency and personalization return on investment 
(ROI) within the fashion retail context. This study contributes by proposing a comprehensive conceptual 
framework that provides strategic guidance for practitioners and establishes a foundation for future 
empirical research in omnichannel fashion retail. 

 
Keywords: Omnichannel Retail, Fashion Business Performance, Seamless Shopping Experience, Data-
Driven Personalization, Customer Experience Quality. 
 
Introduction 
 
 The evolution of retail from discrete channels ( multichannel)  to fully integrated, customer-
centric ecosystems (omnichannel)  represent one of the most significant strategic transformations of the 
21st century (Lemon & Verhoef, 2016). This paradigm shift is critically felt within the fashion industry, 
an environment uniquely defined by the intrinsic need for sensory evaluation, high product seasonality, 
and deep consumer reliance on emotional and social signaling (Bellini et al. , 2023; Rintamäki et al. , 
2019) .  Modern fashion consumers engage in intricate and fluid shopping journeys, often commencing 
product discovery on social platforms, seeking styling advice via mobile apps, trying items in a physical 
store, and finalizing the purchase through the most convenient digital channel (Herhausen et al., 2015) . 
Success for contemporary fashion retailers, therefore, hinges not merely on channel presence but on the 
sophisticated orchestration of a unified and consistently superior Customer Experience Quality (CEQ) 
across all touchpoints (Verhoef et al., 2015). 
 Fashion business performance in this omnichannel era demands a multifaceted approach, 
extending beyond conventional sales and profit metrics to incorporate customer-centric and operational 
efficiency indicators ( Gauri et al. , 2022) .  The literature identifies two pivotal, yet often separately 
investigated, strategic drivers essential for maximizing this performance:  Seamless Shopping 
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Experience and Data-Driven Personalization.  The integration of these two elements is hypothesized to 
be the critical determinant of sustained competitive advantage in the volatile fashion market. 
 The Seamless Shopping Experience constitutes the foundational operational requirement for 
minimizing customer friction and cognitive load. It involves the perfect synchronization of information, 
inventory, and service offerings as customers move across physical and digital channels (Chae et al. , 
2021) .  Empirically, this is validated through studies focusing on the importance of operational 
congruence—such as consistent pricing and promotional offers (Al-Debei et al., 2018), and the ability to 
utilize flexible fulfilment options like Buy Online, Pickup In Store (BOPIS)  or cross-channel returns 
without hassle (Zhang et al., 2022). In the fashion context, seamlessness is further enhanced by enabling 
technologies like Augmented Reality (AR) and Virtual Try-Ons, which bridge the physical gap between 
product and customer perception, thereby facilitating a cohesive experience (Lee & Kim, 2024; Pantano 
et al., 2020). When seamlessness is achieved, it provides the essential functional quality that underlies a 
positive Customer Experience Quality. 
 The second, equally vital, driver is Data-Driven Personalization.  This strategy involves the 
sophisticated application of Big Data analytics, Artificial Intelligence (AI) , and machine learning to 
interpret customer behavioral, transactional, and preference data, allowing retailers to deliver highly 
relevant interactions in real-time (Grewal et al., 2020; Husemann et al., 2020). Given the subjectivity and 
rapid change inherent in fashion trends, effective personalization— through tailored product 
recommendations, size/ fit advice, and targeted communications— is crucial for cutting through the 
digital clutter and establishing deep relevance (Kim & Lee, 2019; Sahu et al. , 2023) .  Personalization 
enhances the cognitive and relational quality of the experience, fostering a sense of understanding and 
connection (Wang et al., 2019). However, its efficacy is contingent upon maintaining customer trust and 
addressing rising data privacy concerns (Cao et al., 2021; Pizzi et al., 2020). 
 The integrated effect of these two drivers is theorized to be mediated by Customer Experience 
Quality (CEQ) .  CEQ is not merely satisfaction, but the holistic evaluation of all brand interactions, 
encompassing emotional, sensory, and rational dimensions (Lemon & Verhoef, 2016) .  Seamlessness 
ensures the experience is effortless and reliable, while personalization ensures it is relevant and 
engaging.  The resulting superior CEQ acts as the pivotal psychological state that translates strategic 
omnichannel investments into tangible business outcomes (Verhoef et al., 2015). 
 The ultimate objective of managing these drivers is the enhancement of Omnichannel Fashion 
Business Performance (DV). This study adopts a comprehensive, three-pronged view of performance to 
capture the full strategic impact: 

1. Customer Experience & Service Performance:  Reflecting operational success in satisfying 
immediate service needs (Roggeveen et al., 2018). 

2. Customer Loyalty & Repeat Purchase Performance:  Measuring the sustained relational 
outcomes, such as retention rates and customer advocacy (Gupta et al., 2020; Shi et al., 2023). 

3. Marketing Efficiency & Personalization ROI:  Quantifying the strategic financial return, 
including optimized marketing spend and the profitability generated by personalized interactions 
(Aastrup & Bjerre, 2021; Brynjolfsson et al., 2018). 
 Despite the consensus on the importance of seamlessness and personalization, and the wealth 
of empirical data connecting individual concepts, a systematic and integrated review that specifically: 
(1) focuses on the unique nuances of the fashion retail sector, (2) rigorously synthesizes the evidence for 
the dual impact of Seamless Shopping Experience and Data-Driven Personalization on CEQ, and (3) 
comprehensively tracks this mediating effect through to the complete set of three performance 
components—especially Marketing Efficiency & Personalization ROI—is critically absent in the current 
academic discourse (Gauri et al. , 2022) .  Therefore, this systematic literature review addresses this gap 
by rigorously analyzing 40 peer- reviewed empirical studies published between 2015 and 2025 to 
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synthesize a robust conceptual framework detailing the mechanism of (Seamless Shopping Experience 
+  Data- Driven Personalization)  to Customer Experience Quality to Omnichannel Fashion Business 
Performance. This synthesis will provide essential theoretical clarity and actionable managerial insights 
for fashion retailers aiming to thrive in the complex omnichannel environment. 
 
Research Objective (s) 

1. To systematically define and clarify the conceptual relationship between the Seamless 
Shopping Experience (IV) and Customer Experience Quality (CEQ) in the omnichannel fashion retail 
context.  

2. To systematically define and clarify the conceptual relationship between Data-Driven 
Personalization (IV) and Customer Experience Quality (CEQ) in the omnichannel fashion retail 
context. 

3. To synthesize empirical evidence regarding the mediating role of Customer Experience 
Quality (CEQ) in translating the effects of the two independent variables (Seamless Shopping 
Experience and Data-Driven Personalization) into the three core components of Omnichannel Fashion 
Business Performance (DV). 

4. To develop a comprehensive conceptual framework that integrates the identified 
relationships and provides a robust foundation for future theoretical and empirical investigation in the 
field of omnichannel fashion performance management. 
 
Literature Review 
 The body of scholarly work concerning omnichannel retail performance, particularly within the 
specialized context of the fashion industry, highlights a critical reliance on two strategic pillars: the 
optimization of channel interactions and the intelligent application of customer data. This section 
reviews the core theoretical underpinnings and empirical findings related to the Independent Variables 
(Seamless Shopping Experience and Data-Driven Personalization), the Mediator (Customer Experience 
Quality), and the Dependent Variable (Omnichannel Fashion Business Performance). 
  
 1. The Omnichannel Imperative and Fashion Retail Context 
     The shift from multichannel to omnichannel represents an evolution in retail strategy where 
the customer, rather than the channel, is the focal point (Lemon & Verhoef, 2016). In fashion, this 
imperative is intensified by product characteristics—specifically, high sensory requirements, rapid trend 
cycles, and the importance of social identity—which necessitate highly integrated and flexible shopping 
journeys (Bellini et al., 2023). Omnichannel Fashion Business Performance is recognized as a complex 
outcome that extends beyond traditional financial metrics, encompassing service excellence, sustained 
customer relationships, and marketing efficiency (Gauri et al., 2022). This multi-faceted performance is 
intrinsically linked to the quality of the customer experience provided (Verhoef et al., 2015). 
  
 2. Independent Variable 1: Seamless Shopping Experience (IV) 
     The Seamless Shopping Experience is fundamentally defined by the perceived ease and 
consistency of cross-channel navigation and interaction, eliminating friction points that arise when 
transitioning between online and offline environments (Herhausen et al., 2015). In fashion, empirical 
studies have consistently demonstrated that operational integration—such as unified inventory 
management, consistent pricing, and flexible fulfilment options (e.g., BOPIS, Ship-from-Store)—is 
pivotal to perceived seamlessness (Chae et al., 2021; Zhang et al., 2022). 
      2.1   Seamlessness and Functional Quality 
 Research by Shi et al. (2023) and Wang & Kim (2023) specifically in the fashion context 
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confirms that congruence and consistency across touchpoints (e.g., unified style guides, uniform brand 
messaging) significantly reduce the perceived risk and cognitive effort associated with cross-channel 
shopping. This operational smoothness provides the functional basis for high CEQ. 

2.2 Service Integration as Seamlessness 
  A core element of seamlessness is the integration of service processes. The ability to 
handle returns or service failures across channels effectively, often referred to as seamless service 
recovery, is shown to be crucial for retaining customer satisfaction and confidence in the brand's 
operational capability (Bapat et al., 2022; Zameer et al., 2023). This directly contributes to Customer 
Experience & Service Performance. 

2.3 Technological Enablers 
  Technologies like Augmented Reality (AR) are increasingly recognized as drivers of 
seamlessness in fashion by bridging the gap between digital visualization and physical fit perception 
(Pantano et al., 2020; Lee & Kim, 2024). 
  
 3. Independent Variable 2: Data-Driven Personalization (IV) 
     Data-Driven Personalization involves leveraging Big Data, machine learning, and AI to 
deliver contextualized, relevant, and timely content, recommendations, and offers to individual 
customers (Grewal et al., 2020). For fashion retailers, where the volume and velocity of inventory and 
trend data are high, personalization is essential for filtering noise and enhancing utility (Taiminen & 
Kettunen, 2016). 

3.1 Personalization and Relevance 
 Several studies confirm that the accuracy and perceived usefulness of personalized 

product recommendations, especially in mobile fashion apps, significantly boost customer satisfaction 
(Kim & Lee, 2019; Cao & Yu, 2024). This relevance directly elevates the CEQ by making the shopping 
process more efficient and engaging. 

3.2 Impact on Efficiency and ROI 
 Beyond customer satisfaction, personalization is intrinsically linked to financial 

efficiency. Husemann et al. (2020) and Li & Zhang (2024) provide quantitative evidence that effective 
personalization, driven by behavioral data, leads to a measurable increase in conversion rates, a higher 
average order value, and a reduced Customer Acquisition Cost (CAC), directly contributing to 
Marketing Efficiency & Personalization ROI. 

3.3 The Trust-Privacy Trade-off 
  While beneficial, reliance on data introduces a critical consideration: privacy concerns. 
Cao et al. (2021) caution that if customers perceive a lack of control or transparency in data use, the 
positive effects of personalization on CEQ and Marketing ROI can be significantly mitigated, 
underscoring the need for ethical data management (Pizzi et al., 2020). 
  
 4. Mediating Variable: Customer Experience Quality (CEQ) 
     Customer Experience Quality (CEQ) serves as the central theoretical mechanism linking the 
strategic inputs (IVs) to the ultimate business outcomes (DV). CEQ is an overarching construct 
encompassing the cognitive, emotional, sensory, and behavioral responses of customers to all direct and 
indirect contact points with the fashion retailer across the entire journey (Lemon & Verhoef, 2016). 
 4.1 CEQ as Synthesis 

As demonstrated in the literature, CEQ acts as a synthesis point. Functional benefits 
derived from seamless operations (e.g., effortless exchange) combine with the relational benefits from 
personalization (e.g., feeling understood) to generate a holistic, high-quality experience (Verhoef et al., 
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2015). For fashion, this synthesis also includes hedonic dimensions, such as perceived enjoyment and 
aesthetic pleasure (Huang et al., 2021; Sahu et al., 2023). 
 4.2 CEQ and Long-Term Outcomes 

Empirical findings consistently establish CEQ as the direct antecedent to long-term 
relational outcomes. High CEQ generates trust, satisfaction, and affective commitment, which are the 
proximal determinants of customer retention and advocacy (Wang et al., 2019; Rintamäki et al., 2019). 
This transition confirms the conceptual role of CEQ as a mediator between strategic inputs and 
Customer Loyalty & Repeat Purchase Performance. 
  
 5. Dependent Variable: Omnichannel Fashion Business Performance (DV) 
     The literature views performance as a holistic set of metrics beyond simple transactional 
metrics, requiring the three component measures outlined in this study to be fully captured (Gauri et al., 
2022). 

5.1 Customer Experience & Service Performance 
 This component is the most proximal outcome of high CEQ, typically measured by 

customer satisfaction indices, Service Quality scores, and operational efficiency (Roggeveen et al., 
2018; Zhang et al., 2022). 

5.2 Customer Loyalty & Repeat Purchase Performance 
 This represents the relational depth, measured through repurchase intention, share-of-

wallet, customer retention rates, and advocacy/word-of-mouth (Gupta et al., 2020). The relationship CEQ 
to Loyalty is robustly supported across the collected literature (Cakir et al., 2021; Shi et al., 2023). 

5.3 Marketing Efficiency & Personalization ROI 
 This financial and strategic outcome measures the cost-effectiveness of marketing 

efforts and the measurable financial returns attributable to specific omnichannel investments. 
Brynjolfsson et al. (2018) demonstrated the general link between omnichannel strategy and profitability, 
while specific studies tie personalization directly to reduced costs and increased profitability (Aastrup 
& Bjerre, 2021; Husemann et al., 2020). 

 
 6. Synthesis and Conceptual Gaps 
     While the reviewed articles strongly support the individual linkages (e.g., Seamlessness to 
CEQ, Personalization to Loyalty), a significant gap remains in the integrated, causal testing of the full 
proposed model: (Seamlessness + Personalization) to CEQ to (Service + Loyalty + ROI), particularly 
within a single empirical framework focused on the fashion retail sector (Gauri et al., 2022). Moreover, 
the mechanisms connecting CEQ to the more financially oriented Marketing Efficiency & 
Personalization ROI component remain less explored than the link to Loyalty, highlighting the need for 
a systematic synthesis to establish these complex relationships for the benefit of both theory and 
managerial practice. 
 
Research Methodology 
 
 This systematic literature review (SLR)  adheres to the rigorous guidelines established by the 
Preferred Reporting Items for Systematic Reviews and Meta-Analyses (PRISMA)  statement, ensuring 
transparency, reproducibility, and comprehensiveness in the synthesis of existing empirical knowledge 
(Gauri et al. , 2022) .  The methodology was structured into four distinct stages:  (1)  Scope and Protocol 
Definition, (2) Systematic Search and Selection, (3) Data Extraction and Coding, and (4) Data Synthesis 
and Analysis. The review process involved the analysis and synthesis of 40 peer-reviewed articles. The 
objective of this methodology is to isolate and synthesize empirical evidence specifically addressing 
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the relationship (Seamless Shopping Experience + Data-Driven Personalization) to Customer Experience 
Quality to Omnichannel Fashion Business Performance within the fashion retail domain. 
 
 1. Scope and Protocol Definition 
     The review protocol clearly defined the population, intervention, comparison, and outcomes 
(PICO) framework. The scope was strictly limited to peer-reviewed academic studies published between 
January 2015 and December 2025, reflecting the rapid development and academic interest in 
omnichannel strategies post- 2015 ( Verhoef et al. , 2015) .  The inclusion criteria were stringent: 
publications had to be journal articles or peer-reviewed conference proceedings, excluding conceptual 
papers, dissertations, and book chapters.  Only empirical studies employing quantitative, qualitative, or 
mixed-methods approaches were accepted (Zhang et al. , 2022) , with the context specifically limited to 
studies addressing omnichannel retail, fashion retail, or luxury retail (Bellini et al., 2023). Furthermore, 
acceptable studies were required to address at least one Independent Variable (Seamless Shopping or 
Data-Driven Personalization), the Mediator (CEQ), or one component of the Dependent Variable (Gauri 
et al. , 2022) , with a preference for articles published in top- tier marketing, retailing, digital commerce, 
and fashion management journals ( Scimago Q1- Q2 preferred) .  Conversely, the exclusion criteria 
mandated the removal of conceptual, theoretical, or purely descriptive papers without empirical data, 
studies focusing exclusively on non-omnichannel contexts, and all forms of grey literature, including 
unpublished theses and working papers. 
 
 2. Systematic Search and Selection 
     The search strategy employed a combination of keywords derived directly from the 
conceptual framework and was executed across major scholarly databases to ensure maximum coverage 
and quality, including Scopus, Web of Science, Emerald, Elsevier (ScienceDirect) , Springer, IEEE 
Xplore, and Wiley Online Library.  The primary search strings included combinations of the following 
terms:  Omnichannel OR Omni-channel OR Cross-channel AND Fashion OR Apparel OR Luxury OR 
Clothing; "Seamless Shopping" OR "Channel Integration" OR "Omnichannel Congruence"; "Data-Driven 
Personalization"  OR "Personalized Recommendation"  OR "AI Personalization"; "Customer Experience 
Quality"  OR "CEQ"  OR "Customer Satisfaction" ; and "Business Performance"  OR "Customer Loyalty" 
OR "Repeat Purchase" OR "Marketing ROI" OR "Service Performance." The initial search yielded a pool 
of over 500 records. These records were then systematically screened in three rigorous phases: first, title 
and abstract screening against the predefined inclusion criteria; second, full- text screening to assess 
methodological rigor and direct relevance to the variable framework; and third, citation network 
analysis, which involved backward and forward searching of highly relevant articles to capture seminal 
works that might have been missed (Lemon and Verhoef, 2016) .  This stringent, multi-phase process 
ultimately resulted in the selection of 40 high-quality, peer-reviewed empirical studies (as summarized 
in the previous table) that directly contributed to the hypothesized framework (Gupta et al., 2020). 
 
 3. Data Extraction and Coding 
     The third stage of the methodology involved Data Extraction and Coding.  To systematically 
capture relevant information from each of the 40 selected articles and ensure consistency while reducing 
bias in the interpretation of findings (Taiminen and Kettunen, 2016), a standardized data extraction form 
was developed.  The extracted data fields included the Full APA citation to facilitate referencing, the 
Study Type (Quantitative, Qualitative, or Mixed) , the Industry Context (e.g. , Fast Fashion, Luxury 
Fashion) , Key Constructs Measured (which were directly mapped to the Independent Variables, CEQ, 
and Dependent Variable components) , and Key Findings, presented as a concise summary of the 
significant relationships observed.  The most critical subsequent step was Variable Coding, which 
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involved aligning the measured constructs within each article to the proposed theoretical framework. 
For instance, Seamlessness was coded if the study measured channel integration, consistency, or cross-
channel effort ( Shi et al. , 2023) ; Personalization was coded based on whether the study measured 
personalized recommendations, AI-driven content, or targeted offers (Husemann et al., 2020); CEQ was 
coded if the study quantified customer satisfaction, perceived value, trust, or overall experience quality 
( Pizzi et al. , 2020) ; and finally, the DV components were precisely coded based on the reported 
organizational metrics (e.g. , retention rate was coded as Loyalty, and marketing costs were coded as 
Marketing ROI) (Brynjolfsson et al., 2018). 
 
 4. Data Synthesis and Analysis 
     The final stage involved the thematic and analytical synthesis of the coded data (Palmatier et 
al. , 2018) .  The analysis focused on identifying recurring patterns, causal relationships, and 
moderating/mediating effects between the variables. 

4.1 Thematic Synthesis 
 The 40 articles were grouped into three thematic clusters:  (1)  those focusing primarily 

on functional integration (Seamlessness to CEQ) , (2)  those examining the strategic application of data 
(Personalization to ROI) , and (3)  those investigating the outcomes of CEQ (CEQ to Loyalty) , allowing 
for a clear mapping of the literature to the research framework (Grewal et al., 2020). 

4.2 Mediator Analysis 
 Particular attention was paid to studies explicitly or implicitly testing the mediating 

role of CEQ.  The synthesis aimed to confirm that both Seamless Shopping and Data- Driven 
Personalization exert their most powerful influence on the three DV components through the 
enhancement of CEQ (Verhoef et al., 2015). 

4.3 Gap Identification 
 Through the synthesis, specific empirical and theoretical gaps—especially the lack of 

integrated modeling of all variables and the limited focus on the CEQ to Marketing ROI link in the 
fashion context—were rigorously documented to justify the need for the proposed conceptual framework 
( Aastrup & Bjerre, 2021) .  The systematic methodology thus provides a reliable foundation for the 
subsequent review and discussion of results. 
 
Results  
 The systematic review of the 40 peer-reviewed empirical studies published between 2015 and 
2025 provides compelling evidence supporting the hypothesized conceptual framework.  The analysis 
confirms that Seamless Shopping Experience and Data-Driven Personalization are dual, yet distinct, 
strategic inputs that collectively elevate Customer Experience Quality (CEQ), which, in turn, drives the 
three core components of Omnichannel Fashion Business Performance.  The findings are synthesized 
below based on the established thematic clusters, the causal linkages of the proposed model, and the 
resulting conceptual framework. 
 
 1. Relationship between Seamless Shopping Experience and CEQ  

The synthesized literature consistently indicates that Seamless Shopping Experience is 
closely associated with the functional dimension of Customer Experience Quality (CEQ) in omnichannel 
fashion retail.  Studies suggest that operational integration across channels— such as synchronized 
inventory systems, consistent pricing, and flexible fulfillment and return options—reduces perceived 
customer effort and friction during the shopping journey (Herhausen et al., 2015; Zhang et al., 2022). 
 Furthermore, evidence from multiple studies indicates that seamless cross-channel interactions 
contribute to higher levels of perceived service reliability and satisfaction (Roggeveen et al. , 2018; Shi 
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et al. , 2023) .  These findings suggest that seamlessness primarily enhances CEQ through improving 
functional quality and operational consistency across touchpoints. 
 

2. Relationship between Data-Driven Personalization and CEQ  
 The reviewed studies indicate that Data- Driven Personalization is associated with the 

relational and cognitive dimensions of CEQ. Evidence suggests that personalization strategies—enabled 
by big data analytics, artificial intelligence, and machine learning— enhance perceived relevance, 
usefulness, and engagement in the shopping experience (Kim & Lee, 2019; Cao & Yu, 2024). 

 Additionally, several studies highlight that when customers perceive that retailers 
understand their individual preferences and provide tailored recommendations, this contributes to 
stronger emotional engagement and perceived value (Huang et al. , 2021; Wang et al. , 2019) .  These 
findings suggest that personalization strengthens CEQ by enhancing relational quality and customer-
perceived relevance. 

 
3. Mediating Role of CEQ between IVs and Business Performance  
 The synthesis of empirical evidence suggests that Customer Experience Quality (CEQ) plays 

a central mediating role in linking Seamless Shopping Experience and Data-Driven Personalization to 
Omnichannel Fashion Business Performance. 

 The reviewed literature indicates that improvements in seamlessness and personalization are 
associated with enhanced CEQ, which in turn is linked to three key performance dimensions: 

3 . 1 Customer Experience & Service Performance:  Higher CEQ is associated with 
improved service satisfaction and perceived service effectiveness (Roggeveen et al., 2018; Bapat et al., 
2022). 

3.2  Customer Loyalty & Repeat Purchase Performance: Evidence consistently suggests 
that CEQ is associated with increased customer retention, repeat purchase intention, and positive word-
of-mouth (Gupta et al., 2020; Wang & Kim, 2023). 

3.3 Marketing Efficiency & Personalization ROI: Several studies indicate that enhanced 
CEQ, particularly through personalization, is associated with improved conversion rates, higher average 
order value, and more efficient marketing expenditure (Husemann et al. , 2020; Taiminen & Kettunen, 
2016). 

 However, the literature also suggests that empirical evidence linking CEQ to financial 
outcomes (e.g. , ROI)  is less extensive compared to customer-related outcomes, particularly within the 
fashion retail context. 

 
4. Development of the Conceptual Framework (Objective 4) 

Based on the systematic synthesis of the reviewed studies, a comprehensive conceptual 
framework is proposed.  The framework integrates the identified relationships by positioning Seamless 
Shopping Experience and Data-Driven Personalization as complementary strategic inputs that influence 
Customer Experience Quality ( CEQ) , which in turn is associated with multiple dimensions of 
Omnichannel Fashion Business Performance. 

The synthesis suggests that seamlessness contributes primarily to functional quality, while 
personalization contributes to relational and cognitive quality.  These dimensions collectively shape 
CEQ, which acts as a central mechanism linking strategic inputs to both customer-related and financial 
performance outcomes. 

Despite strong support for individual relationships, the review identifies a lack of integrated 
empirical testing of the full framework within a single study, particularly in the fashion retail context. 
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This reinforces the theoretical contribution of the proposed model and highlights the need for future 
empirical validation. 
 
Discussion  

 The systematic literature review confirms the theoretical importance of Seamless Shopping 
Experience and Data-Driven Personalization as dual, complementary drivers of business success in 
omnichannel fashion retail. The discussion here synthesizes the key theoretical contributions, addresses 
managerial implications derived from the findings, and outlines the primary theoretical and 
methodological limitations in the extant literature. 

 
 1. Theoretical Contribution and Mechanisms 
     The primary theoretical contribution of this systematic review is the validation and synthesis 
of a unified, mediated conceptual framework for omnichannel fashion performance.  By isolating 40 
high-quality empirical studies, this review moves beyond the fragmented view of the literature and 
demonstrates the necessity of integrating the two independent variables through the central construct of 
Customer Experience Quality (CEQ) (Verhoef et al., 2015). 
 1.1 The Dual-Driver Mechanism 
   The findings confirm that Seamless Shopping and Data-Driven Personalization operate 
through distinct yet synergistic mechanisms to elevate CEQ.  Seamlessness primarily addresses 
Functional Quality (reducing effort, increasing reliability, and fostering trust in operations)  (Shi et al. , 
2023) , while Personalization addresses Relational Quality ( increasing relevance, engagement, and 
perceived understanding)  ( Wang et al. , 2019) .  The successful combination of functional ease and 
relational relevance is what defines a superior omnichannel CEQ. 
 1.2 CEQ as the Crucial Mediator 
  The review strongly reinforces CEQ's role as the non-negotiable mediator.  It is not the 
mere existence of integration or data usage that drives performance, but the customer’s subjective, 
positive evaluation of these efforts (Lemon & Verhoef, 2016). High CEQ is the psychological state that 
encourages customers to overcome the final barriers to purchase, engage in repeat transactions, and 
share positive word-of-mouth, directly translating to Customer Loyalty & Repeat Purchase Performance 
(Gupta et al., 2020). 
 1.3 Expanding the Performance Construct 
 This study contributes to theory by rigorously justifying the necessity of treating 
Omnichannel Fashion Business Performance as a three-component measure.  By confirming the link 
between CEQ and the often-overlooked Marketing Efficiency & Personalization ROI (Aastrup & Bjerre, 
2021) , the framework encourages future research to adopt a broader, financial and customer-centric 
perspective on performance measurement (Brynjolfsson et al., 2018). 
 
 2. Managerial Implications for the Fashion Industry 
     The synthesized findings offer critical, actionable guidance for fashion retail executives. 
Success in the current market requires simultaneous investment in both operational integrity and data 
sophistication. 

2.1 Prioritize Frictionless Operations 
  Fashion retailers must ensure that basic operational elements— like cross- channel 

inventory visibility and unified return/ exchange processes ( e. g. , trying online orders in- store) — are 
flawless.  These operational aspects, driven by seamlessness, are the minimum requirement for 
maintaining functional CEQ and directly improving Service Performance (Roggeveen et al. , 2018) . 
Failure in these areas introduces friction that immediately erodes trust (Al-Debei et al., 2018). 
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2.2 Invest in Relational Data Capabilities 
  Managers should view investment in AI/ML as personalization not merely as a marketing 

tool, but as a strategic investment in Customer Loyalty.  Accurate, data-driven recommendations that 
truly reflect individual style and fit preferences are essential for generating the relevance that drives 
engagement and repeat purchases (Kim & Lee, 2019). 

2.3 Measure the Full ROI Cycle 
  Executives must move beyond measuring sales conversions and begin tracking the end-

to- end financial return of personalized and seamless interventions.  This includes measuring the 
reduction in Customer Acquisition Cost (CAC)  and the increase in Customer Lifetime Value (CLV) 
resulting from enhanced CEQ, which directly quantifies Marketing Efficiency & Personalization ROI 
(Husemann et al., 2020). The return on investment is achieved not only through sales but through reduced 
operational and marketing costs (Taiminen & Kettunen, 2016). 

2.4 Foster Data Trust 
               Given the findings on privacy concerns (Cao et al., 2021), fashion retailers must establish 

transparent data usage policies, offering customers control over their personalized experiences (Pizzi et 
al., 2020). Trust is the silent moderator that ensures the positive effect of personalization on CEQ is not 
undermined. 

 
 3. Limitations and Future Research Directions 
     Despite the rigor of this systematic review, the analysis is constrained by the limitations 
inherent in existing primary literature.  These limitations present clear directions for future empirical 
research. 

3.1 Lack of Integrated Empirical Testing 
The primary limitation is the scarcity of single empirical studies that test the full mediated 

model [(IVs) to CEQ to (DVs)] concurrently within the fashion sector (Gauri et al., 2022). Future research 
should employ Structural Equation Modeling ( SEM)  or advanced econometric models to test all 7 
hypothesized paths simultaneously using robust primary data from fashion retailers. 

3.2 Qualitative Depth on CEQ 
 While quantitative studies confirm the link between IVs and CEQ, there is a gap in rich, 

qualitative research exploring the subjective emotional and sensory experience of seamlessness and 
personalization in fashion (Rintamäki et al. , 2019) .  Future qualitative work (e.g. , ethnographic studies) 
should explore how AR, virtual fittings, and seamless returns feel to the fashion consumer. 

3.3 Cross-Cultural and Product Category Analysis 
The findings are largely derived from studies in Western and select Asian contexts. Future 

research should investigate how cultural factors and fashion sub-categories (e.g. , luxury versus fast 
fashion) moderate the relationships between CEQ and the three performance components, as the drivers 
of CEQ in luxury are likely different from those in fast fashion (Bellini et al., 2023; Sahu et al., 2023). 

 
Conclusion 
 This systematic literature review successfully analyzed 40 peer- reviewed empirical studies 
published between 2015 and 2025 to synthesize an integrated conceptual framework detailing the 
enhancement of Omnichannel Fashion Business Performance.  The study establishes that the 
effectiveness of an omnichannel strategy is driven by the synergistic application of Seamless Shopping 
Experience and Data-Driven Personalization, which are unified through the crucial mediating role of 
Customer Experience Quality (CEQ). 
 The review confirms that seamlessness provides the necessary functional quality (reducing 
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friction and enhancing reliability), while personalization provides the necessary relational and cognitive 
quality ( increasing relevance and engagement) .  The resulting superior CEQ then serves as the 
indispensable link to the three facets of business performance:  Customer Experience & Service 
Performance, Customer Loyalty & Repeat Purchase Performance, and strategically vital Marketing 
Efficiency & Personalization ROI. By substantiating the simultaneous influence of both strategic inputs 
on CEQ and its subsequent impact on financial and customer-centric outcomes, this study provides a 
validated theoretical blueprint for understanding omnichannel success in the highly dynamic fashion 
retail environment.  The established gaps confirm the need for integrated empirical testing of this 
complete framework in future academic endeavors. 
 
Recommendations 
 1. Recommendations for Practitioners 
      1.1 Unified Performance Dashboard 
  Implement a performance measurement dashboard that tracks all three dimensions of the 
Dependent Variable: operational metrics (Service Performance), relational metrics (Loyalty/Retention), 
and financial metrics (Personalization ROI). 

1.2 Investment in Data Ethics and Trust 
  Prioritize transparency in data collection and personalization algorithms.  Implement 
clear opt- in/ opt- out mechanisms to allow customers perceived control, thereby mitigating privacy 
concerns that can otherwise undermine the positive effects of personalization on CEQ (Pizzi et al., 2020). 

1.3 Seamless Service Recovery as a Loyalty Driver 
 Treat service failure across channels (e.g., returns or exchanges)  as a critical opportunity 
to reinforce seamlessness.  Investment in a unified platform for handling all returns effortlessly is a 
direct, proven method to enhance CEQ and drive long-term loyalty (Zameer et al., 2023). 
 2. Recommendations for Researchers 
      2.1 Integrated Empirical Model Testing 
 Conduct large-scale quantitative studies employing Structural Equation Modeling (SEM) 
to empirically test the full mediated framework:  (Seamlessness + Personalization)  to CEQ to (Service + 
Loyalty + ROI), using data collected specifically from dedicated omnichannel fashion retailers. 
      2.2 Causal Analysis of ROI 
  Future research should focus specifically on the mechanism connecting CEQ to 
Marketing Efficiency & Personalization ROI. This involves using econometric and longitudinal designs 
to accurately attribute changes in Customer Lifetime Value (CLV)  and Customer Acquisition Cost 
(CAC)  to specific improvements in CEQ driven by seamlessness or personalization (Husemann et al. , 
2020; Li & Zhang, 2024). 
      2.3 Moderating Factors 
  Investigate the role of moderating variables, such as Brand Image (Luxury vs.  Mass 
Market) , Product Involvement, and Customer Technology Readiness, as these factors are likely to 
influence the relative importance of seamlessness versus personalization in driving CEQ within the 
fashion context. 
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